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ABSTRACT 

In this dissertation I explored the feasibility of adopting a person-oriented approach to the 

study of the implicit motive to aggress and the explicit trait of aggression. Specifically, I tested an 

integrative model theorized by researchers integrating the implicit motive to aggress and the 

explicit trait of aggression. This theory has been exclusively tested using variable-oriented 

approaches (e.g., regression), but I propose that adopting a person-oriented approach provided a 

better alignment of theory and method, thus offering a more powerful and appropriate test. In this 

dissertation, I explored whether profiles extracted using a latent profile analysis of implicit and 

explicit aggression were consistent with the hypothesized profiles identified in the integrative 

model for aggression. In Study 1, I leveraged three archival samples of college students and 

uncovered three of the four profiles that were initially proposed. In addition, I validated these 

profiles by exploring differences in behavioral manifestations of deviance. Specifically, I found 

that a profile of individuals scoring high on the explicit trait of aggression and low on the implicit 

motive to aggress was most likely to engage in expressions of hostility. I also found that a profile 

of individuals scoring high on the implicit motive to aggress and low on the explicit trait of 

aggression was most likely to engage in obstructionism and overt deviance. In Study 2, I largely 

replicated Study 1 in a sample of working adults using work-related measures of deviance. The 

same three profiles were uncovered. However, in Study 2, the profile of individuals scoring high 

on the explicit trait of aggression and low on the implicit motive to aggress were most likely to 

engage in expressions of hostility, obstructionism, and overt deviance. In both studies I also 

explored how results using a variable-oriented method (i.e., moderated multiple regression) 

compared to results using a person-oriented method. The results from both studies are compared 

and are discussed in terms of empirical, practical, and theoretical implications.
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Chapter 1 

 
Introduction  

Workplace deviance has been defined as ñefforts by individuals to harm others with 

whom they work, or have worked, or the organizations in which they are presently, or were 

previously, employedò (Neuman & Baron, 1998, p. 395). Deviance at work can encompass a 

wide variety of behaviors, including expressions of hostility (e.g., obscene gestures, gossiping), 

obstructionist behaviors (e.g., slowing down work, withholding resources), and overtly aggressive 

behaviors (e.g., physical assault, destruction of property). Each of these behaviors can have 

detrimental effects on organizations as well as their employees. Specifically, being a victim of 

bullying, abuse, and/or violence at work has been shown to be related to physical and 

psychological health problems such as headaches and difficulty concentrating (Fida et al., 2018; 

Hallberg & Strandmark, 2006), upset stomach (Djurkovic et al., 2004), cardiovascular problems 

like respiratory complaints and hypertension (Hallberg & Strandmark, 2006; Wager et al., 2015; 

Xu et al., 2018), psychological distress including decreased general-wellbeing, increased 

depression and increased stress (Djurkovic et al., 2004; Lopes et al., 2018; McTernan et al., 2013; 

Quine, 2003; Tokarev et al., 2017), diminished self-esteem (Hallberg & Strandmark, 2006),  and 

even increased risk of suicide (Balducci et al., 2009; Pompili et al., 2018). Harrowing results from 

a qualitative study on the effects of workplace bullying found that participants viewed workplace 

bullying as a traumatic event that had them ñmarked for lifeò, leaving an ñinternal scar or 

vulnerability, which would never heal completely, but would easily reopen and continue to cause 

harmò (Hallberg & Strandmark, 2006, p. 112).  

In addition to the physiological and psychological costs to the employees, there are 

indirect and direct costs to the employing organizations. For example, those who have 
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experienced violence, harassment, and other forms of hostile treatment at work have been shown 

to display decreased job performance and productivity (Hewett et al. 2016; McTernan et al., 

2013), increased absences (McTernan et al., 2013), lower job satisfaction (Quine, 2003), and 

increased turnover intentions (Djurkovic et al., 2004). In addition, those witnessing these hostile 

work behaviors, although not experiencing hostility directly, are also directly affected. 

Researchers have found that witnesses experience decreased engagement at work and increased 

turnover intentions (Holm et al., 2023). Hassard and colleagues (2019) reviewed studies that 

estimated the economic burden to organizations resulting from workplace violence and found that 

many described direct costs to organizations, such as medical costs, legal fees, and disability 

benefits, as well as indirect costs, such as productivity loss and absences.   

Importantly, hostile and violent behaviors at work are a vicious cycle ï being a victim of 

workplace bullying may, in fact, result in employees engaging in hostile behaviors themselves 

(Fernandez-del-Rio et al., 2021; Fida et al., 2018; Otuaga et al., 2023), further contributing to the 

cycle of mistreatment in organizations, and further increasing the physical, psychological, and 

monetary costs to employees and organizations. As such, a key focus for organizations and 

organizational researchers alike has been to better understand how to decrease the incidence of 

workplace deviance. To do so, scholars have often turned to the study of personality as a way to 

predict who might be most likely to engage in workplace deviance. Meta-analyses have 

consistently linked personality to workplace deviance. For example, conscientiousness and 

agreeableness have consistently been shown to be two of the strongest (negative) predictors of 

interpersonal workplace deviance (Berry et al., 2007; Mackey et al., 2019; Pletzer et al., 2019). In 

addition to negative associations of prosocial traits with interpersonal workplace deviance, 

scholars have also explored the positive relationship between more maladaptive traits with 

workplace deviance (see LeBreton et al., 2018 for a review on the dark triad traits and workplace 

behavior). For example, Parker Ellen III et al., (2021) found that Machiavellianism and 
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psychopathy were the most important predictors of interpersonal deviance. Additionally, Preston 

et al. (2022) found that disinhibition, meanness, egocentrism, callousness, and antisocial 

personality were significant predictors of interpersonal deviance.  

Although scholars have consistently found important linkages between personality and 

workplace deviance, the study of personality is continually evolving in the organizational 

sciences. Historically, organizational scholars have relied upon the study of explicit traits ï those 

that employees are able to consciously recognize and self-report ï to help explain behavior. One 

of the more prominent examples of explicit personality is the Five Factor Model (FFM), which 

consists of openness to experience, conscientiousness, extraversion, agreeableness, and 

neuroticism (Costa & McRae, 1992; Goldberg, 1990; McCrae & Costa, 1999). Importantly, the 

traits that comprise the FFM have consistently been shown to predict important organizational 

behaviors such as job performance (Barrick & Mount, 1991; Tett et al., 1991), organizational 

citizenship behavior (Organ & Ryan, 1995), well-being (DaNeve & Cooper, 1998), and turnover 

(Griffeth et al., 2000).  

To ensure a more comprehensive understanding of an individualôs personality, 

organizational scholars have reinvigorated their study of implicit motives, which are responsible 

for driving, directing, and energizing behavior. Unlike explicit traits, implicit motives reside 

largely outside of conscious awareness and, as such, cannot be self-reported and instead must be 

measured in indirect ways. McClelland (1985) viewed the implicit motives for achievement, 

power, and affiliation as the three fundamental human motive systems, now known as the Big-3 

Motives. In the organizational sciences, scholars have uncovered relationships between the Big-3 

implicit motives and performance (Bing et al., 2007b; Lang et al., 2012), leadership behaviors 

(Delbecq et al., 2012; Steinmann et al., 2015), and interpersonal conflict (Chun & Choi, 2014). 

Moving beyond the Big-3 motives, organizational scholars have also widely studied the implicit 
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motive to aggress ï a desire to harm others ï which has been linked to workplace anger (Moreo et 

al., 2021; Ruģojļiĺ et al., 2021) and workplace deviance (e.g., James & LeBreton, 2012).  

Whether studying explicit traits or implicit motives, organizational scholars have 

typically studied personality using variable-oriented theories and variable-oriented methods. 

Variable-oriented approaches focus on understanding the relationships between variables (e.g., 

traits and motives) within a single, well-defined population (e.g., all working adults). As such, 

variable-oriented approaches produce a single set of parameters believed to be representative of, 

and appropriate for, samples drawn from that single, well-defined population. (e.g., Howard & 

Hoffman, 2017). Examples of variable-oriented methods used to study personality include 

common statistical tools such as regression, factor analysis, and structural equation modeling. 

Indeed, the findings related to explicit traits and implicit motives discussed previously were 

uncovered using variable-oriented approaches. Because of the potential for discovering novel 

theoretical insights and the potential to build interventions that are uniquely tailored to different 

subgroups, there has been a push within the organizational sciences for researchers to consider if 

person-oriented theories and methods might further enhance our understanding of important 

phenomena (e.g., Hofmans et al., 2020; Meyer & Morin, 2016).  

Contrasting variable-oriented approaches are person-oriented approaches, which are 

predicated on their own set of unique assumptions. A key tenet of person-oriented research is that 

behavior is largely specific to subgroups (Bergman & Magnusson, 1997). Stated alternatively, 

person-oriented approaches assume that significant heterogeneity exists within our populations. 

As such, proponents of person-oriented approaches argue that ñonly multiple models, each 

tailored to the characteristics of a particular individual or group of individuals, allow the 

researcheréto do justice to the uniqueness of individuals [or groups of individuals]ò (von Eye 

and Bogat, 2006, p. 393). Adopting a person-oriented approach allows us to tailor theories to each 

of the most frequently occurring subgroups. Examples of person-oriented methods that are 
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appropriate for the study of personality include latent class analysis, latent profile analysis, and 

cluster analysis.  

Organizational researchers recognize that both implicit and explicit components of 

personality are useful predictors of behavior. Consequently, researchers have sought to integrate 

information from both aspects of personality. Indeed, this dissertation was catalyzed by an 

integrative framework developed by crossing high and low levels of the implicit motive to 

aggress with the explicit trait of aggression, resulting in four subgroups of individuals 

hypothesized to have similar score profiles (Bing et al., 2007b). According to Bing et alôs model, 

individuals within each subgroup were hypothesized to behaviorally express their personality 

characteristics in similar ways. Thus, the theoretical underpinnings of this framework appear to 

be person-oriented in nature.  However, Bing and his colleagues tested this framework using 

variable-oriented methods ï specifically, they used moderated multiple regression to test for 

statistical interactions between the implicit motive to aggress and the explicit trait of aggression 

when predicting various acts of deviance and misbehavior. For example, these authors found that 

the implicit motive to aggress moderated the strength of the positive relationship between the 

explicit trait of aggression and active forms of organizational deviance, such that the relationship 

grew stronger as levels of the motive to aggress increased (Bing et al., 2007b). The use of 

variable-oriented methods to integrate implicit and explicit motives is not unique to Bing et al. 

(2007), but instead reflects the methodological norms in the organizational sciences, and is 

consistent with how other scholars have sought to integrate implicit motives with explicit traits 

(cf. Bing et al., 2007; Frost et al., 2007; Galiĺ & Ruģojļiĺ, 2017; Lang et al., 2012). 

Although Bing and colleagues adopted a variable-oriented approach to the study of the 

aggression subgroups, in hindsight, Bing and colleaguesô framework of aggression subgroups 

might more appropriately be classified as a person-oriented framework. Specifically, the Bing et 
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al. (2007b) framework appeared to satisfy the criteria for person-oriented research cataloged by 

von Eye and Bogat (2006, p. 394):  

1. A sample is analyzed under the assumption that it was drawn from more than one 

populationéEach of these methods of forming groups supposes that the groups differ in 

parameters such as means and variances, and also in functional characteristics, 

 

2. Attempts are made to establish external validity of the groupings. This can be for 

instance, by asking whether the members of different groups also differ in variables not 

used to create the groups, and 

 

3. The groups are interpreted based on theoryéto be of use, the groupings must either have 

plausible, a priori meaning or be interpretable with reference to substantive theory. 

                            

In the subsequent literature review, I will argue that Bing and colleaguesô framework 

meets the above criteria for person-oriented research. In doing so, I argue that frameworks like 

those offered by Bing et al. (2007b) should be tested and interpreted through a person-oriented 

lens. 

My dissertation seeks to make important empirical, theoretical, and practical 

contributions. From an empirical perspective, using person-oriented methods allows us to 

uncover subgroups that exhibit specific patterns of implicit traits and explicit motives. The 

empirical identification of these subgroups could have profound implications for practice (to be 

discussed subsequently). Additionally, by adopting a person-oriented approach to testing Bing et 

al.ôs framework for integrating implicit and explicit personality, I may uncover nuanced 

information not previously evidenced through variable-oriented analytic approaches. Finally, my 

dissertation will include a direct comparison of two empirical approaches to integrating 

information about implicit motives and explicit traits: moderated multiple regression (MMR) 

analyses and latent profile analyses (LPA). Comparing these two approaches will provide a strong 

test of the predictive and explanatory utility of variable-oriented versus person-oriented 

integrations of traits and motives.   
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In terms of theory, the biggest contribution is the appropriate alignment of theory with 

method. Specifically, I argue that testing Bing and colleaguesô (2007b) theory with a person-

oriented approach is a better test of the theory proposed, and because of this, I may discover new 

insights related to integrating implicit motives and explicit traits. For example, I may identify a 

smaller number (or a larger number) of subgroups than what was originally proposed by Bing and 

his colleagues ï either of which would have important implications for building theories to 

integrate implicit and explicit personality.  

Finally, my dissertation makes important practical contributions. Specifically, if we can 

improve upon our prediction of workplace deviance, we may be better equipped to prevent and 

respond to deviance in organizations. Indeed, organizations often rely on information about 

employee personality to enhance decision-making and improve performance. Based on the 

findings of this dissertation, it is possible that organizations may opt to revise existing practices. 

For example, organizations often use personality assessments as part of their personnel selection 

systems. However, if we start thinking about applicant pools as being made up of multiple 

subpopulations, we may need to adjust how personality assessments are used to identify high-

potential job applicants. Additionally, interventions may be less effective if a ñone size fits allò 

approach is adopted.  For example, if an organization wants to reduce the likelihood of workplace 

violence, it is possible that interventions tailored to the unique characteristics of different 

subpopulations may be more effective than a general intervention that ignores the subtle 

differences across subpopulations. Similarly, leadership development programs may be more 

effective if training is tailored to leaders based on their membership in different subgroups.  

 This dissertation consists of two separate studies. In Study 1, I explore if subgroups of the 

implicit motive to aggress and the explicit trait of aggression exist by pooling data from across 

three archival samples. Specifically, I compare the characteristics of subgroups identified using 

latent profile analysis to the subgroup characteristics that were hypothesized by Bing et al. 
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(2007b). In addition, I explore the utility of using a person-oriented approach to test whether 

different subgroups are more likely to engage in different forms of deviance and misbehavior. 

Finally, I will compare results obtained using person-oriented analytics to those obtained using 

traditional variable-oriented analytics. In Study 2, I attempt to replicate and extend the findings 

from Study 1 using a new sample of working adults.  

 The literature review is structured as follows. First, I provide a more detailed overview of 

the study of personality in the organizational sciences, including explicit traits, implicit motives, 

and the frameworks for their integration. Person-oriented approaches will be introduced in 

contrast to the typical variable-oriented treatments of personality. To illustrate, I will demonstrate 

the possibility of aligning existing person-oriented theories with person-oriented analytic methods 

using Bing and his colleaguesô integrative model of the implicit motive to aggress and the explicit 

trait of aggression. Finally, I review research on aggressive personality characteristics and their 

relationships with workplace deviance and misbehavior, which I use to generate hypotheses for a 

person-oriented test of Bing and colleaguesô model. 

The Study of Personality in the Organizational Sciences 

 Personality can be described as ñthe dynamic mental structures and associated mental 

processes that determine an individual's cognitive, affective, and behavioral adjustments to his or 

her environmentò (James & LeBreton, 2012, p. 3). Because organizational scholars are interested 

in predicting and understanding employees' thoughts, feelings, and behaviors, there is a long and 

storied history of personality research within the organizational sciences. In the earliest days, 

personality instruments were developed specifically for clinical populations (e.g., MMPI; 

Hathaway & McKinley, 1940) and/or lacked evidence of predictive validity in organizational 

contexts (e.g., MBTI; Myers, 1962). However, in the 1950s and 1960s there was a new boom in 
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the development of personality instruments. In fact, many tests developed during this time are 

still widely used in the organizational sciences today, including the 16PF which includes scales of 

various traits including: dominance, warmth, and perfectionism (Cattell & Stice, 1957), the 

California Psychological Inventory which includes scales measuring various traits including: 

interpersonal effectiveness, adjustment, and achievement motivation (Gough, 1956), and the 

Personality Research Form which includes measures of various traits including: impulsivity, 

aggression, and affiliation (PRF; Jackson, 1967).  

 While there was increased interest in the development of personality inventories, Guion 

and Gottier (1965) disrupted this trend following a review of personality measures wherein they 

concluded there was ñno generalizable evidence that personality measures can be recommended 

as good or practical tools for employee selectionò (p. 159). Nonetheless, the study of personality 

in organizations continued, albeit at a more measured pace. However, a new wave of personality 

research was catalyzed in the 1990s following the publication of two paradigm-shifting meta-

analyses. Specifically, both Barrick and Mount (1991) and Tett and colleagues (1991) published 

meta-analyses examining the relationships between the FFM and job performance, both of which 

found evidence for the positive relationship between conscientiousness and job performance. 

These studies sparked not only a wave of subsequent meta-analyses examining personality with 

other work outcomes such as organizational citizenship behaviors (Organ & Ryan, 1995), 

subjective well-being (DaNeve & Cooper, 1998), and turnover (Griffeth et al., 2000), but also a 

resurgence of primary empirical studies further investigating the impact of personality on job 

performance (e.g., Barrick & Mount, 1993; Barrick et al., 1993; Murphy & Lee, 1994; Schmidt & 

Hunter, 1992; Wright et al., 1995), and a greater focus of the implications of personality testing 

and assessment for personnel selection (e.g., Christiansen et al., 1994; Dakin et al., 1994; Goffin 

& Woods, 1995; Mount et al., 1994; Rosse et al., 1994; Rynes & Connerley, 1993; Schmit & 

Ryan, 1993; Smither et al., 1993). It is worth highlighting that the personality inventories 
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previously discussed measure aspects of the explicit personality (introspective self-evaluations an 

individual has about their behavior, affect, cognition, needs, values, and attitudes; Bing et al., 

2007; James & LeBreton, 2012).   

Distinguishing Between Explicit and Implicit Personality 

Explicit personality is multifaceted, and scholars have sought to organize these explicit 

traits into coherent frameworks. The NEO Model, the Five-Factor Model (FFM), the HEXACO 

model, Core Self Evaluations, and the Dark Triad are commonly used to organize and 

conceptualize explicit personality in the organizational sciences. The NEO model represents a 

framework of three broad personality dimensions ï neuroticism, extraversion, and openness to 

experience ï identified by empirically examining existing personality measures (e.g., 16PF) 

(Costa & McCrae, 1976). McCrae and Costa (1987) expanded upon these three factors with the 

addition of agreeableness and conscientiousness, factors that were originally included in 

Normanôs (1963) taxonomy of personality, resulting in a refined Five-Factor Model. The FFM 

gained traction as the most widely accepted framework, especially following the development of 

markers of the FFM (Goldberg, 1990) and the development of the NEO Personality Inventory-

Revised (NEO-PI-R) (Costa & McRae, 1992). It was not until 2007 that Ashton and Lee 

expanded the FFM to include honesty-humility as a sixth, missing dimension, resulting in their 

HEXACO model. Although the HEXACO model faced critiques around redundancy between 

honesty-humility and agreeableness, there is continued theoretical and empirical support for 

treating honesty-humility as a trait that is distinct from the FFM (e.g., Thielmann et al., 2021).  

Separate from variations on the FFM, core self-evaluations (CSE) is a compound 

personality trait comprised of four established traits ï self-esteem, generalized self-efficacy, 

Neuroticism, and Locus of Control (Judge et al., 1997). As such, CSE represents a construct 
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encompassing the idea of appraising ñoneôs worthiness, effectiveness, capability as a personò 

(Judge et al., 2003, p. 304). Other personality models have been developed that focus on traits 

characterized by their socially undesirable, maladaptive aspects. The Dark Triad model is one 

such example that focuses on the three distinct yet interrelated subclinical explicit traits of 

Narcissism, Machiavellianism, and Psychopathy (Paulhus & Williams, 2002). 

 Contrasting explicit personality, implicit personality may be defined as ñthe dynamic 

mental structures and processes that influence an individualôs behavioral adjustments to his or her 

environment that are not accessible via introspectioné [and thus represent] the often hidden or 

unconscious cognitive-affective systems and structures that engender explicit behavior.ò (pp. 4-5; 

James and LeBreton, 2012; italics in original text).   Researchers in this space have studied topics 

including defense mechanisms, attachment styles, cognitive biases, object relations, association 

networks, and (especially relevant to the organizational sciences) implicit needs and motives (cf. 

Banse & Greenwald, 2007; Bowlby, 1969; Brewin, 1989; Carter et al. 2013; Cramer, 2006; Crick 

& Dodge, 1994; Dweck, 2017; Fairairn, 1952; Fonagy, 2001; Scholer & Higgins, 2008; James, 

1998; Kernberg, 1976; Kunda, 1990; Levy et al., 1998; McClelland, 1985; Mischel & Shoda, 

1995; Murray, 1943; Schultheiss & Brunstein, 2010; Ulhmann et al., 2012; Weiner, 1974; 

Westen, 1998). Whereas explicit motives are the introspectively accessible (i.e., conscious) self-

perceptions one has about their thoughts, feelings, and actions, implicit motives are the drives that 

arose, direct and sustain behavior and that operate largely outside of conscious awareness (cf. 

James & LeBreton, 2012; McClelland, 1985).  

McClelland viewed the implicit motives for achievement, power, and affiliation as the 

three fundamental human motive systems now widely known as the Big-3 Motives (McClelland, 

1985). These motives have been widely studied in the organizational sciences, which is 

unsurprising given relevant applications to job performance (achievement), leadership (power), 

and teamwork (affiliation), to name a few salient examples. The implicit need for achievement 
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has been studied in relation to perceptions of consequences at work (Ivory, 2021), contextual 

performance (Lang et al., 2012), and task performance (Bing et al., 2007; Spangler, 1992). The 

implicit motive for power has been studied in relation to leadership behavior and effectiveness 

(Delbecq et al., 2012; Galiĺ et al., 2020; Steinmann et al., 2015), forgiveness at work (Ran et al., 

2021), and career choice (Ramsay et al., 2016). Finally, the implicit need for affiliation has been 

studied in relation to counterproductive workplace behaviors (Runge et al., 2020), burnout 

(Brandstatter et al., 2016), interpersonal conflict (Chun & Choi, 2014) and income growth (Apers 

et al., 2019).  

In addition to the Big-3 Motives, the implicit motive to aggress ï the desire or intent to 

harm others ï has also been widely studied in the organizational sciences. For example, scholars 

have explored the relationship between the implicit motive to aggress and workplace anger 

(Moreo et al., 2021; Ruģojļiĺ et al., 2021), malevolent creativity (Harris & Reiter-Palmon, 2015), 

and organizational citizenship behaviors (Bing et al., 2007b). While several studies also detail the 

relationship between the implicit motive to aggress and workplace deviance (e.g., James & 

LeBreton, 2012), I will summarize those findings in subsequent sections. Importantly, a seminal 

meta-analysis by William Spangler (1992) demonstrated that relying solely on explicit traits, or 

relying solely on implicit motives, was likely to yield a theoretically and empirically 

impoverished account of personalityôs impact on behavior. In response, researchers sought to 

integrate information from explicit and implicit personality.  

Integrating Explicit and Implicit Personality 

Winter et al. (1998) proposed that the behavioral expression of implicit motives is 

channeled through explicit traits ï referred to as the channeling hypothesis. In other words, the 

strength of the relationship between an implicit motive and behavior, depends on the level of an 
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explicit trait. Winter et al. (1998) tested the channeling hypothesis by exploring whether explicit 

extraversion moderated the relationship between the implicit power motive and career choices 

and workplace relationships. Winter et al. operationalized extraverts as those scoring more than 1 

standard deviation above the mean on extraversion and introverts as those scoring more than 1 

standard deviation below the mean on extraversion. Extraversion indeed channeled the behavioral 

expression of the power motive, such that extraverts with a strong power motive tended to enter 

careers where they could influence other people (e.g., business executives), whereas introverts 

with a strong power motive were less likely to enter ñimpact careersò. In addition, extraverts with 

a strong power motive viewed relationships as important for work, whereas introverts did not find 

relationships at work as important. See Figure 1-1 for a visual of the interaction effects discussed 

between implicit motives and explicit traits.  

Integrative hypotheses gained popularity within the organizational sciences as subsequent 

studies have found additional evidence for the basic idea that explicit traits interact with implicit 

motives to predict important criteria. For example, Lang et al., (2012) and Bing et al., (2007a) 

both focused on the interaction between implicit achievement motivation and explicit 

achievement motivation. Lang and his colleagues found that the relationship between implicit 

 

Figure 1-1: Interaction of implicit power motive and explicit trait of extraversion in predicting work 

relationships and impact careers.   

Note. Figures originally published in Winter et al., 1998, p. 246.  
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achievement motivation and task and contextual performance was stronger when explicit 

achievement motivation was high. Similarly, Bing and his colleagues found that the relationship 

between implicit achievement motivation and persistence on an impossible task was stronger 

when explicit achievement motivation was also high. See Figure 1-2 and 1-3 for a visual of the 

interaction effects. 

 
Figure 1-2: Interaction of implicit and explicit achievement in predicting task performance and 

contextual performance.   

Note. Figures originally published in Lang et al., 2012, p. 1213. 

 
Figure 1-3: Interaction between implicit motive to achieve (CRT-AM) and explicit trait of 

achievement motivation (Self-Report AM) in predicting persistence. 

Note. Figure original published in Bing et al., 2007a, p. 372. 
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Distinguishing Between Variable- and Person-Oriented Approaches 

 To summarize, researchers interested in synthesizing explicit traits and implicit motives 

have exclusively relied on variable-oriented approaches for these integrations (e.g., Winter et al., 

1998, Lang et al., 2012, Bing et al., 2007). This choice is unsurprising given the tendency to 

adopt a variable-oriented approach in the organizational sciences. As a reminder, variable-

oriented approaches assume that a sample is drawn from a single, homogenous population. 

Scholars typically adopt moderated multiple regression (MMR) to test these integrative models. 

MMR is a variable-oriented method because regression models assume a single population is 

sampled, and thus, a single set of parameter estimates may be estimated and interpreted. 

Conversely, person-oriented approaches are sometimes described as clustering people with shared 

characteristics (Woo et al., 2018). Unlike variable-oriented approaches, person-oriented 

approaches assume the existence of observed or unobserved subpopulations within a population, 

allowing for the investigations of different types of people or groups that vary similarly on key 

variables of interest. Better said by Morin and colleagues (2016):  

Whereas variable-centered approaches . . . assume that all individuals from a 
sample are drawn from a single population for which a single set of ñaveragedò 

parameters can be estimated, person-centered approaches . . . relax this 

assumption and consider the possibility that the sample might include multiple 

subpopulations characterized by different sets of parameters. (p. 8)  

 

Person-oriented methods have been making headway in the organizational sciences over 

the last decade, as evidenced by two separate special issues dedicated to the topic published in 

Organizational Research Methods (Morin, et al., 2018; Wang & Hanges, 2011) a review on the 

method in the 2024 issue of the Annual Review of Organizational Behavior (Woo et al., 2024), as 

well as calls for a person-oriented focus specifically within vocational research (Hofmans et al., 

2020) and commitment research (Meyer & Morin, 2016). However, one must not leverage an 

approach simply because there have been calls to do so. Instead, one must choose an analytic 
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method that aligns with the tested theory, as scholars have argued for well over 70 years (see 

Cronbach & Meehl, 1955; Kozlowski and Klein, 2000).  

Illustrating the Utility of Person-Oriented Approaches 

In this section I will review several studies that have adopted a person-oriented approach 

to the study of personality. While person-oriented approaches have not yet been leveraged to 

study the synthesis of implicit motives and explicit traits, there are person-oriented studies of 

explicit personality traits across a number of different construct spaces: including social power 

motives, the five-factor model, the HEXACO model, and the dark triad.  

Social Power Motives 

 Li et al. (2023) took a person-oriented approach to the study of the explicit social power 

motives of dominance, prestige, and leadership and uncovered three subgroups of individuals. 

The first group was denoted ñweak social power motivesò (below average across all three), the 

second group was denoted ñprestigious leadershipò (above average on prestige and leadership 

motives), and the third group was denoted ñultra-dominanceò (scoring very high on dominance 

motive, and above average on prestige and leadership motives, see Figure 1-4).  

Li et al. (2023) noted that they would have expected individuals in the group with the 

strongest leadership motive to be most likable and be most likely to emerge as a leader, in line 

with previous variable-oriented research. For example, Suessenbach et al., (2018) found 

correlations between leadership emergence and dominance (r = .19), prestige (r = .23), and 

leadership (r = .42) motives. Similarly, Luria and Berson (2013) found a correlation between the 

motive to lead and informal leader emergence (r = .24).  
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However, by taking a person-oriented approach, Li et al., uncovered a more complex 

relationship, where leader emergence was more likely when individuals with a leadership motive 

also had lower levels of dominance. Indeed, Li et al. acknowledge the nuance uncovered by 

adopting a person-oriented approach:   

Highlighting the benefits of the person-centered approach, focusing on one motive 
in isolation disregards the influence of other motives that may exist within an 

individual. (p. 14) 

 

 
 

 

Note. Figure taken directly from Li et al., 2023, p. 1219. 

Five Factor Model of Personality 

In addition to social power motives, a person-oriented approach has been adopted in the 

context of the FFM. For example, Merz and Roesch (2011) uncovered three subgroups of 

individuals ï a ñwell-adjustedò group, where individuals scored moderate to high across all 

factors, but low on neuroticism; a ñreservedò group, where individuals scored moderate to high 

on all factors, but low on extraversion; and an ñexcitableò group, where individuals scored 

moderate to high on all factors (see Figure 1-5; Merz & Roesch, 2011).  

Figure 1-4: Illustrative example of LPA with social power motives 
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They found that the reserved and excitable profiles were consistently associated with 

more negative outcomes such as lower self-esteem and coping efficacy, and higher depression. 

Interestingly, anxiety differed across these two profiles with the excitable profile showing 

significantly more anxiety than the reserved profile. If we examine the relationship between the 

FFM and anxiety from a variable-oriented lens, we see consistent positive relationships between 

neuroticism and anxiety, consistent negative relationships between conscientiousness and anxiety, 

and conflicting results for the relationship between extraversion, agreeableness, and openness and 

anxiety (Ka et al., 2021). Given the trends found when adopting a variable-oriented approach, one 

might expect that neuroticism and conscientiousness would be key drivers in the prediction of 

anxiety. However, while there were significant differences in neuroticism, extraversion, 

openness, and agreeableness across the reserved and excitable groups (with the excitable group 

consistently scoring significantly higher across traits), there were not significant differences in 

conscientiousness, and the most pronounced difference between the two groups was extraversion. 

As Merz and Roesch (2011) noted, ñthe two profiles are meaningfully different and highlights the 

importance of the multiplicative influences of the five dimensionsò (p. 919).  
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Figure 1-5: Illustrative example of LPA with the FFM 

Note. Figure taken directly from Merz and Roesch, 2021, p. 918.  

The Dark Triad 

As a final example, a person-oriented approach has also been adopted in studying the 

dark triad traits. Specifically, Nguyen et al. (2021) uncovered four subgroups - a ñbenevolentò 

group characterized by scoring low on all traits, a high Machiavellian group, a high psychopath 

group, and a ñmalevolentò group characterized by scoring high on all traits. In terms of outcomes, 

Nguyen et al. (2021) found that those in the malevolence group had the highest levels of CWBs, 

but also had the highest levels of job performance. In contrast, those in the high psychopathy 

profile also engaged higher levels of CWBs, but had lower levels of job performance. See Figure 

1-6 for an illustration of the representation of the four profiles as well as a comparison of job 

performance and CWBs across the profiles (Nguyen et al., 2021).  



20 

 

 

 In contrast, a meta-analytic review of the dark triad traits (summarizing primary studies 

using variable-oriented methods; OôBoyle et al., 2012) found a significant but small, negative 

sample-weighted mean correlation between Machiavellianism and job performance (ὶӶ = -.06), 

and a significant positive correlation with CWBs (ὶӶ = .20). Narcissism was not related to job 

performance and was significantly positively correlated with CWBs (ὶӶ = .35). Finally, there was a 

significant, but small, negative correlation between psychopathy and job performance (ὶӶ = -.08), 

and a significant, but small, positive correlation between psychopathy and CWBs (ὶӶ = .06). Given 

these findings, Nguyen et al. (2021) contrasted their person-oriented results with OôBoyle et al.ôs 

(2012) variable-oriented results by noting: 

We also found that, when combined with high levels of Machiavellianism and 
narcissism (i.e., malevolent profile), employees reported higher levels of job 

performance. Interestingly, these findings may explain previous mixed effects of 
the dark triad traits on work behaviors (i.e., positive, negative, or null effects; 

O'Boyle et al., 2012) in prior variable-centered studies. (p. 170) 

 
Figure 1-6: Illustrative example of LPA with the dark triad traits 

Note. Figures taken directly from Nguyen et al., 2021, p. 4.  

 

In sum, there is substantial evidence that person-oriented approaches often yield new 

insights regarding how personality characteristics are related to behavior. Such insights provide 

the basis for developing more refined theories, more accurate empirical predictions, and more 

useful interventions for organizations. The examples above highlight the potential utility of taking 
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a person-oriented approach to studying various models in the organizational sciences. In the 

following section I provide rationale for taking a person-oriented approach to the study of Bing et 

al.ôs (2007b) integrative model of implicit and explicit aggression.  

Integrative Models: Variable-Oriented, Person-Oriented, or a Little Bit of Both ?  

Throughout the rest of the dissertation, I refer to models incorporating implicit motives 

and explicit traits as integrative models. While scholars have traditionally adopted variable-

oriented approaches when testing integrative models, I argue that it might be important to explore 

the utility of conceptualizing these models as person-oriented. Specifically, I will justify this 

position by mapping the integrative model tested by Bing et al. (2007b) onto the criteria for 

defining person-oriented research presented by von Eye and Bogat (2006, p. 394). 

Criterion 1: A sample is analyzed under the assumption that it was drawn from more 

than one population. Person-oriented methods of forming groups assumes that subgroups 

differ in parameters (e.g., means and variances) and in functional characteristics (e.g., 

relationships between variables).  

 

 The first criterion for person-oriented research is the assumption that a sample is 

analyzed under the assumption that it was drawn from more than one population. On the one 

hand, Bing et al. (2007b) hypothesize about the existence of subgroups of distinct individuals 

based on their unique constellation of scores on implicit and explicit measures of aggression. 

Specifically, four aggression subgroups were hypothesized by Bing et al. (2007b), which will be 

described subsequently in more detail. See Table 1-1 for a visual representation of the following 

subgroups:  

¶ One subgroup is hypothesized to have high scores on both the implicit motive to aggress 

and the explicit trait of aggression. This group was denoted Manifest Aggressives. 
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¶ One subgroup is hypothesized to have low scores on both the implicit motive to aggress 

and the explicit trait of aggression. This group was denoted Prosocials. 

¶ One subgroup is hypothesized to have high scores on the implicit motive to aggress and 

low scores on the explicit trait of aggression. This group was denoted Latent Aggressives.   

¶ One subgroup is hypothesized to have low scores on the implicit motive to aggress and 

the explicit trait of aggression. This group was denoted Overcompensating Prosocials. 

On the other hand, although Bing et al. (2007b) hypothesized the existence of subgroups, 

they were careful to qualify the existence of these subgroups as illustrative (Bing et al., 2007a): 

but in truth, a continuum typically exists both for implicit and for explicit 

cognitions (e.g., when measured as individual differences), and crossing these two 
continua generates a large number of cells representing degrees of variation 

between the prototypes (p. 354) 

 

In other words, Bing et al., (2007a, 2007b) argued that the subgroups were used as for 

illustrative purposes, introducing subgroups to represent distinct levels of the two traits. Even 

with this qualification, Bing et al., (2007b) still relied upon the aggression subgroups as the 

theoretical basis for their hypotheses and also even incorporated these subgroups into the specific 

wording of their hypotheses. For example, the specific wording of hypothesis 1 was as follows 

(Bing et al., 2007b):  

When implicit aggression is high, as explicit aggression increases there will be a 

corresponding increase in active counterproductive behaviors such that manifest 
aggressives will obtain the highest levels of active counterproductive behaviors (p. 

725) 

 

 In this hypothesis, Bing et al., (2007b) specifically hypothesized that the manifest 

aggressives would obtain the highest levels of active CWBs, rather than wording the hypothesis 

to focus on a continuum of scores. Next, this hypothesis was justified using conditional reasoning 

theory, specifically focusing on how one might behave who is high on the implicit motive to 

aggress and high on the explicit trait of aggression. In other words, Bing et al., (2007b) focused 

more so on the four subgroups in both the hypothesis development and the actual hypothesis 
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framing rather than focusing on the continuum of scores that exist. For example, if Bing et al., 

(2007b) were truly interested in a variable-oriented test of their integrative model, they might 

have hypothesized the following:  

The explicit trait of aggression will moderate the positive relationship between the 
implicit motive to aggress and overt deviance, such that the strength of the 

relationship will increase as scores on the explicit trait of aggression increase. 
 

So, although Bing et al., (2007b) tested their hypotheses with MMR, analyzing the 

sample without the assumption that it was drawn from more than one population, I argue that by 

incorporating the proposed subgroups into the hypotheses, and thus by developing the hypotheses 

by theorizing specifically about the subgroups, it is not unreasonable to question whether Bing et 

al., (2007b) truly analyzed their sample under the assumption that it was drawn from one 

population.  

Criterion 2: Attempts are made to establish external validity of the groupings. This can 

be done, for instance, by asking whether the members of different groups also differ in 
variables not used to create the groups.  

 

The second criterion for person-oriented research is that researchers accumulate evidence 

to support the existence of subgroups. The framework proposed by Bing et al. (2007b) included 

specific hypotheses linking the different subgroups to different types of outcomes. Specifically, 

Bing et al., (2007b) proposed that Manifest Aggressives would be most likely to engage in 

overtly aggressive behaviors, Overcompensating Prosocials would be most likely to display rigid 

behavior and engage in fewer instances of workplace misconduct, Latent Aggressives would be 

most likely to engage in indirect and/or subtle aggressive behaviors, and Prosocials would be 

likely to abstain from acts of misbehavior and deviance. Bing et al. directly tested these 

hypotheses using MMR and found that the strength of the relationship between explicit 

aggression and outcomes was moderated by implicit aggression.  As with the discussion of the 

profiles, these findings will be described in more detail later.  

See Table 1-1 for a brief visual overview of the subgroups. 
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  Explicit Trait of Aggression 

  Low High 

Implicit Motive to 

Aggress 

High 
Latent  

Aggressive 

Manifest  

Aggressive 

Low Prosocial 
Overcompensating 

Prosocial 

 

Criterion 3: The groups are interpreted based on theoryéto be of use the groupings must 
either have plausible, a priori meaning or be interpretable with reference to substantive 

theory. 
 

The third and final criterion proposed by von Eye and Bogat (2006) of person-oriented 

research is the interpretation of subgroups based on theory. In fact, Bing and his colleagues 

developed aggression subgroups based on references to substantive theory. Specifically, Bing and 

his colleagues relied upon conditional reasoning theory (James, 1998) to develop the four 

aggression subgroups as well as their unique properties. In short, conditional reasoning theory 

purports that individuals with a strong motive or desire to engage in a behavior (e.g., motive to 

aggress) develop cognitive biases (e.g., retribution bias) which enhance the rational appeal of 

(i.e., help justify) engaging in behaviors that satisfy a motive (e.g., verbally harass a coworker) 

(James & LeBreton, 2010). Conditional reasoning theory will also be discussed subsequently in 

more detail.  

 In sum, Bing et al. 1. Theorized and hypothesized the existence of subgroups in a way 

appropriate for person-oriented analyses, 2. Validated the existence of subgroups by examining 

differences in important outcomes as a function of the subgroups, and 3. Interpreted (and 

hypothesized) the subgroups based on conditional reasoning theory. Although their research as 

conducted cannot be classified as person-oriented because of the use of variable-oriented methods 

to test their framework (i.e., MMR), I do believe that a person-oriented test of Bing and 

colleaguesô framework is appropriate.  

Table 1-1: Proposed aggression subgroups ï Brief 
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A Person-Oriented Approach to Aggressive Personality 

 I adopt a person-oriented approach to integrating the implicit motive to aggress and the 

explicit trait of aggression. Specifically, I test whether different aggression subgroups are inclined 

to engage in different forms of deviance and misbehavior, both in and out of workplace contexts. 

Aggressive personality can be thought of as individual differences in the dispositional (i.e., 

stable) tendency to engage in aggressive behaviors that are intended to cause harm (Chester et al., 

2023). Although an aggressive personality can be perceived as advantageous in certain high-

stakes environments (e.g., boxing matches; Martinez, 2017), it is more likely that an aggressive 

personality is a liability in most organizational contexts. Support has been garnered for the 

relationship between aggressive personality and various forms of deviance and misconduct 

including bullying, violent crime, alcohol-related violence, sexual assault, lying, cheating, 

stealing, disruptive attrition, malevolent creativity, toxic leadership, and many other forms of 

counterproductive and harmful behaviors (Barnwell et al., 2006; Galiĺ et al., 2014; Harris & 

Reiter-Palmon, 2015; James et al. 2005; James & LeBreton, 2012; Krasikova et al., 2013; Palmer 

& Thakordas, 2005). Measuring the explicit trait of aggression is fairly straightforward and may 

be collected using any number of existing self-report questionnaires including the Jackson 

Personality Research Form (Jackson, 1984) and Buss Perry Aggression Questionnaire (Buss & 

Perry, 1992). In addition, the explicit trait of aggression has also been conceptualized as the ñlow 

endò of the five-factor trait of agreeableness (i.e., antagonism), and thus, as a pan-theoretic trait 

underlying the traits of the dark triad (Shiverdecker & LeBreton, 2019). Consequently, the 

explicit components of aggression may also be measured using five factor model surveys (e.g., 

McCrae & Costa, 1987) or dark triad surveys (e.g., Jones & Paulhus, 2014).  In contrast, 

measuring the implicit motive to aggress is a bit more difficult with relatively few 

psychometrically defensible options available to researchers. However, scholars have relied upon 
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the conditional reasoning theory of aggression to help operationalize the implicit motive to 

aggress. 

Conditional Reasoning Theory of Aggression 

 The implicit motive to aggress has been operationalized using the conditional reasoning 

theory of personality (James & LeBreton, 2012). To reiterate from earlier, conditional reasoning 

theory posits that individuals with a strong motive to engage in a behavior (e.g., motive to 

aggress) develop cognitive biases (e.g., hostile attribution bias) that help them rationalize 

engaging in behaviors that satisfy the motive (e.g., stealing from an organization). As humans, we 

have a desire for positive self-regard, and motives to harm others way be inconsistent with norms 

for positive behavior. This inconsistency can engender motivated reasoning and rationalizations, 

resulting in cognitive biases that ñenhance the rational appeal of behaviors that express a desireò 

(James & LeBreton, 2012, p.18), called Justification Mechanisms (JMs). Importantly, JMs differ 

depending on the motive of interest. Table 1-2 summarizes the unique cluster of JMs that have 

been associated with the implicit motive to aggress (James et al., 2005).  

First, the hostile attribution bias (HAB) refers to the tendency to see malevolent and 

harmful intent in the actions of others. Thus, individuals with a strong motive to aggress use this 

bias to rationalize harmful behavior as an act of pre-emptive self-defense. The potency bias 

(POT) refers to the assumption that interactions with other individuals are contests to establish 

dominance. Thus, harmful behavior is not framed as harmful and aggressive, but rather as 

demonstrative of strength or bravery. Those who fail to act are seen as weak and timid.  The 

retribution bias (RET) refers to the proclivity to favor retaliation and vengeance over forgiveness 

and reconciliation. Thus, harmful behavior is justified as acts necessary to restore ñwounded 

pride, challenged self-esteem, and perceived disrespectò (Frost et al., 2007, p. 1302). The 
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victimization by powerful others bias (VPO) is moored to the assumption that those wielding 

power are likely to exploit their positions of power and act as tyrants oppressing those with less 

power. Thus, harmful behaviors are justified as a victim striking against oppression. The 

derogation of target bias (DOT) refers to the tendency to characterize the targets of aggression as 

having undesirable characteristics (e.g., evil, immoral, untrustworthy), thus justifying acts of 

harm by making the target seem more deserving. Finally, the social discounting bias (SDB) refers 

to the assumption that social customs (i.e., norms against harming others) are tools of control; 

tools used to restrict free will. Thus, harmful behavior is justified as an attempt to free oneself 

from societal control. 

 

 

 

 

  



28 

 

 

Table 1-2: Justification mechanisms for the implicit motive to aggress 

Bias Description 

Hostile attribution 

A propensity to sense hostility and perhaps even danger in the behavior 

of others. The alarm and feelings of peril engendered by this heightened 

sensitivity to threat trigger a concern for self-protection. Apprehension 

about self-preservation enhances the rational appeal of self-defense, thus 

promoting the self-deceptive illusion that aggression is justified.  

Potency 

A proclivity to focus thoughts about social interactions on dominance 

versus submissiveness. The actions of others pass through a perceptual 

prism primed to distinguish strength, assertiveness, dominance, daring, 

fearlessness, and power from weakness, impotence, submissiveness, 

timidity, compliance, and cowardice. Fixations on dominance versus 

submissiveness promote rationalizations that aggression is an act of 

strength or bravery that gains respect from others. Failing to act 

aggressively shows weakness.  

Retribution 

A predilection to determine that retaliation is more rational than 

reconciliation. This bias is often stimulated by perceptions of wounded 

pride, challenged self-esteem, or disrespect. Aggression in response to 

the humiliation and anger of being demeaned is rationalized as justified 

restoration of honor and respect.  

Victimization by 

powerful others 

A bias to see inequity and exploitation in the actions of powerful others 

(e.g., parents, teachers, supervisors, the Internal Revenue Service). The 

ensuing perceptions of oppression and victimization stimulate feelings of 

anger and injustice. This sets the stage for rationalizing aggression as a 

legitimate strike against oppression and a justified correction of prejudice 

and injustice.  

Derogation of 

target 

An unconscious tendency to characterize that one wishes to make (or has 

made) targets of aggression as evil, immoral, or untrustworthy. To infer 

or associate such traits with a target makes the target more deserving of 

aggression. 

Social discounting 

A proclivity to frame social norms as repressive and restrictive of free 

will. Perceptions of societal restrictiveness promote feelings of reactance. 

These feelings furnish a foundation for justifying socially deviant 

behaviors such as aggression as ways to liberate oneself from repressive 

social customs and to exercise oneôs lawful right to freedom of 

expression.  

Note. Table adapted from Frost et al., 2007.  
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The Role of Aggressive Personality in Workplace Deviance 

Workplace deviance has been conceptualized in a variety of ways (e.g., Fox & Spector, 

1999; Gruys and Sackett, 2006; Robinson & Bennet, 1995; Spector et al., 2006). For the purpose 

of this dissertation, I adopt Neuman and Baronôs (1998) three-factor model of workplace 

deviance ï defined as ñefforts by individuals to harm others with whom they work, or have 

worked, or the organizations in which they are presently, or were previously, employedò (p. 395). 

The three factors include expressions of hostility (e.g., obscene gestures, gossiping), 

obstructionist behaviors (e.g., slowing down work, withholding resources), and overtly aggressive 

behaviors (e.g., physical assault, property destruction). Importantly, scholars have relied upon 

aggressive personality (and its proxies) to predict instances of workplace deviance. 

Explicit Aggression (and its proxies) and Deviance 

 As stated quite briefly previously, from the explicit tradition, scholars tend to focus on 

dispositional aggression and related traits, such as the dark triad (narcissism, psychopathy, 

Machiavellianism), cynicism, sadism, hostility, and agreeableness (i.e., low agreeableness serving 

as a proxy for antagonism) to predict deviance. In terms of expressions of hostility, scholars have 

found that trait aggression (r = .52; Song et al., 2019), psychopathy (r = .26, r = .64; Fernandez-

del-Rio et al., 2021; Tokarev et al., 2017, respectively), narcissism (r = .26), Machiavellianism (r 

= .13), sadism (r = .30), and agreeableness (r = -.23) (Fernandez-del-Rio et al., 2021) showed 

significant relationships with self-reported bullying and cyberbullying, both in and out of work 

contexts. More specifically, Heym et al., (2019) found significant relationships between 

psychopathy and hostile work behaviors including social exclusion (standardized estimate for the 

path = 0.34), malicious humor (standardized estimate for the path = 0.38) and guilt induction 
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(standardized estimate for the path = .0.29). Spector and Zhou (2013) reported significant 

relationships between relational aggression and agreeableness (r = -.37) and hostile attribution 

bias (r = .38).  

 In terms of predicting the obstructionism facet of deviance, Baka (2019) found that a 

composite score on the dark triad was significantly related to workplace behaviors like sabotage 

and withdrawal (r = .35, r = .32, r = .39; for psychopathy, narcissism, and Machiavellianism, 

respectively). Bolton et al., (2010) reported a significant relationship between agreeableness and 

production deviance (r = -.18) (i.e., sabotaging production of company product). Finally, Lim and 

Suh (2022) found that cynicism was related to ignoring requests from others (r = .31) and 

sabotage (r = .28).  

 Finally, there also exists evidence linking these maladaptive traits with more extreme 

forms of deviance such as violence and abuse. For example, Bolton et al., (2010) found a negative 

relationship with agreeableness and workplace abuse (r = -.33). In addition, scholars have found 

similar relationships outside of the workplace (i.e., where it is likely a bit easier to study acts of 

violence). For example, scholars have found significant relationships between trait aggression and 

marital physical violence (r = .31; Cunha et al., 2021), use of physical force (ɖĮp = .31; Tremblay 

& Belchevski, 2004), physical aggression at a bar (r = .36; Miller et al., 2017), and support for 

painful interrogation (ɓ = .30; Kalmoe, 2013). In addition, Pailing et al., (2014) found significant 

relationships between agreeableness (r = -.44) and the dark triad (r = .42, r = .19, r = .34; for 

psychopathy, narcissism, and Machiavellianism, respectively) with use of violence.  

Implicit Aggression and Deviance 

 From the implicit tradition, James and LeBreton (2012) have summarized links between 

the motive to aggress (as measured by the conditional reasoning test for aggression) and 
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deviance. Specifically, research has found a positive relationship between the motive to aggress 

and expressions of hostility in the form of interpersonal deviance (e.g., being rude to others, could 

not report r because the reported r is a composite of interpersonal and organizational deviance). In 

addition, James and LeBreton (2012) summarized links between the motive to aggress and more 

obstructionism-like behaviors including absences from both work (r =.42, r = .34) and class (r = 

.37), as well as work unreliability (r = .43). DeSimone et al., (2020) also found a positive 

relationship between the motive to aggress and obstructionism in the form of responding with 

insufficient effort on assessments (r =.36). In addition, DeSimone (2010) found that the motive to 

aggress, specifically justified by a feeling of powerlessness, predicted passive aggressive 

behaviors at work (r =.27; many of which are consistent with the obstructionism facet of 

deviance). Finally, James and LeBreton (2012) also summarized evidence related to the motive to 

aggress and overt forms of deviance including hard fouls and fights in intramural basketball (r = 

.38), other physical behaviors in basketball like pushing, shoving, and tripping (r = .54), and 

stealing/theft (r = .64).  

In addition to research exploring the main effects of aggressive (and related) personality, 

there are several studies that are more interested in the interaction between the explicit trait of 

aggression and the implicit motive to aggress using integrative frameworks. Below I will revisit 

Bing and colleaguesô (2007b) integrative model of aggressive personality and use it at the starting 

point for developing my hypotheses. 

Integrated Model of Aggression and Proposed Hypotheses  

 Bing et al., (2007b) applied their integrative typology model to the motive to aggress by 

hypothesizing different subgroups of people based on crossing the implicit motive to aggress and 

explicit trait aggression. Four subgroups were created by crossing high and low conditions of the 
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implicit motive to aggress and the explicit trait of aggression. Table 1-3 illustrates the proposed 

aggression subgroups (Bing et al., 2007b). 

The first subgroup Bing et al., (2007b) introduced are the Manifest Aggressives, made up 

of individuals hypothesized to score high on both the implicit motive to aggress and the explicit 

trait of aggression. These individuals have self-evaluations that align closely with an implicit 

motive to aggress, thus eliminating the need to reconcile discrepancies. Without this conflict, 

individuals feel more comfortable behaving in ways that satisfy their motive to harm others. 

Thinking about conditional reasoning theory, individuals in the Manifest Aggressive subgroup 

have developed cognitive biases that serve to justify aggressive acts. Furthermore, they are part of 

the minority of individuals who are comfortable describing themselves as aggressive. 

 The Overcompensating Prosocial subgroup is made up of individuals hypothesized to 

score low on the implicit motive to aggress, but high on the explicit trait of aggression. Unlike 

Manifest Aggressives, there is a fundamental incongruence between Overcompensating 

Prosocials implicit drives and explicit self-perceptions of aggression. These individuals lack a 

strong implicit motive to harm others, (and thus the latent justifications for aggression) yet they 

perceive themselves as aggressive.  

 The Latent Aggressive subgroup is comprised of individuals hypothesized to score high 

on the implicit motive to aggress, but low on the explicit trait of aggression. Thus, similar to the 

Overcompensating Prosocials, this subgroup reflects a fundamental incongruence between the 

implicit motive to aggress and the explicit trait of aggression. Because Latent Aggressives have 

an implicit desire to harm others, but lack the self-perception of being aggressive, they are 

hypothesized to satisfy their motive in ways that enable them to retain a favorable image.  
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 Finally, the Prosocial subgroup is comprised of individuals hypothesized to score low on 

both the implicit motive to aggress and the explicit trait of aggression. As expected, these 

individuals do not desire to harm others and also do not perceive themselves as having a desire to 

harm others. Unsurprisingly, this results in a group of individuals who behave in nonaggressive 

ways.  

Table 1-3: Summary of aggression subgroups 

   Explicit Trait of Aggression 

   Low High 

 

Im
p

lic
it
 M

o
ti
v
e

 t
o

 A
g

g
re

s
s 

High 

Latent Aggressives 

- Do not perceive self as 

aggressive 

- Engage in subtle 

counterproductive 

behaviors 

- Prone to indirect 

counterproductive 

behaviors 

Manifest Aggressives 

- Perceive self as 

aggressive, justifiably so  

- Well-developed cognitive 

structure to justify 

counterproductive 

behaviors 

- Engage in overt 

counterproductive 

behaviors 

Low 

Prosocials 

- Perceive self as 

prosocial 

- Reliable, friendly, 

nonaggressive 

- Refrain from engaging 

in counterproductive 

behaviors 

- Attribute acts of others 

to helpful and 

cooperative motives 

Overcompensating Prosocials 

- Perceive self as 

aggressive, which 

stimulates desire to inhibit 

aggression 

- Rigorously refrain from 

engaging in 

counterproductive 

behaviors 

- Overly self-monitoring, 

self-critical, and rigid in 

behavior 

Note. Table adapted from Bing et al., 2007b.  
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Latent profile analysis (LPA) is a person-oriented modeling technique using continuous 

variables to identify distinct subgroups of individuals sampled from different parent populations. 

The procedure is referred to as latent profile analysis because subgroups reflect latent (i.e., 

unmeasured) variables that differ from one another in terms of the profile of scores on the 

continuous variables. Given the continuous nature of the implicit motive to aggress and the 

explicit trait of aggression, LPA is the person-oriented method that is most appropriate for testing 

Bing and colleaguesô (2007b) integrative model for aggression. I propose the following 

hypotheses in line with the integrative model proposed by Bing et al:  

Hypothesis 1: I predict that the latent profile analysis will reveal at least 4 profiles that 
are generally consistent with the subgroups hypothesized by Bing and colleagues (2007b).  

 

 The remaining hypotheses are related to validating these profiles. Like Bing et al., (2007b), 

I relied upon conditional reasoning theory to generate my hypotheses.  

The first set of hypotheses posits that a combination of implicit and explicit traits will 

predict overt deviance. The overarching hypothesis is as follows: 

Hypothesis 2: A combination of implicit and explicit traits will predict overt deviance.  

As a reminder, Neuman and Baron (1998) describe overt deviance as behaviors that are 

typically associated with workplace violence (e.g., physical assault, destruction of property). 

Further, Baron et al., (1999) describe a behavior as overt if a) the aggressor makes no attempt to 

conceal their identity, and b) the target can tell that harm experienced was due to someone 

purposefully trying to harm them or c) the target is aware that someone wanted to harm them. 

Bing et al., (2007b) hypothesized that Manifest Aggressives (those high in both the implicit 

motive to aggress and the explicit trait of aggression) would be most likely to engage in overt 

forms of deviance. Looking to conditional reasoning theory, because Manifest Aggressives self-

perceptions are supported by congruent implicit reasoning, these individuals have the ability to 

comfortably act in ways consistent with their implicit desires. These individuals are more likely 
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to engage in even the most overt forms of deviance because doing so does not make them think 

negatively about themselves. They are able to retain a positive self-perception because they feel 

they are justified in their behaviors. As such I propose the following Person-Oriented (PO) 

hypothesis, to be tested with Latent Profile Analysis (LPA): 

Hypothesis 2a (PO/LPA): Manifest Aggressives (high implicit and high explicit) are 
predicted to engage in the highest levels of overt deviance.  

 

This contrasts the variable-oriented hypothesis put forth by Bing et al., (2007), which will 

serve as a competing Variable-Oriented (VO) hypothesis, to be tested with Moderated Multiple 

Regression (MMR): 

Hypothesis 2b (VO/MMR): ñWhen implicit aggression is high, as explicit aggression 

increases there will be a corresponding increase in [overt deviance], such that Manifest 
Aggressives will obtain the highest levels of [overt deviance]ò (Bing et al., 2007b, p. 

725).  

 

The next set of hypotheses posits that a combination of implicit and explicit traits will 

predict obstructionism. The overarching hypothesis is as follows: 

Hypothesis 3: A combination of implicit and explicit traits will predict obstructionism.  

Neuman and Baron (1998) describe these as behaviors that are intended to impede the 

work of others or of the organization (Neuman & Baron, 1998). For example, this includes 

behaviors such as a failure to return phone calls, intentional work slowdowns, and showing up 

late to meetings. Bing et al., (2007b) hypothesized that latent aggressives would be most likely to 

engage in obstructionism. These individuals see themselves as nonaggressive, but yet they have 

the cognitive biases in place that enhance the rational appeal of aggressive behaviors. Because of 

their implicit desire or drive to harm others, latent aggressives will still look for ways to satisfy 

their implicit motive to aggress, but they will look for ways to do so that are congruent with their 

self-perceptions of being nonaggressive. To do this, latent aggressives most likely engage in 

subtle, covert forms of deviance. They can engage in subtle aggressive acts that satisfy their 

motive, those acts that they can easily explain away as nonaggressive so that they can maintain a 
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positive self-perception. For example, if they show up to a meeting late because they wanted to 

slow down work, they can claim they are late because of traffic. As such I propose the following 

hypothesis: 

Hypothesis 3a (PO/LPA): Latent Aggressives (high implicit and low explicit) are 
predicted to engage in the highest levels of obstructionism.  

 

This contrasts the variable-oriented hypothesis put forth by Bing et al., (2007), which will 

serve as a competing hypothesis: 

Hypothesis 3b (VO/MMR): ñWhen implicit aggression is high, as explicit aggression 

decreases there will be a corresponding increase in [obstructionism], such that latent 

aggressives will obtain the highest levels of [obstructionism]ò (Bing et al., 2007b, p. 

725).  
 

The next set of hypotheses posits that a combination of implicit and explicit traits will 

predict expressions of hostility. The overarching hypothesis is as follows: 

Hypothesis 4: A combination of implicit and explicit traits will predict expressions of 

hostility. 
 

Expressions of hostility include behaviors such as obscene gestures, facial expressions, 

ostracism, and spreading rumors, among others. While there is often no physical harm to the 

target, employees often report an emotional or psychological impact (Neuman & Baron, 1998). 

Neuman and Baron include in their conceptualization of expressions of hostility things like 

belittling someone elseôs opinion in front of others, obscene gestures, and interrupting others. 

Although Bing and his colleagues did not propose a hypothesis about expressed hostility, Frost 

and his colleagues explored expressed hostility in a variable-oriented test of Bing et alôs (2007b) 

aggression subgroups. Specifically, Frost et al., (2007) proposed that because overcompensating 

prosocials lack the ability to rationalize aggressive acts, because they tend to score lower on the 

implicit motive to aggress, these individuals will seek more socially acceptable channels to 

express their self-perceived aggressiveness. And so rather than needing to fulfill an implicit desire 

to harm others, Frost et al., (2007) argues that Overcompensating Prosocials may be easily 
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angered, resulting in outbursts, thus confirming their self-perceptions of being aggressive. As 

such, I propose the following hypothesis:  

Hypothesis 4a (PO/LPA): Overcompensating prosocials (low implicit and high explicit) 

are predicted to engage in the highest levels of expressions of hostility.  

 

This contrasts the variable-oriented findings from Frost et al., (2007), which will serve as 

a competing hypothesis. Purposefully phrased in a consistent manner with the hypotheses put 

forth by Bing et al., (2007b):  

Hypothesis 4b (VO/MMR): When implicit aggression is low, as explicit aggression 

increases there will be a corresponding increase in expressions of hostility, and when 

implicit aggression is high, as explicit aggression increases, there will be a 

corresponding decrease in expressions of hostility, such that overcompensating 
prosocials will obtain the highest levels of expressed hostility. 

 

In addition to the three-factors of workplace deviance proposed by Neuman and Baron 

(1998), organizations are also interested in avoiding general ñcounterproductive workplace 

behaviorsò (CWBs), defined as ñany intentional behavior on the part of an organization member 

viewed by the organization as contrary to its legitimate interestsò (Gruys & Sackett, 2006, p. 30). 

Bing and colleagues (2007b) do not make any assertions about subgroups and overall CWBs. 

Although there is a lack of existing research about subgroups and general CWBs, existing work 

has explored the relationship between maladaptive traits and general CWBs.  

From the explicit tradition, researchers have uncovered relationships between the explicit 

trait of aggression and counterproductive workplace behaviors, broadly speaking (Bragg & 

Bowling, 2018). From the implicit tradition, the motive to aggress has been shown to predict 

counterproductive workplace behaviors, broadly defined as well (Galiĺ et al., 2014). Additionally, 

meta-analytic investigations of the CRT-A found uncorrected correlations with counterproductive 

workplace behaviors of .16, (Berry et al., 2010), .22 (Banks et al., 2012), and .24 (James & 

LeBreton, 2012). Given the lack of existing information about specific subgroups and general 

CWBs, I will not propose a formal hypothesis. Instead, I propose the following research question:  
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Research Question 1: Will a combination of implicit and explicit traits predict general 

CWBs? 
 

Research Question 1a (PO/LPA): Will manifest aggressives (high implicit and high 
explicit), latent aggressives (high implicit and low explicit) or overcompensating 

prosocials (low implicit and high explicit) engage in the highest levels of general CWBs?  

 
Research Question 1b (VO/MMR): Will the implicit motive to aggress moderate the 

relationship between the explicit trait of aggression and general CWBs? 
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Chapter 2 
 

Study 1 Methods 

Procedures 

 Study 1 was conducted across three unique archival samples: Frost (2005), Whanger 

(2003), and LeBreton (2002). These samples were chosen because they all used the same measure 

of the implicit motive to aggress and the same measure the explicit trait of aggression, allowing 

us to test if profiles emerge that are consistent with the integrative typology model for aggression 

(Bing et al., 2007b). Alternatively, this allows us to see if unexpected profiles emerge that 

provide new insight into the integration of implicit motives with explicit traits.  

 In the first archival sample, Frost (2005) summarized data cleaning and screening 

activities as follows: ñThe league was composed of 171 teams playing a five-game regular season 

schedule, followed by a single-elimination tournament to end the season. Based on game-

scheduling logistics and resource limitations, 70 teams were selected for the focus of the study. 

Of these 70 teams, 36 consented to participate, giving a consent rate of fifty-one percent. 

Altogether, these 36 consenting teams totaled 227 initial research participants. Several 

participants were excluded from this sample because their minimal playing time limited 

opportunities to observe their behavior. Playing time was coded for either playing more than 

fifteen minutes (2), less than fifteen minutes (1), or not at all (0) for each player in each 40-

minute game. Forty-four participants who failed to meet the minimum threshold of a total score 

of six on this variable were removed from the initial sample of participants. This resulted in a 

final sample of 183 [participants]ò (Frost, 2005, p. 22).  

 Data cleaning procedures for the Whanger (2003) and LeBreton (2002) datasets were not 

provided. Thus, additional data screening was undertaken across all three archival samples to 
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ensure the quality of the combined data set. First, our measure of the implicit motive to aggress 

includes built in attention checks. Each item includes two inductively plausible solutions (i.e., 1 

aggressive response and 1 non-aggressive response) and two inductively implausible solutions 

(i.e., illogical/distractor responses). Per the test administration guidelines (James & McIntyre, 

2000), individuals who endorsed five or more illogical responses were flagged as having an 

invalid test protocol and removed from the sample. The Frost and Whanger archival data did not 

include any respondents with five or more illogical responses. The LeBreton archival data 

included 26 participants with five or more illogical responses. These 26 participants were 

removed. 

 Next, the nature of missing data was evaluated. At the construct level, Littleôs MCAR test 

(Little, 1988) indicated that data were missing completely at random for the Frost (2005) sample 

(ɢ2 = 1.76, df = 4, p = 0.78). There was no construct-level missingness for the Whanger (2003) or 

LeBreton (2002) archival samples, so Littleôs MCAR test was not conducted. Item-level 

missingness was also evaluated. Littleôs MCAR test indicated that data were not missing 

completely at random for the Frost sample (ɢ2 = 136, df = 104, p = .02), missing completely at 

random for the Whanger sample (ɢ2 = 96.70, df = 120, p = .94), and not missing completely at 

random for the LeBreton sample (ɢ2 = 961, df = 395, p < .001). The full response rates and partial 

response rates were calculated at the construct level for each sample. The full-response rate was 

97% for Frost, 100% for Whanger, and 100% for LeBreton. The partial-response rate was 3% for 

Frost, 0% for Whanger, and 0% for LeBreton. Per recommendations from Newman (2014), 

pairwise deletion will be used because construct-level missingness does not exceed 10% for any 

of the archival samples. Although parameter estimates will be unbiased, standard errors are likely 

to be upwardly biased, yielding lower power and higher Type II error rates. Also, per Newman 

(2014), sample sizes for each construct will be denoted in the footnote of the correlation matrices 

in the following chapter (Tables 3-1, 3-2, and 3-3).  
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 Next, I examined the presence of outliers. As suggested by Tabachnick and Fidell (2013), 

a threshold of plus or minus 3.29 standard deviations was used to identify extreme univariate 

outliers. Univariate outliers are described in Table 2-1. These outliers were further examined to 

ensure they were not errors (Aguinis et al., 2013). All outliers were accurate, and thus, not errors. 

As such, the outliers identified were either interesting (accurate data points that may contain 

valuable knowledge) and/or influential (accurate data points that could impact substantive 

conclusions), and are denoted as such in Table 2-1. All i nfluential outliers were prediction 

outliers. They were identified using DFFITS (Difference in fit, standardized) with a cut off of + 

or - 2 times the square root of k+1/n (Aguinis et al., 2013; Belsley et al., 1980). In other words, 

parameter estimates were altered when outlier cases were included in the regression model. As 

recommended by Aguinis et al. (2013), the regression analyses will be conducted both with and 

without the influential outliers. Unfortunately, it is difficult to provide recommendations for how 

to study the potentially interesting outliers because I had access to limited information about the 

participants for these archival samples, but I do have information about age, sex, and race, which 

are shown in Table 2-2.  
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Table 2-1: Univariate outliers for Study 1 archival samples  

Sample Construct 
Lower 

Thresh 

Upper 

Thresh 

Total 

Outliers 

Error 

Outliers 

Influential 

Outliers 

Potential 

Interesting 

Outliers 

Also 

Multivariate 

Outliers 

Frost 

CRT - 11.24 0 0 0 0 0 

PRF 0.95 4.34 1 0 1 0 1 

Overt - 2.13 0 0 0 0 0 

Obstruction - 1.49 2 0 2 0 2 

Hostility - 3.8 4 0 4 0 3 

Whanger 

CRT - 10.81 1 0 0 1 0 

PRF 1.14 4.04 0 0 0 0 0 

Retaliation - 4.12 0 0 0 0 0 

LeBreton 

CRT - 10.67 3 0 0 3 2 

PRF 0.87 3.29 2 0 0 2 0 

CB - 0.85 40 0 40 0 27 

Note. Upper and lower thresholds were calculated using the criterion of plus or minus 3.29 

standard deviations from the mean. CRT = Conditional Reasoning Test for Aggression. PRF = 

Jacksonôs Personality Research Form. CB = Counterproductive Behaviors, which is a 

dichotomous variable, meaning anyone with a value of 1 (rather than a value of 0) is flagged as 

an outlier. Lower Thresh = Lower Threshold. Upper Thresh = Upper Threshold. When Lower 

Thresh = -, the lower threshold was negative.  

 

Table 2-2: Description of interesting outliers for Study 1 archival samples ï Univariate 

    Potential Interesting Outliers Non-Outliers 

CRT  Age M = 29 (SD = NA) M = 22.61 (SD = 3.28) 

(Whanger,  

n = 1) 
Sex 0% Male 45.81% Male 

  Race 100% White 88% White 

CRT  Age M = 24 (SD = 4.36) M = 22.70 (SD = 3.89) 

(LeBreton,  

n = 3) 
Sex 100% Male 52.77% Male 

  Race 100% White 89.80% White 

PRF  Age M = 22 (1.41) M = 22.71 (SD = 3.89) 

(LeBreton,  

n = 2) 
Sex 100% Male 52.84% Male 

  Race 100'% White 89.81% White 

 

Finally, multivariate outliers were identified using Mahalanobis distance. See Table 2-3 

for more detailed information about the multivariate outliers. I calculated the ɢ2 critical value 
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using the qchisq function in R, specifying Ŭ = .001 and df of 5 for Frost (CRT, PRF, Overt 

Deviance, Obstructionism, and Expressions of Hostility), df of 3 for Whanger (CRT, PRF, and 

retaliation), and df of 3 for LeBreton (CRT, PRF, and general counterproductive behaviors). This 

resulted in a critical value of 20.52 for Frost, and 16.27 for Whanger and LeBreton.  

The multivariate outliers detected in the Frost sample (n = 6) were further examined. 

They did not appear to be errors. As recommended by Aguinis et al. (2013), I examined if these 

were model fit outliers by comparing regression models with and without the outliers included. 

The statistical significance of R2 did not change with the exclusion of the multivariate outliers, 

indicating that these are not influential outliers. There was 1 multivariate outlier detected in the 

Whanger sample. The statistical significance of R2 did not change with the exclusion of the 

multivariate outlier, indicating that it was not an influential outlier. The multivariate outliers 

detected in the LeBreton sample (n =28) were further examined. They did not appear to be errors. 

As recommended by Aguinis et al. (2013), I examined if these were model fit outliers by 

comparing regression models with and without the outliers included. The statistical significance 

of R2 did became nonsignificant with the exclusion of the multivariate outliers. Outliers were 

removed one-by-one to determine which cases were influential. Four cases were identified as 

influential.  

 As such, I classified the 6 multivariate outliers detected in the Frost sample, the 1 outlier 

in the Whanger sample, and the remaining 24 multivariate outliers from the LeBreton sample as 

potentially interesting outliers. As recommended by Aguinis et al. (2013), the regression analyses 

will be conducted both with and without the 4 influential outliers from the LeBreton sample. 

Unfortunately, it is difficult to provide recommendations for how to study the potentially 

interesting outliers because I had access to limited information about the participants for these 

archival samples, but I do have information about age, sex, and race, which are shown in Table 2-

4.  
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Table 2-3: Multivariate Outliers for Study 1 archival samples 

Archival 

Sample 
Critical ɢ2 

Total 

Outliers 

Error 

Outliers 

Potentially 

Interesting 

Outliers 

Influential 

Outliers 

Frost 20.52 6 0 6 0 

Whanger 16.27 1 0 1 0 

LeBreton 16.27 28 0 24 4 

Table 2-4: Description of interesting outliers for Study 1 archival samples - Multivariate 

 

Participants  

 Data were collected from three archival samples. Sample 1 (Frost, 2005) was collected 

from 183 college students who played intramural basketball at a university in the Southeastern 

United States. Most participants were male (62%). More than half of the sample was White 

(59.01%), about 8% of the sample was Black, about 2% of the sample reported their race as 

ñotherò, and the remaining 31% of the sample did not report their race. Their ages ranged from 18 

to 30 years with a mean of 21.82 years (SD = 2.79). Participants played in an average of 4.66 

games (SD = 1.34). Sample 2 (Whanger, 2003) was collected from 277 college students enrolled 

in an upper-level management class at a large southeastern university. The sample was mostly 

female (54.15%) and mostly White (87%) with about 5% of participants identifying as Black, 

about 3% as Hispanic, about 1% as Native American or Pacific Islander, and about 3% reporting 

their race as ñotherò. Ages ranged from 20 to 46 with a mean of 22.63 (SD = 3.30). Finally, 

 Frost Whanger LeBreton 

 

Potentially 

Interesting 

Outliers 

Non-

Outliers  

Potentially 

Interesting 

Outliers 

 Non-

Outliers  

Potentially 

Interesting 

Outliers 

 Non-

Outliers  

Sex 100% Male 
61.40% 

Male 

100% 

Female 

 

45.82% 

Male 

 

75% Male 

 

52.18% 

Male 

 

Race 60% White 
85.60% 

White 

0% White 

 

88.36% 

White 

 

95.83% 

White 

 

89.62% 

White 

 

Age 
M = 20.83 

(SD = 0.75) 

M = 21.89 

(SD = 2.85) 

M = 23.00 

(SD = NA) 

M = 22.63  

(SD = 3.31) 

M = 22.04 

(SD = 1.92) 

M = 22.73 

(SD = 3.94) 
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Sample 3 (LeBreton, 2002) was collected from 697 college students also enrolled in an upper-

level management class at a large southeastern university. The sample was mostly male (52%) 

and mostly White (88%) with about 5% of participants identifying as Black, 4% as Asian, about 

2% as Hispanic, and fewer than 1% as American Indian.  Ages ranged from 19 ï 50 with a mean 

of 22.73 (SD = 3.92).  

Measures 

Aggressive Personality 

Implicit Motive to Aggress: Conditional Reasoning Test for Aggression (CRT-A) 

All three samples used the Conditional Reasoning Test for Aggression (CRT-A) as the 

measure of the implicit motive to aggress (James, 1998; James et al., 2005; James & LeBreton, 

2012), which was administered in-person using a paper-and-pencil version of the test. The CRT-

A indirectly measures the motive to aggress by asking respondents to solve inductive reasoning 

problems. Unbeknownst to the respondents, each problem contains two inductively plausible 

solutions ï one solution based on JMs for aggression and one solution based on non-aggressive 

thinking and reasoning. The CRT-A consists of 22-items tapping into six JMs. If the individual 

endorses the aggressive response, they are given a score of 1 for that item. If the individual 

endorsees the non-aggressive response, they are given a score of 0 for that item. Unit-weighted 

composites were computed and used as the indicator for the implicit motive to aggress used in the 

LPA. I Cronbachôs Ŭ of the CRT-A was estimated to be 0.78, 0.73, and 0.74 in the Frost, 

Whanger, and LeBreton samples, respectively.  
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Explicit Trait of Aggression: Personality Research Form (PRF) 

The 20-item Jackson Personality Research Form (PRF) was used to measure the explicit 

trait of aggression in all samples (Jackson, 1984). Respondents indicated how much they agreed 

with statements on a 5-point Likert scale (1 = Strongly Disagree, 5 = Strongly Agree). Example 

items include ñI often quarrel with othersò and ñI have a violent temperò.  Cronbachôs Ŭ = .81, 

.80, and .84 for the Frost, Whanger, and LeBreton samples, respectively, which are likely lower 

bound estimates. 

Outcomes 

Overt Deviance: Physical Aggression (Sample 1: Frost, 2005) 

Upper-level undergraduate students in psychology were selected to act as trained 

observers/scorekeepers at intramural basketball games using a behavioral score sheet. Behaviors 

were classified as overt deviance "if the behavior was physical or active in nature and the 

aggressorôs intention to harm the target person [was] blatant or unconcealedò (e.g., pushing, 

shoving, tripping, fighting). Frost (2005) described the training of coders as follows:  

ñThe three research assistants underwent approximately twelve hours of training 

in order to serve as observers during the intramural basketball season. Six hours 

of classroom instruction and discussion involved frame-of-reference training 

using this score sheet Training sessions focused on: (a) establishing the definition 

of aggression and how it manifests into behavior in different situations, (b) 

operationally defining all of the behaviors on the basketball court that could be 

considered acts of aggression towards a target, including hostile, passive, and 
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overt forms, (c) recording the appropriate behavioral criteria from televised 

basketball games onto the score sheets, and (d) using the structured sequence to 

describe critical behaviors. The research assistants also attended a three-hour 

referee training session conducted by the Director of Intramural Sports and 

league supervisors to familiarize them with league officials and rules. Lastly, the 

primary researcher observed and provided feedback to each research assistant as 

he or she tracked behaviors for games during the pre-season intramural 

tournament. Each assistant completed the training when they could demonstrate 

90% agreement or better after simultaneously but independently tracking the 

same game as the primary researcherò (pp. 28-29). 

Overt Deviance: Direct Retaliation (Sample 2: Whanger, 2003) 

In Sample 2, overt deviance was measured using a vignette methodology. Specifically, 

participants were given the following background information: Westsideôs surgical glove contract 

was about to expire, and the purchasing director was entertaining bids from several companies. 

The sales representative in question worked hard to develop a proposal and respond to requests 

from the purchasing director (who will make the final decision). After submitting the final 

proposal, and feeling good about their chances, the sales representative found out from a reliable 

source that a sales representative from a competing company had given the purchasing director 2 

tickets to the world series in an effort to win the contract (which is a clear violation of hospital 

rules). The sales representative in question approached the purchasing director and told them that 

they were aware they received tickets from another sales representative, and they would be telling 

the CEO of the hospital if they didnôt get the contract. They then won the contract. Participants 

were asked to rate the overall performance of the sales representative on a single item using a 5-
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point Likert-type scale. The exact wording of the response scale was not included in Whanger 

(2003).  

Obstructionism (Sample 1: Frost, 2005) 

Obstructionism was measured using ratings from the upper-level undergraduate students 

trained as observers/scorekeepers. Behaviors were classified as obstructionism if the behavior is 

of a passive or covert nature, and the aggressor attempts to conceal their intent to harm from the 

target person, and the aggressor intends to impede an individualôs ability to perform their duties 

or interfere with a groupôs ability to meet its objectives (e.g., ignoring a referee request, standing 

in a playerôs way, failing to return the ball to the referee in a timely manner). See the description 

of coding training under Overt Deviance: Physical Aggression.  

Expressions of Hostility (Sample 1: Frost, 2005) 

Finally, expressions of hostility were measured using ratings provided by the upper-level 

undergraduate students trained as observers/scorekeepers. Behaviors were classified as a verbal 

expression of hostility if the behavior was primarily verbal or symbolic in nature, except for 

threats of physical violence (which were considered acts of overt deviance). Examples include 

loud swearing, verbal ridicule, physical gestures, mocking facial expressions, and belittling 

someone else. See the description of coding training under Overt Deviance: Physical Aggression. 
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General Counterproductive Behaviors (CBs) (Sample 3: LeBreton, 2002) 

 CBs were operationalized as official university records of a student conduct violation. 

This information was obtained from the University registrar with consent from participants. CBs 

were dichotomously coded as students either having or not having a student misconduct violation 

on their record. LeBreton was only able to ascertain whether students were cited for student 

misconduct but not the specific form of misconduct. These violations could have included 

behaviors such as ñcheating, plagiarism, forgery, vandalism, physical violence, theft, possession 

of illicit drugs, public drunkenness, and misuse of computer accountsò (James & LeBreton, 2012, 

p. 125).  

Data Analysis 

Person-Oriented Modeling 

Latent Profile Analysis (LPA) was used to test person-oriented hypotheses and was 

conducted using Mplus version 6.1 (Muthén & Muthén, 2009). LPA is a type of latent variable 

mixture model in which the latent variable is categorical (e.g., subgroups of aggression), and the 

indicator variables are continuous (e.g., measures of implicit and explicit aggression). LPA 

identifies profiles of individuals that have similar patterns of scores on the indicator variables. A 

total score for the implicit motive to aggress and a total score for the explicit trait of aggression 

were used as the two indicators in the LPA.  

When conducting LPA, multiple models are estimated, indicating differing numbers of 

profiles (e.g., models indicating 1 profile versus models indicating 2 profiles and so on). A model 

is chosen based on a comparison of model fit criteria including Akaike Information Criteria 
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(AIC), Bayesian Information Criteria (BIC), and sample size adjusted BIC (SSA-BIC). When 

comparing models with different numbers of profiles, lower values of these fit criteria indicate 

better model-data fit (Nylund et al., 2007). The Lo-Mendell-Rubin (LMR) likelihood ratio test is 

used to assess if the number of profiles is a better fitting model than a model with one fewer 

profile (Wang & Wang, 2012). In addition, substantive interpretations of the profiles in the 

different solutions were used to help inform the decision regarding the final solution to retain. 

Finally, relative entropy values were also used to evaluate profile fit. Relative entropy is used to 

assess classification accuracy. Higher values indicate better accuracy (0.80 is high, 0.60 is 

medium, and 0.40 is small; Clark & Muthen, 2009). The LPA will be used to test Hypothesis 1. 

The BolckïCroonïHagenaars (BCH) method (Bolck et al., 2004) and the DCAT (Lanza 

et al., 2013) method were be used to compare profiles in terms of behavior (i.e., overt deviance, 

obstructionism, expressed hostility, general counterproductive behaviors). The BCH method is 

used for continuous outcomes and compares the mean for the outcome across profiles, while 

taking into account the probability that participants belong in multiple profiles. The DCAT 

method is used for categorical outcomes and compares the proportion of individuals falling 

within each category across profiles, taking into account the probability that participants belong 

to multiple profiles.  

Variable-Oriented Modeling 

 Moderated Multiple Regression (MMR) was conducted to test variable-oriented 

hypotheses, where the implicit motive to aggress served as a moderator between the explicit trait 

of aggression and relevant criteria. All criterion and predictors were standardized before being 

included in the model. Each criterion was regressed onto both the explicit trait of aggression and 

the implicit motive to aggress in Step 1. In Step 2, each criterion was regressed onto the two 
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predictors and the cross-product of the standardized scores. I assessed whether the interaction 

effect was significant by examining whether the cross-product term explained additional variance 

in the criteria above and beyond the main effects (Cohen et al., 2013), relaxing the critical alpha 

to p < 0.10 as recommended by Bing et al., (2007a). 
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Chapter 3 
 

Study 1 Results 

Latent Profile Models 

 Tables 3-1 ï 3-3 contain descriptive statistics for each sample separately. Table 3-4 

summarizes the LPA results. I evaluated models containing between one and seven profiles. I 

decided to retain the 3-profile solution. The following interpretation of the model fit indices and 

other information about the latent profile models described below helped to make this decision. 

First, the Akaike Information Criterion (AIC) and Bayesian Information Criterion (BIC) 

continued to improve (i.e., decrease) from one to three profiles, after which both increased at the 

four-profile solution. Sample Size Adjusted BIC continued to improve from one to six profiles 

before increasing with the seven-profile solution. Relative entropy decreased from the two- to the 

three-profile solution, increased at the four- and five-profile solutions, and then decreased again 

at the six- and seven-profile solutions. The LMR likelihood ratio test was significant at the three-

profile solution. It became non-significant at the four-profile solution, indicating that the three-

profile solution was a better fit compared to the two-profile solution. However, the four-profile 

solution was not a better fit compared to the three-profile solution. The smallest group contained 

about 18% of the sample in the two-profile solution, about 14% of the sample in the three-profile 

solution, about 4% of the sample in the four-profile solution, and less than 1% of the sample in 

the five- six- and seven-profile solutions. Given this information, I further explored the 

interpretability of the three- four- and five-profile solutions. Before doing so, the three-profile 

solution was the solution I was inclined toward retaining, due to the improvement in fit statistics, 

significant LMR p value, as well as a sizeable, smallest group. 
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 Because of the increased entropy values and significant LMR likelihood ratio test I also 

tried to interpret the five-profile solution. After further exploration of the means for each profile 

and outcome comparisons, the three-profile solution was judged to be the most interpretable 

solution. As such, I retained the 3-profile solution. Figure 3-1 describes each indicator's level (in 

Z score units) for each profile. Whereas the raw means are useful for guiding initial profile 

interpretation, given that the CRT- and PRF are scored on different scales, standardizing the mean 

scores obtained from the three-profile solution for each profile allowed for ease in interpretation 

compared to the raw means. 

Hypotheses 1: Four profiles will emerge that map onto Bing et alôs Integrative Typology Model 
for Aggression ï Partially Supported 

 

From left to right, the first profile is made up of individuals who tended to score below 

the mean on both the implicit motive to aggress (Z = -0.28) and the explicit trait of aggression (Z 

= -0.31). This profile is most consistent with Bing et alôs (2007) Prosocial subgroup. The second 

profile is made up of individuals who tended to score close to average on the implicit motive to 

aggress (Z = -0.03) and above the mean on the explicit trait of aggression (Z = 1.41). This profile 

is most consistent with Bing et alôs (2007) Overcompensating Prosocial subgroup. The third and 

final profile is made up of individuals who tended to score above average on the implicit motive 

to aggress (Z = 1.49), and about average on the explicit trait of aggression (Z = 0.06). This profile 

is generally consistent with the Latent Aggressive subgroup. Somewhat consistent with 

Hypothesis 1, the three-profile solution from the LPA provided evidence that largely reflected 

three of the four subgroups hypothesized by Bing et al. 2007b. 
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Table 3-1: Means, standard deviations, and correlations for variables in Sample 1 (Frost, 2005) 

Variable M SD 1 2 3 4 5 

1. CRT-A 3.96 2.21 1.00     

2. PRF 2.65 0.52 0.04 1.00    

3. Overt (Physical) 0.25 0.57 0.38* 0.23* 1.00   

4. Obstruct 0.14 0.41 0.40* 0.01 0.13 1.00  

5. Hostility 0.39 1.04 -0.04 0.28* 0.04 -0.01 1.00 

Note. CRT-A, Physical, Obstruct, and Verbal N = 183, PRF N = 177. CRT-A = Conditional 

Reasoning Test for Aggression, PRF = Jackson Personality Research Form. M and SD are used to 

represent mean and standard deviation. * = p < .05.  

 

Table 3-2: Means, standard deviations, and correlations for variables in Sample 2 (Whanger, 2003) 

Variable M SD 1 2 3 

1. CRT-A 3.97 2.12 1.00   

2. PRF 2.59 0.44 0.05 1.00  

3. Overt (Retaliation) 1.78 0.71 0.11 0.23* 1.00 

Note. N = 277, CRT-A = Conditional Reasoning Test for Aggression, PRF = Jackson Personality 

Research Form. M and SD are used to represent mean and standard deviation. * = p < .05. 
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Table 3-3: Means, standard deviations, and correlations for variables in Sample 3 (LeBreton, 2002) 

Variable M SD 1 2 3 

1. CRT-A 3.75 2.11 1.00   

2. PRF 2.08 0.37 .05 1.00  

3. CBs  0.06 0.24 .02 .07*  1.00 

Note. N = 697, CRT-A = Conditional Reasoning Test for Aggression, PRF = Jackson Personality 

Research Form. CBs = Counterproductive Behaviors. M and SD are used to represent mean and 

standard deviation. * = p < .05. 

Table 3-4: Summary of model fit for latent profile models  

Classes AIC BIC 

SS Adj. 

BIC 

Relative 

Entropy LMR p 

% of smallest 

group 

1 6687.575 6707.817 6695.112 - - 100.00% 

2 6630.412 6665.836 6643.601 0.678 0 17.73% 

3 6600.538 6651.143 6619.38 0.646 0.0182 13.64% 

4 6592.826 6658.613 6617.32 0.667 0.258 4.21% 

5 6584 6664.968 6614.147 0.714 0.0005 0.00087% 

6 6576.004 6672.153 6611.802 0.684 0.0614 0.00087% 

7 6576.748 6688.079 6618.199 0.684 0.5524 0.00087% 

Note. AIC = Akaike Information Criterion, BIC = Bayesian Information Criterion, SS Adj. BIC = 

Sample Size Adjusted Bayesian Information Criterion. LMR = Lo-Mendell-Rubin likelihood 

ratio test. % of smallest group = the percent of the sample making up the smallest profile.  
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Figure 3-1: Standardized estimated antecedent means for 3-class latent profile model.  

Note. CRT = Conditional Reasoning Test for Aggression. PRF = Jacksonsô Personality Research 
Form. 
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Person-Oriented versus Variable-Oriented Hypotheses 

Variable-Oriented Results 

See Table 3-5 for moderated multiple regression analyses. 

Hypothesis 2b (VO/MMR) ï Overt Deviance: Mixed Support. 

Hypothesis 2b predicted that when implicit aggression is high, as explicit aggression 

increases there will be a corresponding increase in overt deviance.  

Physical Aggression: Supported. Model 1 accounted for 21% of the variance in physical 

aggression. The change in R2 was significant (ȹR2 = .048, F (1,173) = 11.19, p < .05), indicating 

that the model with the interaction term was a significantly better fit to the data. As can be seen in 

Figure 3-2, when implicit aggression is high, as explicit aggression increased there was a 

corresponding increase in overt (physical) deviance, providing support for Hypothesis 2b when 

overt deviance was operationalized as physical aggression.  

Direct Retaliation: Not Supported. Model 1 accounted for 6.4% of the variance in direct 

retaliation. The change in R2 was not significant, ȹR2 = .008, F (1,273) = 2.24, p = .14, indicating 

the model with the interaction term was not a significantly better fit to the data. As such, 

Hypothesis 2b was not supported when overt deviance was operationalized as direct retaliation.  

Hypothesis 3b (VO/MMR) ï Obstructionism: Not Supported. 

Hypothesis 3b hypothesized that when implicit aggression is high, as explicit aggression 

decreases there will be a corresponding increase in obstructionism, such that latent aggressives 
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will obtain the highest levels of obstructionism. Model 1 accounted for 1.60% of the variance in 

obstructionism. The change in R2 was not significant, ȹR2 = .004, F (1,173) = 0.77, p = .38. 

indicating that the interaction was not significant. As such, Hypothesis 3b was not supported.  

However, when the influential obstructionism outliers were removed, the hypothesis was 

supported. Specifically, model 1 accounted for 1.63% of the variance in obstructionism. The 

change in R2 was significant, ȹR2 = .017, F (1,171) = 3.43, p = .06. indicating that the interaction 

was significant. As can be seen in Figure 3-3, when implicit aggression is high, as explicit 

aggression decreases, there was a corresponding increase in obstructionism.  

Hypothesis 4b (VO/MMR) ï Expressions of Hostility: Not Supported. 

Hypothesis 4b predicted that when implicit aggression is low, as explicit aggression 

increases there will be a corresponding increase in expressions of hostility, and when implicit 

aggression is high, as explicit aggression increases there will be a corresponding decrease in 

expressions of hostility. Model 1 accounted for 8.1% of the variance in physical aggression. The 

change in R2 was not significant, ȹR2 = .007, F (1,173) = 1.52, p = .22 indicating the model with 

the interaction term was not significant. As such, Hypothesis 4b was not supported.  

Research Question 1b (VO/MMR) ï General Counterproductive Behaviors: Not Significant. 

 Research Question 1b asked if the explicit trait of aggression moderate the relationship 

between the implicit motive to aggress and general counterproductive behaviors. Model 1 

accounted for less than 1% of the variance in non-compliance (R2 = .006). The change in R2 was 

not significant, ȹR2 = .001, F (1,693) = 0.39, p = .53. Overall, these results suggested that implicit 



59 

 

 

and explicit aggression do not have main or interactive effects in the prediction of non-

compliance.   
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Table 3-5: Moderated multiple regression analyses 

 Overt: Physical  Overt: Retaliatory  Hostility: Verbal1  Obstructionism2  General CBs3 

B ȹR2 ȹF  B ȹR2 ȹF  B ȹR2 ȹF  B ȹR2 ȹF  B ȹR2 ȹF 

Step 1  .210 23.11   .064 9.35   .081 7.64   .016 16.46   .006 2.01 

Inter -0.01    0.00    0.01    0.01    0.00   

CRT-A 0.40*    0.10    -0.07    0.40*    0.01   

PRF 0.21*    0.23*    0.28*    -0.00    0.07    

Step 2  .048 11.19*    .008 2.24   .007 1.52   .004 0.77   .001 0.38 

Inter -0.02    -0.00    0.01    0.01    0.00   

CRT-A 0.37*    0.11    -0.05    0.41*    0.01   

PRF 0.17*    0.23*    0.30*    0.01    0.08*   

CRT-A X  

PRF 

0.22*    0.10    -0.09    -0.06    -0.02   

Note: Inter = intercept. N = 180-183 for Overt Physical, Hostility Verbal, and Obstructionism. N = 697 for general counterproductive 

behaviors. N = 277 for Overt Retaliatory. CRT-A = Conditional Reasoning Test for Aggression, PRF = Jackson Personality Research Form. 

General CBs = General Counterproductive Behaviors. * indicates p < .05,  indicates p < .10. 

 
1 Analyses were also conducted without the relevant hostility prediction outliers. There were no substantive differences in the results. 
2 Analyses were also conducted without the relevant obstructionism prediction outliers. The interaction was significant.  
3 Analyses could not be conducted without the CB univariate prediction outliers because all individuals who received a conduct violation 

were considered univariate outliers, removing all variance in the outcome. The analyses were conducted without the four multivariate 

outliers. There were no substantive differences in the results.  
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Figure 3-2: Interaction of the implicit motive to aggress and the explicit trait of aggression in 

predicting overt (physical) deviance. 

Figure 3-3: Interaction of the implicit motive to aggress and the explicit trait of aggression in 

predicting obstructionism ï Influential obstructionism outliers removed. 
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Person-Oriented Results 

See Tables 3-6 and Table 3-7 for a comparison of outcomes across profiles.  

Hypothesis 2a (PO/LPA) ï Overt Deviance: Not Supported. 

Hypothesis 2a predicted that Manifest Aggressives would be most likely to engage in 

overt deviance compared to the other three profiles. However, because no Manifest Aggressive 

profile was uncovered in the three-profile solution, this hypothesis was not supported. Analyses 

were still conducted to determine which of the three profiles engaged in the most overt deviance.  

Physical Aggression: Profiles significantly differed in physical aggression (ɢ2  (2) = 

10.84, p = .004). Specifically, Latent Aggressives had the highest predicted levels of physical 

aggression (M = 0.79), and this level was statistically significantly higher than the predicted 

scores for Overcompensating Prosocials (M = 0.26) and Prosocials (M = -0.04).  

Direct Retaliation: Profiles significantly differed in retaliatory aggression (ɢ2  = 16.85, p 

< .001). Specifically, Latent Aggressives had the highest predicted level of retaliatory aggression 

(M =1.20), and this level was statistically significantly higher than the predicted scores for 

Overcompensating Prosocials (M = 1.97), and Prosocials (M = 1.47).  

Hypothesis 3a (PO/LPA) ï Obstructionism: Supported. 

Hypothesis 3a predicted that Latent Aggressives would be most likely to engage in 

obstructionism as compared to the other three profiles. Differences were found for obstructionism 

across profiles (ɢ2  = 12.87, p = .002). Specifically, Latent Aggressives engaged in significantly 
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greater levels of obstructionism (M = 0.57) compared to both the Overcompensating Prosocials 

Profile (M = 0.14) and the Prosocial Profile (M = -0.06). As such, Hypothesis 3a was supported. 

Hypothesis 4a (PO/LPA) ï Expressions of Hostility: Supported. 

Hypothesis 4a predicted that Overcompensating Prosocials would be most likely to 

engage in expressions of hostility as compared to the other three profiles. Significant differences 

were found for expressions of hostility across profiles (ɢ2  = 8.62, p = .013). Specifically, 

Overcompensating Prosocials (M = 0.85) engaged in more expressions of hostility compared to 

both the Latent Aggressive Profile (M = 0.30) and the Prosocial Profile (M = -0.15). As such, 

Hypothesis 4a was supported.  

Research Question 1a ï General Counterproductive Behaviors: No Significant Profile 

Differences. 

 Research Question 1a asked which profile would be most likely to engage in general 

counterproductive behaviors. Although statistically significant differences were not observed for 

student misconduct across profiles (ɢ2  = 4.23, p = .12), an interesting pattern predicted scores 

were observed.  Specifically, the predicted probabilities for the Prosocial Profile (prob = .04) and 

the Latent Aggressive Profile (prob = .09) were more in line with the full sample probability of 

engaging in misconduct (prob = .06) compared to the Overcompensating Prosocial Profile (prob 

= .21). 
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Table 3-6: Summary of estimated outcome means across latent profiles 

 
 

Overt 

(Physical) 

Overt 

(Retaliation) 

Expressions of 

Hostility Obstructionism 

 
% M (SE) M (SE) M (SE) M (SE) 

Latent 

Aggressive 14% 0.79 (0.22) 2.20 (0.19) 0.30 (0.16) 0.57 (0.15) 

Prosocial 71% -0.04 (0.09) 1.47 (0.09) -0.15 (0.15) -0.06 (0.06) 

Overcomp 

Prosocial 15% 0.26 (0.09) 1.98 (0.09) 0.85 (0.24) 0.14 (0.07) 

Overall ɢ2  10.84*  16.85*  8.62*  12.87*  

Note. N = 183 for Overt (Physical), Expressions of Hostility, and Obstructionism. N = 277 for 

Overt (Retaliation), M = Mean, SE = Standard Error. * = p < .05. 

 

Table 3-7: Summary of general counterproductive behaviors across latent profile models 

 Estimated Probability (SE) Sample Prevalence 

Latent Aggressive .05 (0.01) 

.06 Overcompensating Prosocial .21 (0.09) 

Prosocial .09 (0.04) 

Overall ɢ2 4.23  

Note. N = 697. Sample prevalence indicates the proportion of participants in the full sample (the 

three archival samples combined) who have misconduct violations. SE = Standard Error.  
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Chapter 4 
 

Study 1 Discussion 

This dissertation adopted a person-oriented approach to studying the implicit motive to 

aggress and the explicit trait of aggression. While there had previously been interest in integrating 

the implicit motive to aggress and the explicit trait of aggression, scholars have taken a purely 

variable-oriented approach, even though a person-oriented approach may be more aligned with 

integrative theories. First, I found that the profiles uncovered by the latent profile analysis were 

fairly consistent with the subgroup proposed in Bing et al.ôs (2007b) integrative model. The first 

profile resembled Prosocials, with individuals tending to score, on average, just over a quarter of 

one standard deviation below the mean on both the implicit motive to aggress and the explicit 

trait of aggression. Next, there was a profile resembling Overcompensating Prosocials, with 

individuals scoring almost 1.5 standard deviations above the mean on the explicit trait of 

aggression and just barely below the mean on the implicit motive to aggress. Finally, there was a 

profile resembling Latent Aggressives, with individuals scoring almost 1.5 standard deviations 

above the mean on the implicit motive to aggress, and just over the mean on the explicit trait of 

aggression.  

Although the profiles resembled three of the four subgroups proposed by Bing and his 

colleagues (2007b), there were some notable differences. Most notably, I did not uncover a 

Manifest Aggressive Profile, where individuals would have scored high on both the implicit 

motive to aggress and the explicit trait of aggression. The most straight-forward explanation for 

this likely has to do with the already very low base rates for scoring high on either the implicit 

motive to aggress or the explicit trait of aggression. Consider the proportion of individuals falling 

within the Prosocial profile: Over 70% of the sample! Therefore, only the remaining 30% of the 

sample was available for classification into one of Bing et al.ôs ñaggression-heavyò subgroups. 
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Although the existence of the Manifest Aggressive profile makes theoretical sense, it may only be 

uncovered in certain jobs that are more likely to be dispositionally aggressive (e.g., law 

enforcement). Future work needs to determine if the Manifest Aggressive profile is more likely to 

be uncovered with those employed in these specific jobs. Once we have a better understanding of 

which industries each profile is most likely to exist, we can start to disentangle the theoretical 

framework behind the behavior of the Manifest Aggressive. In other words, Bing et al., proposed 

that Manifest Aggressives would be more likely to engage in overt forms of deviance. We need to 

know if Manifest Aggressives exist so we can be better prepared to defend against these acts of 

deviance that are often quite severe.  

If Manifest Aggressives do not exist in practical applications of the integrative typology 

model, then we need to figure out how else to predict these overt forms of deviance. In Study 1, I 

found that it was the Latent Aggressives that were most likely to engage in these overt forms of 

deviance in intramural basketball. Is this because the existing theory is less accurate than we 

thought and Latent Aggressives are more likely to engage in these behaviors compared to 

Manifest Aggressives? Is this because I did not sample the correct individuals? Alternatively, it 

could be that the overt deviance criterion used in Study 1 was not severe enough. Yes, I found 

that Latent Aggressives were more likely to engage in overt deviance, but physical aggression is 

often expected, and even tolerated in sports. As such, follow-up studies will be useful to see if 

Latent Aggressives will always be most likely to engage in this form of deviance, or if things start 

to look different when outcomes are more severe or less socially acceptable. In Study 2, I 

surveyed a unique sample not tested in Study 1, so I will be able to start disentangling this 

question.  

Specifically, I surveyed working adults in Study 2, rather than college students. I also 

collected data in 2023, rather than 20-years ago. In addition, overt deviance in Study 2 is not 
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measured in a context where being physical and violent is often warranted and accepted. Instead, 

overt deviance will ask directly about abusive behaviors, property destruction, and theft in a 

workplace setting. As such, Study 2 will help to determine if Manifest Aggressives emerge in a 

sample of working adults. Additionally, if no Manifest Aggressive profile emerges, we can 

explore which profile is most likely to engage in these new types of overt deviance.  

Although hypotheses related to overt deviance and Manifest Aggressives could not be 

tested, the hypotheses linking Expressed Hostility to Overcompensating Prosocials and 

Obstructionism to Latent Aggressives were tested and supported. Specifically, when using LPA, I 

found that Overcompensating Prosocials were most likely to engage in expressions of hostility, 

such as arguing with another player while playing intramural basketball, and Latent Aggressives 

were most likely to engage in obstructionism behaviors such as delaying an intramural basketball 

game, as predicted. Even though these findings were in line with my expectations based on 

conditional reasoning theory and Bing et al.ôs prior work, it will still be important to see if these 

findings hold in the new sample of working adults. In the new sample, I will be exploring 

theoretically similar concepts, but in a different context. For example, rather than failing to return 

the ball to the referee, an employee may purposefully fail to return a phone call to their co-

worker. Seeing how results compare across such different contexts will be an important next step 

in further validating these profiles.  

Finally, in terms of the research question related to general counterproductive behaviors, 

although there were no significant differences between profiles in student conduct violations, the 

pattern of results is quite interesting. Specifically, although not statistically significantly different, 

I found a higher proportion of individuals with student conduct violations in the 

Overcompensating Prosocial profile. In the overall sample, the base rate for student conduct 

violations was about 6%. However, over 20% of the individuals in the Overcompensating 
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Prosocial profile were estimated to have a conduct violation. While it was interesting to see this 

pattern of differences across profiles, it was also difficult to interpret these findings given the 

nature of the outcome. Specifically, the outcome was an official record of a student conduct 

violation. However, it was not possible to determine the precise behavior that the student engaged 

in. The conduct violation could have been awarded for fighting, violating fire safety rules, 

engaging in underage drinking or drug use, or engaging in academic dishonesty, among a host of 

other behaviors. Again, because this was not statistically significant, these results should be 

interpreted with caution. However, it serves as an interesting jumping off point for future work. 

For example, in Study 2, I will again explore general counterproductive behaviors in the new 

sample of working adults. So, Study 1 results taken in tandem with Study 2 results may shed 

important light on these findings.  

In terms of the performance of the variable-oriented versus person-oriented analytic 

methods, there were stark differences between the two approaches. See Table 4-1 for a 

comparison of the findings. Specifically, when using MMR I was only able to find a significant 

interaction between the implicit motive to aggress and the explicit trait of aggression in the 

prediction of overt deviance. Additionally, the findings from the interaction were in conflict with 

the findings from the person-oriented approach. Using MMR, one might say I found that 

ñManifest Aggressivesò were most likely to engage in overt forms of deviance, because when 

implicit aggression was high, as explicit aggression increased, there was a corresponding increase 

in overt deviance. To scholars who have relied upon MMR to test interactive theories, this pattern 

of results might have served as a proxy for ñManifest Aggressivesò.  

There are several potential explanations for differences in results across analytic method. 

First, it could be that by better aligning theory with the method, I more consistently observed 

results consistent with my person-oriented theory. By adopting a person-oriented approach, I 
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assumed that subpopulations exist within the sample. Although Bing and his colleagues proposed 

four subgroups of aggression, testing this theory with a statistical interaction did not appear to 

fully capture the complexity of the relationships.  

Another benefit to aligning theory with method is the opportunity to use more robust 

methods. Indeed, Latent Profile Analysis has some methodological advantages over moderated 

multiple regression, which is typically used to test integrative models. When scholars rely on 

MMR, their hypothesis test are almost invariably underpowered (McClelland & Judd, 1993). The 

most efficient way to detect an interaction (when it is present in the population) is to adopt an 

extreme-groups design where equal proportions of a sample are sampled from the highest and 

lowest levels of predictor and moderator variables. In the case of Bingôs proposed subgroups, the 

ideal distribution of the sample would be about 25% perfectly falling into each of the four 

quadrants, with those individuals scoring at extreme levels of high and low implicit and explicit 

aggression. However, this was not the distribution of my samples - instead my data tended be 

quasi-normal having a slight positive skew on measures of both implicit and explicit aggression. 

Because of this, it is extremely difficult to detect an effect with MMR, even if one exists (Aguinis 

et al., 2016). Consequently, it was not entirely surprising that very few statistical interactions 

were detected in Study 1. One way that researchers have suggested addressing power concerns is 

by identifying participants that fall into extreme groups. As an illustrative example of this, 

Galderab (2018) artificially created four extreme groups from a larger sample to increase 

statistical power. For example, for Manifest Aggressives, he only included those who scored 

above 8 on the CRT-A and more than 2 standard deviations above the mean on explicit 

aggression (N = 34).  This categorizing of participants resulted in almost 75% unusable collected 

data. Fortunately, LPA allows for the efficient use of all available data, and as seen in Study 1, 

this may have made a substantial difference. 
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 Table 4-1: Comparison of tests of hypotheses 

Hypothesis Variable-Oriented Modeling Person-Oriented Modeling 

H2  

Overt  

(Physical) 

Supported 
Could not be tested as originally 

proposed* 

H2  

Overt 

(Retaliation) 

Not Supported 
Could not be tested as originally 

proposed* 

H3 

Obstructionism 
Not Supported Supported 

H4  

Expressed 

Hostility 

Not Supported Supported 

RQ 1  

General 

Counterproductive 

Behaviors 

No Significant Interaction No Significant Differences 

Note. * = hypothesis not directly testable but significant differences found.  

The purpose of Study 2 is to replicate profiles in a sample of working adults. 

Additionally, overt deviance, obstructionism, expressions of hostility, and general 

counterproductive behaviors will be examined in an organizational context. Instead of physical 

aggression in basketball and retaliatory aggression in a lab study, self-reports of overtly deviant 

behaviors at work will be explored such as inappropriate physical behaviors at work, the 

destruction of workplace property, and theft. Rather than obstructionism in basketball, self-

reports of obstructionism in the workplace will be explored (e.g., withholding information from a 

supervisor). As opposed to expressions of hostility in basketball, expressions of hostility at work 

will be examined (e.g., yelling at a co-worker). Finally, as opposed to general counterproductive 

behaviors in terms of student misconduct, general counterproductive behavior will be in terms of 

self-reported CWBs. As such, not only will I determine if the subgroups proposed by Bing and 

his colleagues (2007b) exist in working adults in addition to college students, but I will also 

discover if there are similar mechanisms to explain prototypical behavior in this new setting. 
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It will also be interesting to explore the effect that the measurement of the outcomes in 

Study 2 has on the results. In Study 1, I had access to some unprecedented behavioral outcomes 

such as actual behavior in sports, objective student conduct violations, and a close behavioral 

proxy in a vignette study. Indeed, it has been well-established that implicit measures are better at 

predicting behavioral and objective outcomes compared to outcomes from self-reported 

questionnaires (e.g., Spangler, 1992). The goal is to test this modelôs feasibility again, but this 

time in a sample of working adults. In Study 2, I will be using a self-reported questionnaire of 

various unwanted behaviors at work. In order to get participants to think more objectively about 

their behaviors, I did not ask participants to rate how much they agreed or disagreed that they 

would ever engage in a behavior. Instead, I asked participants to think about how frequently in 

the past year they have engaged in each behavior in the hopes that this put them in a more 

objective mindset.  

Another possibility is that the self-reported nature of these outcomes results in a 

completely different pattern of findings. Whereas the CRT-A is a great predictor of behavioral 

outcomes, explicit self-reported surveys are great predictors of explicit self-reported surveys. As 

such, it will be important to see if patterns of results change because responses from the PRF (the 

explicit measure of aggression) will contribute more to the prediction of self-reported outcomes.  
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Chapter 5 
 

Study 2 Method 

Participants and Procedures 

Participants were recruited through Prolific, an online survey platform. Data were 

collected across three time points. At Time 1 (T1), participants completed the CRT-A (see Study 

1 for description), measuring the implicit motive to aggress. At T1 participants also completed 

another conditional reasoning test for use by another researcher as part of a larger study. The 

median completion time was 29 minutes and 40 seconds and participants were paid on average 

$17.19 per hour. At Time 2 (T2) participants completed a self-report measure of the explicit trait 

of aggression. Participants also completed other measures of explicit personality for use by 

another researcher. The median completion time was 14 minutes and 21 seconds and participants 

were paid on average $29.26 an hour. Finally, at Time 3 (T3) participants completed measures of 

workplace attitudes and behaviors. The median completion time was 19 minutes and 44 seconds 

and participants were paid on average $17.76 an hour. These rates were determined to be 

ñGreat!ò by Prolific. Data were collected as part of a larger study examining how implicit and 

explicit personality are related to job attitudes and behaviors.  

850 participants were invited to participate in T1. Of the 850 approved by Prolific, 840 

were also recorded in Qualtrics (10 in Prolific we do not have data for in Qualtrics). Of those 840, 

2 were removed for missing or failing reCAPTCHA scores (n = 1) or completing the survey too 

quickly (n = 1). A score less than 0.5 on the reCAPTCHA indicates the respondent is likely a bot. 

Therefore, only 838 of the original 850 participants were invited back for T2, and only those 838 

who were invited back to T2 were included in the data set used for data screening and cleaning.  
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Once data collection was completed, the data were screened to ensure that only eligible 

participants were included in analysis. Thirty-two individuals were removed for not being 

employed at least part-time in the last year, and 64 additional individuals were removed for not 

interacting with anyone as part of their job. Additionally, it was a requirement for participants to 

have completed the CRT-A to be invited back to T2, and upon further inspection, three 

individuals in the dataset did not complete the CRT-A. These 3 participants as well as another 33 

individuals were removed for endorsing five or more illogical responses on the CRT-A. No 

participants were removed for failing attention checks at this stage, as no remaining participants 

failed more than half of the included attention checks. As such, the 706 remaining participants 

were included for missingness and outlier checks (see Table 5-1 for participant removal steps).  

Table 5-1: Summary of participant removal  

Invited to participate in T2 and T3 838 

Not employed in past year 32 

No interaction on job 64 

Did not take CRT-A 3 

Endorsed 5 or more illogical responses on 

CRT-A 
33 

Failed more than half of attention checks 0 

Total for removal 132 

Resulting N 706 

Note. T2 = Time Two. T3 = Time Three. CRT-A = Conditional Reasoning Test for Aggression.  

 First, the nature of missing data was evaluated. Littleôs MCAR test indicated that data 

were missing completely at random at the item-level (ɢ2 = 77.07, df = 75,435, p = 1.0) and at the 

construct-level (ɢ2 = 1.79, df = 5, p = .88). Response rates were calculated next. The full-response 

rate was 91%, the partial-response rate was 0%, and the non-response rate was 9%. Per 

recommendations from Newman (2014), pairwise deletion will be used because construct-level 

partial responding did not exceed 10%. As in Study 1, although parameter estimates will be 

unbiased, standard errors will be inaccurate. More specifically, they will be upwardly biased, 

yielding slightly lower power and higher Type II error rates. Per Newman (2014), sample sizes 
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for each construct will be denoted in the footnote of the correlation matrix in the following 

chapter. 

 Next, I examined the presence of outliers. As suggested by Tabachnick and Fidell (2013), 

a threshold of plus or minus 3.29 standard deviations was used to identify extreme univariate 

outliers. Univariate outliers are described in Table 5-2. Univariate outliers were further examined 

to ensure they were not errors (Aguinis et al., 2013). All outliers were accurate, and thus, not 

errors. As such, the outliers identified were either potentially interesting (accurate data points that 

may contain valuable knowledge) or influential (accurate data points that affect substantive 

conclusions) and are denoted as such in Table 5-2. All outliers identified as influential were 

prediction outliers. They were identified using DFFITS (Difference in fit, standardized) with a cut 

off of + or - 2 times the square root of k+1/n (Aguinis et al., 2013; Belsley et al., 1980). In other 

words, parameter estimates were altered when outlier cases were included in the regression 

model. As recommended by Aguinis et al. (2013), the regression analyses will be conducted both 

with and without influential outliers. In addition, I will provide some recommendations for 

studying the interesting outliers. See a summary of differences comparing interesting outlier cases 

to non-interesting outliers in Table 5-3.  
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Table 5-2: Summary of univariate outliers in Study 2 

Construct 
Lower 

Threshold 

Upper 

Threshold 

Total 

Outliers 

Error 

Outliers 

Influential 

Outliers 

Interesting 

Outliers 

Also 

Multivariate 

Outliers 

CRT - 13.29 1 0 0 1 0 

PRF 0.53 3.95 1 0 1 0 1 

Overt 0.36 1.7 9 0 0 9 9 

Obstruct - 3.83 13 0 12 1 6 

Hostility - 2.67 13 0 12 1 10 

CWB 0.07 2.55 9 0 9 0 6 

Note. Upper and lower thresholds were calculated using the criterion of plus or minus 2.24 

standard deviations from the mean. CRT = Conditional Reasoning Test for Aggression, PRF = 

Jacksonôs Personality Research Form. When Lower Threshold = -, the lower threshold was 

negative. The remaining constructs are composite scores. Development of composite scores 

discussed in measures section.  

 

Table 5-3: Description of interesting outliers for Study 2 - Univariate 

  

Potentially Interesting 

Outliers Non-Outliers 

CRT (n = 1) 

Age M = 30 (SD = NA) M = 41.93 (SD = 11.92) 

Sex 100% Male 40.99% male 

Race 0% White 75.28% White 

Overt (n = 9) 

Age M = 34.89 (SD = 12.39) M = 42.12 (SD = 11.67) 

Sex 33.33% Male 40.79% Male 

Race 44.44% White 76.41% White 

Obstruct (n = 1) 

Age M = 19 (SD = NA) M = 42.05 (SD = 11.65) 

Sex 100% Male 40.95% Male 

Race 100% White 75.98% White 

Hostility (n = 1) 

Age M = 19 (SD = NA) M = 42.05 (SD = 11.65) 

Sex 100% Male 40.94% Male 

Race 100% White 75.98% White 

 

Next, multivariate outliers were identified using Mahalanobis distance. See Table 5-4 for 

more detailed information about the multivariate outliers. I calculated the chi-square critical value 

using the qchisq function in R (R Core Team, 2024), specifying Ŭ = .001 and degrees of freedom 

of 6 (Conditional Reasoning Test for Aggression, Jackson Personality Research Form, Overt, 

Obstructionism, Hostility, and Total CWB. This resulted in a critical value of 22.46 The 

multivariate outliers detected in the Prolific sample (n = 32) were further examined. They did not 



76 

 

 

appear to be errors. As recommended by Aguinis et al. (2013), I examined if these were model fit 

outliers by comparing regression models with and without the outliers included. The statistical 

significance of R2 did not change with the exclusion of the multivariate outliers, indicating that 

these were not influential outliers. As such, I classified the 32 multivariate outliers detected in the 

Prolific sample as potentially interesting outliers. As recommended by Aguinis et al. (2013), the 

regression analyses will be conducted both with and without influential outliers. In addition, I will 

provide some recommendations for studying the interesting outliers. See a summary of 

differences comparing interesting outlier cases to non-interesting outliers in Table 5-5. 

Table 5-4: Summary of multivariate outliers in Study 2  

Critical ɢ2 
Total  

Outliers 

Error  

Outliers 

Influential 

Outliers 

Potentially 

Interesting 

Outliers 

22.46 32 0 0 32 

 

Table 5-5: Description of interesting outliers for Study 2 archival samples - Multivariate 

 
Potentially Interesting 

Outliers 
Non-Outliers 

Sex 22% Male 41.68% Male 

Race 61% White 76.49% White 

Age M = 39.44 (SD = 11.89) M = 42.13 (SD = 11.64) 

Participants 

 Participants were 706 English speaking working adults residing in the United States. The 

majority of participants were female (57.79%) and White (75.07%) with an average age of 41.91 

(SD = 11.92). For education, 17.42% of participants had their high school diploma, 39.52% of 

participants had their bachelorôs degree, and 14.45% had their masterôs degree. Most participants 

worked for private for-profit companies (80.45%), Participants had an average tenure in their 

organizations of 4.65 years (SD = 1.26) and worked on average 40.78 hours per week (SD = 

8.31). 
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Measures 

Aggressive Personality 

Implicit Motive to Aggress: CRT-A 

 As in Study 1, the Conditional Reasoning Test for Aggression was used to measure the 

implicit motive to aggress. A variation of KR-20 (Gulliksen, 1950) was used to estimate 

reliability for the CRT-A, as recommended by LeBreton et al. (2020). Reliability obtained was 

.72, which is consistent with previous work using this estimate of reliability (LeBreton et al., 

2020).  

The Explicit Trait of Aggression: PRF 

As in Study 1, the Personality Research Form was used to measure the explicit trait of 

aggression (Cronbachôs Ŭ = .84 for Study 2, likely a lower bound estimate). 

Outcomes 

Participants responded to all outcome measures using the same response scale. 

Specifically, following methods used by Bragg and Bowling (2018), participants were asked to 

indicate the frequency with which they engaged in each behavior in the last year on a 7-point 

scale (1 = Never, 2 = Once, 3 = Twice, 4 = Several Times, 5 = Once or Twice a Month, 6 = 

Weekly, 7 = Daily), with the option to specify that a behavior was not applicable to their jobs. 

The endorsement of the not applicable response option averaged at just under 18%. In other 

words, for each item, an average of 17.95% of the sample endorsed NA. See Table 5-4 for more 
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information on the NA endorsement rates. These responses were treated as you would treat any 

missing response in missing data analyses. It was a conscious decision to prefer missing data over 

inaccurate estimates of engaging in behavior at work.  

Table 5-4: Summary of NA endorsement in Gruys & Sackett CWB measure 

Sub-Scale # Items Average # NAs per-item Average % Responses 

Theft 10 121.50 20.87% 

Property 4 106.75 17.82% 

Information 5 101.40 16.77% 

Resources 13 111.08 18.72% 

Safety 4 123.00 21.17% 

Attendance 5 102.60 17.01% 

Quality 3 98.33 16.18% 

Alcohol 3 102.00 16.89% 

Drug 4 105.75 17.62% 

Verbal 8 102.88 17.07% 

Physical 7 104.43 17.36% 

Averages 6 107.25 17.95% 

Note. # Items = The number of items within each sub-scale. NA = Not applicable to my job. 

Average # NAs per-item: Averaged number of NA endorsements for items within each subscale. 

Average % Responses: The average proportion of total responses for items within each subscale 

of NA endorsement.  

Workplace Deviance 

The following sections describe how Neuman and Baronôs (1999) 3-factor model of 

workplace deviance was measured (i.e., Overt Deviance, Obstructionism, Expressions of 

Hostility). Gruys and Sackettôs (2003) 66-item counterproductive workplace behavior scale was 

used to measure 11 dimensions of workplace deviance, and was the chosen measure of 

counterproductive behavior for the larger project that this data collection effort was a part of. For 

the purposes of this dissertation, I selected dimensions (and oftentimes, specific items) that I 
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judged to be most aligned with Neuman and Baronôs definition and measurement of Overt 

Deviance, Obstructionism, and Expressions of Hostility, further discussed below.  

Overt Deviance. Neuman and Baron (1998) define overt deviance as including non-fatal 

physical or sexual assault as well as property damage and theft. Conveniently, Gruys and 

Sackettôs CWB measure includes subscales for inappropriate physical actions, property damage, 

and theft and related behaviors. However, at closer inspection of the items within these subscales, 

some items were more relevant to the definition provided by Neuman and Baron than others. For 

example, although providing goods and services at less than the price established by the company 

is certainly a ñrelated behaviorò to theft, I chose to include only those items that were most 

directly related to theft. These included the following items: ñTake cash or property belonging to 

the companyò, ñTake cash or property belonging to a co-workerò, and ñTake petty cash from the 

companyò. The same was done for destruction of property. The three items included were 

ñDeface, damage, or destroy property, belonging to a co-workerò, ñDeface, damage, or destroy 

property belonging to a customerò, and ñDeface, damage, or destroy property, equipment, or 

product belonging to the companyò. Finally, the same was done for Inappropriate physical 

actions. The three items included were ñPhysically attack a co-workerò, ñPhysically attack a 

customerò, and ñPhysically attack a supervisorò. Cronbachôs Ŭ = .87, which is likely a lower 

bound estimate of reliability.  

Obstructionism. Neuman and Baron (1998) define obstructionism as actions designed to 

impede withs someoneôs ability to perform their job, or with an organizationôs ability to meet its 

objectives. From the Misuse of Time and Resources subscale, items included ñWaste time on the 

jobò and ñWaste company resourcesò. From the Poor Attendance subscale, the item used was 

ñIntentionally come to work lateò. From the Poor Quality Work subscales, items included 

ñIntentionally perform your job below acceptable standardsò, ñIntentionally do work badly or 
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incorrectlyò, and ñIntentionally do slow or sloppy workò. Cronbachôs Ŭ = .70, which is likely a 

lower bound estimate of reliability. 

Expressions of Hostility. Neuman and Baron (1998) define expressions of hostility as 

primarily verbal or symbolic in nature. As such, the Inappropriate Verbal Actions subscale was 

used, which includes three items relating to arguing or fighting with a co-worker, customer, or 

supervisor and three items relating to verbally abusing a co-worker, customer, or supervisor. 

Items also included ñYell or shout on the jobò and ñUse sexually explicit language in the 

workplaceò. Cronbachôs Ŭ = .75, which is likely a lower bound estimate of reliability.  

Model fit of the CWB dimensions were assessed with confirmatory factor analysis. A 

depiction of the CFA model can be seen in Figure 5-1. As recommended by DiStefano et al., 

(2020), because of sparse data in most of the items across all ordinal categories, items were 

treated as continuous and the MLMV estimator was used to correct for non-normality. The three-

factor model demonstrated good fit as defined by Hu & Bentler (1999) (c2 (171) = 5068.53; 

Robust CFI = .976; Robust TLI = .970; SRMR = .079; Robust RMSEA = .030), and all loadings 

were greater than .500 and significant (p < .05).  

General Counterproductive Workplace Behaviors  

 In addition to the three dimensions of workplace deviance, general counterproductive 

workplace behaviors (CWBs) were also measured. General CWBs were measured using all 66 

items from Gruys and Sackettôs (2003) counterproductive workplace behavior scale. Dimensions 

included theft and related behavior (10-items), destruction of property (4-items), misuse of 

information (4-tiems), misuse of time and resources (13-items), unsafe behavior (4-items), poor 

attendance (5-items), poor quality work (3-items), alcohol use (3-items), drug use (4-items), 
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inappropriate verbal actions (8-items), and inappropriate physical actions (7-items). Total 

Cronbachôs Ŭ = .91, which is likely a lower bound estimate of reliability.

 

Data Analysis 

 The analytic plan followed in Study 1 will also be used in Study 2.  

Figure 5-1: Measurement model for Gruys and Sackettôs CWB Measure/Neuman and Baronôs 3-

factor model of Workplace Deviance  
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Chapter 6 
 

Study 2 Results 

Latent Profile Models 

See descriptive statistics for Study 2 variables in Table 6-1. The same procedures were 

used as in Study 1 to conduct the LPA, with the explicit trait of aggression and the implicit 

motive to aggress serving as the two indicators. I evaluated models containing between one- and 

seven-profiles. Fit indices (AIC, BIC, SSABIC) improved moving from a one-profile solution to 

a two-profile solution, AIC and SSABIC continued to improve moving to a three-profile solution, 

albeit the increase in BIC was very minimal. Additionally, entropy increased moving to the three-

profile solution, and continued to increase moving to the four-profile solution. The percentage of 

the sample belonging to the smallest group in the two-profile solution was almost 30%, and in the 

three-profile solution was almost 11%. However, the percentage of the sample belonging to the 

smallest group in the four- through seven-profile solutions was less than 1%. Finally, the LMR 

likelihood ratio test indicated that the two-profile solution was a better fit than the one-profile 

solution, but the three-profile solution was not a statistically better fit than the two-profile 

solution. Given the above information, I further explored the interpretability of the two- and 

three-profile solutions. In the two-profile solution, there was one profile with scores below the 

means on the implicit motive to aggress and the explicit trait of aggression, and a profile with 

scores above the means on the implicit motive to aggress and the explicit trait of aggression. The 

three-profile solution essentially split the profile with scores above the mean on the implicit 

motive to aggress and explicit trait of aggression into two separate profiles: one profile with 

higher scores on the implicit motive to aggress, and one profile with higher scores on the explicit 

trait of aggression. This information adds important nuance to the understanding of aggression 
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profiles, and as such, the three-profile solution was retained. See Figure 6-1 for graphed Z-scores 

for the three-profile solution.  

Table 6-1: Means, standard deviations, and correlations for Study 2 variables 

Variable M SD 1 2 3 4 5 

1. Implicit Aggression 5.71 2.30         

2. Explicit Aggression 2.24 0.52 .14*       

3. Overt Deviance 1.03 0.20 .11* .20*     

4. Obstructionism 1.52 0.70 .05 .24* .33*    

5. Expressions of Hostility 1.21 0.44 -.00 .30* .44* .37*  

6. General CWBs 1.31 0.38 .06 .28* .60* .79* .64* 

Note. N = 706 for Implicit Agg, N = 652 for Explicit Agg, N = 612 for Overt Deviance, N = 614 

for Obstructionism and Expressions of Hostility. General CWBs = General Counterproductive 

Workplace Behaviors. M and SD are used to represent mean and standard deviation, 

respectively. * indicates p < .05.   

 

Table 6-2: Summary of model fit for latent profile models  

Classes AIC BIC 

SS 

Adjusted 

BIC 

Relative 

Entropy LMR p 

% of smallest 

group 

1 4185.711 4203.949 4191.248 - - 100.00% 

2 4163.76 4195.677 4173.45 .488 0.0181 29.62% 

3 4158.426 4204.022 4172.269 .561 0.4586 10.84% 

4 4154.673 4213.948 4172.67 .667 0.0009 0.16% 

5 4156.624 4229.578 4178.774 .571 0.2953 0.16% 

6 4159.488 4246.121 4185.792 .518 0.6685 0.16% 

7 4163.332 4263.643 4193.788 .599 0.4645 0.16% 

Note. AIC = Akaike Information Criterion, BIC = Bayesian Information Criterion, SS Adjusted 

BIC = Sample Size Adjusted Bayesian Information Criterion. LMR = Lo-Mendell-Rubin 

likelihood ratio test. % of smallest group = the proportion of the sample that makes up the 

smallest profile.  

Hypotheses 1: Four profiles will emerge that map onto Bing et alôs Integrative Typology Model 
for Aggression ï Partially Supported 

 Figure 6-1 contains a bar graph describing the level (in Z score units) of each indicator 

within each profile. From left to right, the first profile is comprised of individuals who tended to 
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score below the mean on both the implicit motive to aggress (Z = -0.24) and the explicit trait of 

aggression (Z = -0.41). This profile is most consistent with Bing et alôs (2007) Prosocial 

subgroup. The next profile is made up of individuals who tended to score more than a standard 

deviation above the mean on the implicit motive to aggress (Z = 1.36) and above the mean on the 

explicit trait of aggression (Z = 0.43). This profile is most consistent with Bing et alôs (2007) 

Latent Aggressive subgroup. Finally, the third profile is made up of individuals who tended to 

score above the mean on the implicit motive to aggress (Z = 0.06) and over a standard deviation 

above the mean on the explicit trait of aggression (Z = 1.13). This profile is most consistent with 

Bing et alôs (2007) Overcompensating Prosocial subgroup. The three profiles that were 

uncovered are generally consistent with three of the four subgroups proposed by Bing et al. This 

pattern of results is also consistent with the three profiles retained in Study 1. 
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Figure 6-1: Standardized estimated antecedent means for 3-class latent profile model. 

Note. CRT = Conditional Reasoning Test for Aggression. PRF = Jacksonôs Personality Research 
Form.  
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Person-Oriented versus Variable-Oriented Hypotheses 

Variable-Oriented Results 

See Table 6-3 for a summary of the multiple moderated regression. 

Hypothesis 2b (VO/MMR) ï Overt Deviance: Supported. 

Hypothesis 2b predicted that when implicit aggression is high, as explicit aggression 

increases there will be a corresponding increase in overt deviance, such that Manifest Aggressives 

will obtain the highest levels of overt deviance. Model 1 accounted for 5% of the variance in 

overt deviance. The change in R2 was significant, ȹR2 = .001, F(1,586) = 6.07, p = .01, indicating 

that the interaction was significant. As summarized in Figure 6-2, when implicit aggression was 

high, as explicit aggression increased, there was a corresponding increase in overt deviance, 

providing support for Hypothesis 2b.  

Hypothesis 3b (VO/MMR) ï Obstructionism: Not Supported. 

 Hypothesis 3b predicted that when implicit aggression is high, as explicit aggression 

decreases there will be a corresponding increase in obstructionism, such that latent aggressives 

will obtain the highest levels of obstructionism. Model 1 accounted for 6% of the variance in 

obstructionism. The change in R2 from Model 1 to Model 2 was examined to assess the 

improvement in model fit with the addition of the interaction term. The change in R2 was 

significant, ȹR2 = .004, F(1,587) = 2.80, p = .09, indicating that the interaction effect was 

statistically significant. Contrary to Hypothesis 3b, as can be seen in Figure 6-3, when implicit 
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aggression was high, as explicit aggression decreased, there was a corresponding decrease in 

overt deviance. As such, Hypothesis 3b was not supported.  

Hypothesis 4b (VO/MMR) ï Expressions of Hostility: Not Supported. 

Hypothesis 4b predicted that when implicit aggression is low, as explicit aggression 

increases, there will be a corresponding increase in expressions of hostility, and when implicit 

aggression is high, as explicit aggression decreases, there will be a corresponding decrease in 

expressions of hostility. Model 1 accounted for 9% of the variance. The change in R2 from Model 

1 to Model 2 was examined to assess the improvement in model fit with the addition of the 

interaction term. The change in R2 was not significant, ȹR2 = .001, F(1,597) = 1.07, p = .30, 

indicating that the interaction was not significant. As such, Hypothesis 4b was not supported.  

Research Question 1b (VO/MMR) ï General CWBs: Significant interaction. 

The variable-oriented research question asked if the explicit trait of aggression would 

moderate the relationship between the implicit motive to aggress and general counterproductive 

workplace behaviors. Model 1 accounted for 8% of the variance in general CWBs (R2 = .08). The 

change in R2 from Model 1 to Model 2 was examined to assess the improvement in model fit with 

the addition of the interaction term. The change in R2 was significant, ȹR2 = .01, F(1,590) = 7.95, 

p = .005, indicating that the model with the interaction term was significant. As can be seen in 

Figure 6-4, when implicit aggression was high, as explicit aggression increased, there was a 

corresponding increase in general counterproductive workplace behaviors. However, when the 

influential outliers were removed, the interaction was no longer significant.  
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Table 6-3: Moderated multiple regression analyses  

  Overt Deviance   Obstructionism4   Expressed Hostility5   General CWBs6    

B  ȹR2  ȹF    B  ȹR2  ȹF    B  ȹR2  ȹF    B  ȹR2  ȹF    

Step 1   .05 13.94    .06 17.42    .09 30.34     .08 25.26   

Inter  0     0     0     0       

CRT-A  0.08  
  

  
0.00   

  
-0.06   

  0.01        

PRF  0.19*   
  0.24*   

  .31*   
  0.28*       

Step 2  
 .001 6.20   

 .004 2.80   
 .001 1.07     .01  7.95   

Inter  -0.01   
  -0.01   

  0.01   
  -0.02       

CRT-A  0.08  
  

  
0.00   

  
-0.06   

  0.00       

PRF  0.19*     0.24*     0.31*     0.28*       

CRT-A 

X   

PRF  0.11*   

  

0.07 
  

  

-0.04    0.12* 

      

Note: Inter = intercept. N = 706 for Implicit Agg, N = 652 for Explicit Agg, N = 612 for Overt Deviance, N = 614 for Obstructionism and 

Expressions of Hostility. CWBs = Counterproductive workplace behaviors. * indicates p < .05,  indicates p < .10. 

 

 

 

 

 
4 Analyses were also conducted without the relevant obstructionism prediction outliers. There were no substantive differences in the results. 
5 Analyses were also conducted without the relevant hostility prediction outliers. There were no substantive differences in the results. 
6 Analyses were also conducted without the relevant CWB prediction outliers. The interaction was not significant.  
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Figure 6-2: Interaction of the implicit motive to aggress and explicit aggression in predicting overt 

deviance. 
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Figure 6-3: Interaction of the implicit motive to aggress and explicit aggression in predicting 

obstructionism. 
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Figure 6-4: Interaction of the implicit motive to aggress and explicit aggression in predicting 

general counterproductive workplace behaviors 
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Person-Oriented Results 

See Table 6-4 for a summary of estimated outcome means for the LPA. 

Hypothesis 2a ï Overt Deviance: Not Supported. 

Hypothesis 2a predicted that Manifest Aggressives would be most likely to engage in 

overt deviance compared to the other three profiles. However, because no Manifest Aggressive 

profile was uncovered in the three-profile solution, as such, Hypothesis 2a was not supported. 

However, the analyses were still conducted to determine which of the three existing profiles 

engaged in the most overt deviance.  

Significant differences were observed for overt deviance across the three profiles (ɢ2  (2) 

= 8.19, p = .02). Specifically, Overcompensating Prosocials had the highest predicted levels of 

overt deviance (M = 1.12). This mean level was statistically significantly higher than the levels 

predicted for Prosocials (M = 1.00), but not for Latent Aggressives (M = 1.09) 

Hypothesis 3a ï Obstructionism: Not Supported. 

 Hypothesis 3a predicted that the Latent Aggressive subgroup would be most likely to 

engage in Obstructionism compared to the other three subgroups. Profiles significantly differed in 

obstructionism (ɢ2  = 10.26, p = < .006). Contrary to expectations, Overcompensating Prosocials 

engaged in more obstructionism (M = 1.81) than Latent Aggressives (M = 1.64) and Prosocials 

(M = 1.42). Thus, Hypothesis 3a was not supported.  
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Hypothesis 4a ï Expressions of Hostility: Partially Supported. 

Hypothesis 4a predicted that the Overcompensating Prosocial subgroup would be most 

likely to engage in expressions of hostility compared to the other three subgroups. Profiles 

significantly differed in verbal CWBs (ɢ2  = 13.58, p = .001). As predicted, Overcompensating 

Prosocials had the highest predicted levels of expressed hostility (M = 1.50). This mean level was 

statistically significantly higher than the levels predicted for Prosocials (M = 1.12), but not for 

Latent Aggressives (M = 1.24). As such, Hypothesis 4a was partially supported.  

Research Question 1a (PO/LPA) ï General CWBs: Significant Differences. 

 Research Question 1a asked which profile would be most likely to engage in general 

counterproductive behaviors. Profiles significantly differed in general CWBs (ɢ2  = 12.17, p = 

.002). Overcompensating Prosocials had the highest predicted levels of general CWBs (M = 

1.47). This mean level was statistically significantly higher than the levels predicted for 

Prosocials (M = 1.24), but not for Latent Aggressives (M = 1.44) 

Table 6-4: Summary of estimated outcome means across latent profiles for S2 (Sample 4) 

 

%  

Overt 

M (SE) 

Obstruct 

M (SE) 

Expressions of 

Hostility 

M (SE) 

General CWBs 

M (SE) 

LA 11% 1.09 (0.07) 1.64 (0.21) 1.24 (0.11) 1.44 (0.15) 

PS 68% 1.00 (0.01) 1.42 (0.04) 1.12 (0.02) 1.24 (0.02) 

OP 21% 1.12 (0.05) 1.81 (0.12) 1.50 (0.10) 1.47 (0.07) 

 ɢ2 (2) 8.19* 10.26* 13.58* 12.17* 

Note. M = Mean, SE = Standard Error. * = p < .05. LA = Latent Aggressive, PS = Prosocial, OP 

= Overcompensating Prosocial, CWB = Counterproductive Workplace Behaviors
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Chapter 7 
 

General Discussion 

The purpose of Study 2 was to adopt a person-oriented approach to the study of the 

implicit motive to aggress and the explicit trait of aggression. More specifically, I wanted to 

explore if the four subgroups proposed by Bing et al. (2007b) would emerge in Study 2, if the 

three profiles uncovered in Study 1 would emerge in Study 2, or if a completely different number 

of profiles would be uncovered in Study 2. As found in Study 1, Study 2 uncovered three profiles 

resembling the Prosocial, Latent Aggressive, and Overcompensating Prosocial profiles originally 

proposed by Bing et al., (2007b).  

Comparison of Latent Profile Analysis across Study 1 and Study 2 

Although the number and pattern of profiles are similar across both studies, there are also 

notable differences. The biggest difference between Study 1 and Study 2 is scores on the CRT-A. 

In Study 1, the average CRT-A score was 3.83 (SD = 2.12), and in Study 2, the average CRT-A 

score was 5.71 (SD = 2.30). The differences in CRT-A means did not affect the pattern of 

profiles, but as shown in Figure 7-1 which compares the pattern of profile raw means across 

studies, there is a difference in the implicit motive to aggress between the Overcompensating 

Prosocial and Latent Aggressive Profiles. More specifically, as detailed in Table 7-1, the 

difference in scores on the implicit motive to aggress between the Overcompensating Prosocial 

and the Latent Aggressive Profiles was more pronounced in Study 1 (Difference = 3.226) 

compared to Study 2 (Difference = 2.997).  
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I believe this difference likely impacted the results in the following way. In Study 1, 

when comparing deviance across profiles, there were significant differences across all three 

profiles. For example, in Study 1, Overcompensating Prosocials were most likely to engage in 

Expressions of Hostility compared to both the Prosocials and the Latent Aggressives. However, 

in Study 2, Overcompensating Prosocials were more likely to engage in Expressions of Hostility 

compared to the Prosocials, but the difference between the Overcompensating Prosocials and the 

Latent Aggressives was not significant. The same pattern was true for all other outcomes. Stated 

differently, in Study 1, I could differentiate Overcompensating Prosocials from Latent 

Aggressives. In Study 2, it was more difficult to differentiate Overcompensating Prosocials from 

Latent Aggressives.  

 

Figure 7-1: Comparison of raw means across profiles and studies 
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Table 7-1: Difference in implicit motive to aggress across profiles and studies  

 Study 1 Study 2 Study 1 - Study 2 

Prosocial - Overcompensating -0.535 -0.684 0.149 

Prosocial - Latent -3.761 -3.681 -0.08 

Overcompensating - Latent -3.226 -2.997 -0.229 

 

 The question becomes ï is it more difficult to differentiate the Overcompensating 

Prosocial and Latent Aggressive profiles because of the increase in scores on the CRT-A? A 

logical follow-up question is then why has there been an increase in scores on the CRT-A? 

Answering this question requires a careful analysis of the differences in study protocols. For 

example, in Study 1, all three samples were made up of students, and in Study 2, the sample was 

made up of working adults. In Study 1, all three samples were administered the CRT-A in 

proctored conditions, and in Study 2, the CRT-A was administered online without a proctor. 

Finally, data from the samples in Study 1 were published 20 years ago (2002, 2003, and 2005), 

and data from Study 2 were collected in 2023. As such, it is important to consider the timeframe 

in which data were collected, who the data were collected from, and the administration of the 

CRT-A. Table 7-2 outlines mean scores on the CRT-A across 18 studies found in the extant 

literature, noting the differences in year, administration, and sample. From Table 7-2, a scatterplot 

was created (Figure 7-2) illustrating CRT-A mean by year of publication. As shown in Figure 7-

2, the means for the CRT-A indeed trend upward as time goes on. Specifically, for each 

additional year, the average score increases by 0.06. So, it is not unreasonable to have expected 

higher means in the data collected for Study 2 (in 2023), compared to the data collected for Study 

1 (in 2002, 2003, and 2005).  
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Table 7-2: CRT-A means across studies  

Author Year Mean SD Administration Sample 

LeBreton 2002 3.75 2.11 Proctored Students 

Frost 2002 3.96 1.96 Proctored Students 

Whanger 2003 3.97 2.12 Proctored Students 

Frost 2005 3.96 2.21 Proctored Students 

McNiel 2009 4.60 2.18 Proctored Students 

DeSimone 2010 4.30 2.46 Proctored Working Adults 

Clark 2013 4.75 2.19 Proctored Students 

Baysinger et al.,  2013 4.28 1.07 Proctored Students 

Harris 2013 4.55 2.51 Not Proctored Students 

Galiĺ et al, S1  2014 4.57 2.18 Not Proctored Working Adults 

Galiĺ et al, S2  2014 4.86 2.46 Proctored Students 

Galiĺ 2016 5.10 2.16 Proctored Students 

Wiita et al., S1 2017 4.90 2.64 Proctored Students 

Wiita et al., S2 2017 3.67 1.81 Proctored Students 

LeBreton et al.,  2022 4.91 2.28 Proctored Working Adults 

Ruzojcic et al., 2021 4.99 2.55 Proctored Working Adults 

Tarantino S1 2023 5.22 2.20 Not Proctored Students 

Tarantino S2 2023 5.15 2.25 Not Proctored Students 

 

 

y = 0.0576x - 111.47
RĮ = 0.602

0
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Figure 7-2: Scatterplot of CRT-A means by year 
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 Table 7-3 details a summary of the means from Table 7-2, specifically exploring the 

means when crossing administration and sample. As shown in Table 7-3, the lowest means are 

found when students are proctored (M = 4.35), and higher means are found when working adults 

are not proctored (M = 4.57). In line with this pattern, data from Study 1 were collected from 

students who were proctored, and data from Study 2 were collected from working adults who 

were not proctored. So, not only were Study 2 data collected more recently, and we have seen an 

upward trend in CRT-A means over time, data were also collected from not-proctored, working 

adults. As such, the differences in means across studies does seem to make sense in line with the 

data previously collected on the CRT-A. However, these differences are small in magnitude, and 

confounded by year. Future work should purposefully and strategically examine differences in 

CRT-A scores across samples and administrations. Specifically, in the same year, the CRT-A 

should be administered in proctored and not proctored settings to both students and working 

adults.  

Table 7-3: CRT-A means across studies by sample and administration  

 Students (k) Working Adults (k) 

Total 4.87 (k = 14) 4.48 (k = 5) 

Proctored 4.35 (k = 11) 4.46 (k = 4) 

Not Proctored 4.97 (k = 3) 4.57 (k =1) 

Note. k = number of studies. 

It is also important to consider that it may have been more difficult to differentiate the 

Overcompensating Prosocial and Latent Aggressive profiles because of the nature of the 

outcomes across studies. In other words, it might be that the differences in CRT-A scores 

between the profiles across studies is not relevant, but rather, it is due to differences in the 

outcomes. In Study 1, behavioral outcomes were used. Specifically, behaviors in basketball, 

officially recorded school conduct violations, and a simulated rating of an unethical sales 

representative were used. In Study 2, a self-reported questionnaire was administered to 
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participants to learn about their behaviors at work. As previously described, in an effort to make 

the self-report questionnaire more objective, I had participants think in terms of the frequency 

with which they have engaged in these behaviors. However, it is very possible that this change in 

response scale was not enough to mitigate against the fact that a self-report survey was 

administered. As such, it may have been harder to detect differences in workplace outcomes 

because of the self-report nature of the outcome, and because the CRT-A has historically been a 

more effective predictor of behavioral and objective criteria. To fully disentangle these findings, 

future research might consider measuring outcomes that are self-reported in a sample of students 

who are administered the CRT-A under proctored conditions and measure behavioral outcomes in 

a sample of working adults.  

Comparison of Moderated Multiple Regression across Study 1 and Study 2 

Overt Deviance 

Differences were less pronounced in terms of the results obtained from the moderated 

multiple regression across Studies 1 and 2. In both Study 1 and Study 2, significant interactions 

between the implicit motive to aggress and the explicit trait of aggression in the expected 

direction were found for overt deviance. In Study 1, this was only true when overt deviance was 

operationalized as physical aggression in basketball, but not when operationalized as retaliation in 

the simulated lab study. One reason for this could be that physical aggression in basketball was 

more objective compared to the self-rating of a sales representative in a simulated scenario which 

is more subjective. Support for this idea can be seen in Table 3-5 (Study 1 MMR results). 

Specifically, both the implicit motive to aggress and the explicit trait of aggression exerted main 

effects on behavioral physical aggression, yet only the (self-reported) explicit trait of aggression 

exerted a main effect on the (self-reported) ratings in the vignette study.  
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Obstructionism 

In Study 1, there was no significant interaction between the implicit motive to aggress 

and the explicit trait of aggression when predicting obstructionism in basketball. However, in 

Study 2, there was a significant interaction when predicting obstructionism CWBs. As shown in 

Table 3-5 (Study 1 MMR results), there was a main effect for the CRT-A in predicting 

obstructionism in basketball, but not a main effect for the PRF. As in Table 6-3 (Study 2 MMR 

results), the PRF had a main effect on the prediction of obstructionism CWBs, but there was no 

main effect on the CRT-A. This is in line with what we know about the prediction of outcomes 

using implicit motives and explicit traits. In the Study 1, the implicit motive to aggress was a 

significant predictor of behavioral obstructionism, but in Study 2, the implicit motive to aggress 

was not a significant predictor of self-reported obstructionism. Conversely, in Study 1, the 

explicit trait of aggression was not a significant predictor of behavioral obstructionism, but in 

Study 2, the explicit trait of aggression was a significant predictor of self-reported obstructionism. 

Although interesting, this does not necessarily get at the difference found for the interaction, 

though it is likely that the difference in outcome measurement was a contributing factor. 

Expressed Hostility 

In both Study 1 and Study 2, no significant interaction was found between the implicit 

motive to aggress and the explicit trait of aggression in the prediction of expressed hostility, 

indicating that the measurement of expressed hostility may need to be more carefully considered. 

At closer inspection, expressed hostility was not correlated with the implicit motive to aggress in 

either study (Study 1 r = -0.04; Study 2 r = 0.00), but was correlated with the explicit trait of 

aggression in both studies (Study 1 r = 0.28; Study 2 r = 0.30). Future research should explore 

hostility outcomes that can be successfully predicted by the implicit motive to aggress. 

Conversely, we might want to consider that the implicit motive to aggress is not a great predictor 
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of expressions of hostility. Additionally, it may be that expressed hostility is too broad of a 

deviance dimension. Specifically, expressions of hostility can be direct (e.g., giving someone the 

finger, yelling at someone) or indirect (e.g., gossiping, excluding people). As such, future work 

might try to better differentiate between types of expressed hostility.  

General Counterproductive Behaviors 

Finally, in Study 1, there was no significant interaction between the implicit motive to 

aggress and explicit aggression in predicting general counterproductive behaviors, but in Study 2 

there was a significant interaction. In Study 1, general counterproductive behavior was measured 

by an official student conduct violation and showed small correlations with both aggression 

measures (CRT-A r = 0.02; PRF r = 0.07). In Study 2, general CWBs had larger correlations both 

aggression measures, but especially with the explicit trait of aggression (CWB r = 0.06, PRF r = 

0.28). One explanation for this difference across studies is that CWBs that are self-reported will 

be more highly correlated with a self-report measure of aggression, compared to 

counterproductive behaviors that were part of a studentôs official record. Future work may want 

to explore alternative operationalizations of general counterproductive behaviors to see if this was 

the case. For example, one might explore other reported CWBs rather than self-reported CWBs.   

Comparison of Person-Oriented and Variable-Oriented Approaches 

Finally, in addition to comparing person-oriented and variable-oriented approaches across 

studies, it is also useful to compare the pattern of hypothesis support across study and approach. 

See Table 7-4 for an overview of the hypotheses across studies and approaches. The first main 

difference when comparing variable- and person-oriented approaches is the number of hypotheses 

with support. Both approaches had only 2 fully supported hypotheses, however there was an 
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additional person-oriented hypothesis with partial support. Of more interest is when hypotheses 

were not supported. Using a variable-oriented approach, 5 of 7 hypotheses were not supported. Of 

these 5 hypotheses, 1 of these did show a significant interaction in the opposite direction 

compared to what was predicted. Using a person-oriented approach, 4 of 7 hypotheses were not 

supported, but all 4 hypotheses showed significant differences across profiles, just not as 

expected (and this is largely due to the absence of a Manifest Aggressive profile). Reiterating 

some thoughts from Study 1, by testing a person-oriented theory with a person-oriented method, 

it is possible I was better able to test the questions that Bing and his colleagues were hoping to 

test, and thus, I was able to find significant differences across profiles even when I could not find 

a significant interaction. In addition, moderated multiple regression has some methodological 

drawbacks, especially compared to latent profile analysis. See the Study 1 discussion for a more 

in-depth discussion of MMR drawbacks. 
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Table 7-4: Comparisons of tests of hypotheses across studies and approaches   

Study Hypothesis VO/MMR  PO/LPA 

 Overt Deviance 

Study 1 
H2 (BBall Physical) Supported 

Could not be tested as 

originally proposed* 

Study 1 
H2 (Retaliation) Not Supported 

Could not be tested as 

originally proposed* 

Study 2 
H2 (Overt CWBs) Supported 

Could not be tested as 

originally proposed* 

 Obstructionism 

Study 1 H3 (BBall Obstruct) Not Supported Supported 

Study 2 H3 (Obstruct CWBs) Not Supported* Not Supported* 

 
Expressions of Hostility 

Study 1 H4 (BBall Verbal) Not Supported Supported 

Study 2 H4 (Verbal CWB) Not Supported Partially Supported 

 Counterproductive Behaviors 

Study 1 RQ1 (Conduct Violation) No sig. interaction No sig. differences 

Study 2 RQ1 (General CWB) Sig interaction Sig differences 

Note. VO/MMR = Variable-Oriented/Moderated Multiple Regression. PO/LPA = Person-

Oriented/Latent Profile Analysis. * = hypothesis not supported but significant differences found.  

Limitations  

As discussed above, this dissertation uncovered some interesting and nuanced findings. 

However, these results should be interpreted in the context of the following limitations. I will 

discuss sampling, measurement, and the lack of available research to draw upon.  

First, the nature of the sample could have impacted the findings. I used Prolific to collect 

responses from working adults. The purpose of this was to get a more diverse sample specifically 

of working adults. However, it is important to acknowledge that these results may not generalize 

to the entire working adult population. For example, only about a quarter of the sample came 
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from those working in industries that are more traditionally associated with blue-collar jobs. 

Future work should purposefully sample from this population to see if there are any differences in 

aggression profiles and subsequent behaviors. 

There are also a few factors related to measurement that are important to consider. First, 

the conditional reasoning test for aggression was administered online, but it is recommended that 

the CRT-A be administered under proctored and timed conditions to ensure participants do not 

seek input from others as to the ñcorrectò solutions to the inductive reasoning problems (LeBreton 

et al., 2020). Because the CRT-A was administered online without a proctor, we do not know if 

participants truly responded on their own, if they looked up how the test worked, or if they asked 

those around them for help. Although individuals are screened out if they answer illogically, if 

they looked up how the test worked, participants would have the ability to lie, resulting in an 

underestimation of their true aggression score. Although this does not seem to be the case given 

the elevated CRT-A means in Study 2, future research may still want to explore if profiles 

replicate under proctored conditions, as well as see if the magnitude of difference between 

Overcompensating Prosocials and Latent Aggressives is more pronounced under proctored 

conditions.  

 In addition to the administration of the CRT-A, measurement of the outcomes of interest 

may also have impacted the results. First, as mentioned briefly previously, the self-report nature 

of the workplace deviance measure conflicts with suggestions for appropriate criteria for 

conditional reasoning tests. Specifically, it is recommended that criteria be behavioral (i.e., 

objective) because CRTs are better predictors of objective, behavioral outcomes (LeBreton et al., 

2020). In Study 2, to orient participants to think more objectively about the outcomes of interest, I 

asked them to report the frequency with which they engaged in behaviors in the last year, rather 

than how much they agree that they were likely to engage in a behavior. However, the severe 
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variance restrictions on the self-report measures of workplace deviance may have limited the 

utility of the more objective response. This is especially true given that most of the behaviors that 

participants were asked to self-report on are almost impossible to engage in with high frequency, 

while still retaining employment. By virtue of studying working adults, these are likely 

individuals that are not engaging in these deviant behaviors all that frequently. This was 

supported in the data obtained from Study 2, given that for almost every question in the CWB 

scale, most participants indicated that they had not engaged in the behavior in the last year. Future 

research may want to study samples of individuals who were recently fired from their jobs. 

Additionally, future research may want to study deviant behaviors with higher base rates for 

working adults (e.g., bullying), or use a response scale that is more appropriate for low base rate 

phenomena like a dichotomous scale (0 = did not engage in the behavior, 1 = engaged in some 

level of the behavior).  

 In addition to the self-report nature of the outcome, it also would have been useful to 

have subject matter experts complete a Q-sort task where items from Gruys and Sackettôs CWB 

scale were more systematically matched to the definitions of the three dimensions of workplace 

deviance as defined by Neuman and Baron. Alternatively, if data were not collected as part of a 

larger study, perhaps it would have made more sense to use Neuman and Baronôs 3-dimensional 

measure of workplace deviance. Future work may want to explore the utility of both options.  

Empirical Contributions  

The first contribution of this dissertation is that I uncovered subgroups that exhibit 

specific patterns of implicit motives and explicit traits, providing a strong test of Bing et al.ôs 

(2007b) integrative theory of aggression. In addition, I uncovered nuanced information about the 



105 

 

 

behavioral patterns of each of the profiles.  Of the five interactions examined in Study 1, only one 

was significant (overt deviance, 20%). Of the four interactions examined in Study 2, only one was 

significant in the anticipated direction (overt deviance, 25%), although an additional interaction 

was significant that was conducted in an exploratory manner (general CWBs), and another was 

significant, just not in the expected direction (obstructionism). However, the results were 

different when looking through a person-oriented lens. Specifically, I was able to identify unique 

differences in behavior across profiles in all five tests from Study 1 (100%) and in all four tests 

from Study 2 (100%).  

One noteworthy example of nuanced findings is in the prediction of obstructionism. For 

example, in Study 1, the explicit trait of aggression did not moderate the positive relationship 

between the implicit motive to aggress and obstructionism. However, person-oriented findings 

provided more insight and a more nuanced understanding of how these different components of 

aggressive personality are related to obstructionism. Specifically, a person-oriented approach 

uncovered that the Latent Aggressives were more likely to engage in obstructionism behaviors 

compared to the other profiles.  

Practical Implications 

In terms of practical implications, the nuanced results illustrate the potential benefit of 

organizations adopting a person-oriented approach to understanding their employeeôs behavior. 

While this is only a first step to uncovering the potential benefits of adopting a person-oriented 

approach, the results of this dissertation will spark future research aimed specifically at how 

organizations might tailor interventions differently for certain subpopulations. For example, 

Moreo et al. (2023) explored if perceived supervisory support could mitigate the negative effects 

of aggression on employeesô anger reactions in restaurants. They found that when employees 



106 

 

 

reported low perceived supervisor support, the relationship between aggression and anger was 

significant. However, when employees reported moderate to high levels of supervisory support, 

the relationship was no longer significant. As such, restaurant managers may be able to leverage 

increased levels of supervisor support to lessen the likelihood of employees' engaging in angry 

outbursts (i.e., expressions of hostility). However, if we consider a person-oriented approach, it 

could be that supervisor support actually has a different effect on different aggression subgroups, 

and as such, the interventions will be more effective if supervisors are able to tailor their support 

style to different subgroups.  

As another example, Ruģojļiĺ et al., (2021) explored how job satisfaction and workplace 

anger affected the relationship between aggression and counterproductive workplace behaviors. 

They found that workplace anger increased the likelihood of aggressive individuals engaging in 

counterproductive workplace behaviors toward individuals. As such, managers may likely 

recommend anger management to individuals who engage in CWBs against individuals. 

However, if a person-oriented approach is considered, it could be that anger management is only 

beneficial to certain profiles. For example, it may be that Overcompensating Prosocials would 

benefit from anger management because of the tendency for outbursts and lack of self-control, 

but Latent Aggressives might not benefit because when they engage in CWBs against individuals, 

anger might not be driving their behavior. Future research should continue to explore how 

aggression profiles may interact with different workplace interventions. 

There are also implications for personnel selection. Organizations often rely upon self-

reported questionnaires like the PRF used in these studies to identify and select applicants who 

score low on explicit aggression. However, as can be seen from the results of these two studies, it 

is critical for organizations also to consider the applicantsô implicit motive to aggress. An 

applicant can score low on the PRF but be considered a Latent Aggressive if they also score high 
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on the implicit motive to aggress. As found in these two studies, if this employee were hired, it is 

possible that they would engage in various CWBs on the job. By leveraging integrative models, 

organizations may better identify problematic applicants. Future research should continue 

exploring operationalizations of both the implicit motive to aggress and the explicit trait of 

aggression to identify the best way to test these integrative models in practice. Additionally, 

validation of this approach in a selection setting and the development of cut scores will be 

necessary. If we can prevent individuals from entering organizations who are likely to engage in 

workplace violence, bullying, and other deviant behaviors, employees will be less likely to face 

the physical and psychological hardships that stem from experiencing or witnessing these 

behaviors at work. 

Theoretical Contributions 

One of the key theoretical contributions is having the ability to refine the integrative 

theory proposed by Bing and his colleagues (2007b). First, we may start to question the existence 

of a Manifest Aggressive profile. I did not uncover a Manifest Aggressive profile in either Study 

1 or Study 2. However, this does not necessarily mean that a Manifest Aggressive profile does not 

exist. For example, some Manifest Aggressives may be imbedded in the Latent Aggressives 

profile. Those who have latent justifications for aggression may be less likely to respond 

truthfully to a measure explicit aggression. So theoretically, Manifest Aggressives may exist. 

However, in practice, it may be difficult to accurately identify members of this subgroup. Future 

research may want to specifically explore if they can uncover Manifest Aggressives within the 

Latent Aggressive profile by including measures of social desirability into the measurement of 

explicit aggression. It would be interesting to see if there are actually individuals within the 

Latent Aggressive profile who are lying on the assessment of their explicit aggression or if 



108 

 

 

Manifest Aggressives do not exist. Future work should also explore the integrative theory in 

samples that may be more inclined to include Manifest Aggressives. For example, conducting 

research on a group of recently terminated employees may reveal the existence of a Manifest 

Aggressive profile.  Additionally, a Manifest Aggressive profile may be more likely to emerge in 

a sample of those employed in jobs that dictate that individuals must be capable of engaging in 

controlled acts of aggression when the situation calls for it. For example, in a sample of those 

working in law enforcement, a Manifest Aggressive profile may emerge, and it may allow us to 

differentiate between those who are better able to control their acts of aggression and those who 

are more likely to abuse this aspect of their job (e.g., using unnecessary lethal force).  

Although a Manifest Aggressives profile was not observed in either study, in both 

studies, I observed the incongruent aggression profiles: Latent Aggressives and 

Overcompensating Prosocials. Perhaps the most important piece of the integrative theory is found 

in the incongruence of implicit motives and explicit traits.  For example, in line with what was 

originally proposed by Bing et al. (2007b), Latent Aggressives were most likely to engage in 

Obstructionism in basketball. Relying upon conditional reasoning theory, this makes sense. These 

individuals were likely able to justify aggressive acts but did so in ways consistent with their self-

image (or desired self-image, if we think that there might be some Manifest Aggressives hiding 

within the Latent Aggressives).  

Additionally, as predicted, Overcompensating Prosocials were most likely to engage in 

Expressed Hostility in basketball. Relying again upon conditional reasoning theory, this makes 

sense. Individuals will  engage in expressions of hostility without needing latent justifications for 

aggression. Indeed, workplace deviance is often seen as resulting from negative emotions and/or 

a lack of self-control (e.g., Berkowitz et al., 1969; Chen & Spector, 1992; Fox & Spector, 1999). 

From this perspective, aggression stems from anger or frustration (or other negative 
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emotions/affect) in response to a stressful event or situation. As an example, Balducci and 

colleagues (2012) found that high-arousal negative affect fully explained the relationship between 

workaholism and workplace bullying (i.e., workaholism being the stressor, bullying being the 

hostile outcome). Additionally, Fida et al., (2012) found that the relationship between 

interpersonal conflict and counterproductive behaviors directed at individuals could be fully 

attributed to the negative emotions experienced as a result of the interpersonal conflict. Stated 

differently, it may be that Overcompensating Prosocials are engaging in acts of hostility because 

they get angrier in response to stressors rather than because they want to harm others.  

Importantly, if we think of Bing and colleaguesô description of an Overcompensating 

Prosocial, they are rigid in behavior and refrain from engaging in aggressive acts. As seen across 

both studies, this was not the case. Instead, this subgroup engaged in acts of deviance such as 

expressions of hostility. Therefore, rather than this group of individuals ñovercompensatingò for 

their aggressive self-perception, this group of individuals may see themselves as aggressive 

because they are aggressive ï they tend to engage in outbursts and express hostility in stressful 

situations. In the future, I recommend renaming this profile from Overcompensating Prosocials to 

Reactive Aggressives.   

In addition to refining and testing Bing et al.ôs (2007b) integrative theory of aggression, 

other theories have been proposed by organizational scholars that integrate implicit motives with 

explicit traits. This dissertation provides at least some support for the feasibility of adopting a 

person-oriented approach to test other similar theories. Some examples include integrating the 

implicit need for achievement and explicit achievement motivation (e.g., Bing et al., 2007) and 

the implicit affiliation motive with explicit extraversion (e.g., Lang et al., 2012, Thielgen et al., 

2015). Future research should continue to explore which theories might be more appropriately 

tested with person-oriented approaches. 
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Conclusion 

This dissertation successfully adopted a person-oriented approach to studying the implicit 

motive to aggress and the explicit trait of aggression. I was able to uncover three profiles that 

reflected three of the four subgroups first described by Bing and his colleagues (2007b). As 

suggested by Bing et al., these aggression subgroups are useful for theorizing about the behavior 

of individuals with different configurations of implicit and explicit aggression. Using person-

oriented methods to test Bing et al.ôs person-oriented integrative model yielded stronger support 

for the model when compared to variable-oriented methods. Thus, by aligning theory with 

method I was able to better understand the viability of the integrative model and to identify new 

and interesting relationships not previously discussed in the literature.   
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