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ABSTRACT

In this dissertation | explodgthe feasibility of adopting a persamiented approach to the
study of the implicit motive to aggress and the explicit trait of aggression. Specifidabjedan
integrative model theorized by researchers integydlhe implicit motive to aggress and the
explicit trait of aggression. This thedngs been exclusivetgsted using variableriented
approaches (e.g., regression), but | propose that adopting a-peiestied approacprovided a
betteralignmentof theory and methqdhus offering a morpowerful and appropriate tes this
dissertation| explored whetherprofilesextracted using a latent profile analysis of implicit and
explicit aggressiomvereconsistent with the hypothesized profiles identified inititegrative
model for aggression. In Study 1, | leverdgferee archival samples of college studeamtd
uncovered three of the four profiles that wignidally proposed. In addition, lalidaiedthese
profilesby exploring differences ibehavioral manifestations of devian&pecificdly, | found
thata profile of individuals scoring high on the explicit trait of aggression and low on the implicit
motive to aggreswasmost likely to engage in expressions of hostilitglsofound that a profile
of individuals scoring high on the implicit motive to aggress and low on the explicit trait of
aggressionvasmost likely to engage in obstructionism and overt deviainctudy 2, | largely
replicated Study 1 in a sample of working adulisngwork-relatedmeasures of devianc&he
same thre profiles were uncovered. However, in Study 2, the profile of individuals scoring high
on the explicit trait of aggression and low on the implicit motive to aggress were most likely to
engage in expressions of hostility, obstructionism, and overt deviarioeth studies | also
explored howresults using &ariableoriented methodi.e., moderated multiple regression)
compare to results using personroriented method. The results from both studies are compared

and are discussed in terms of empiricalcpcal, and theoretical implications
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Chapter 1

Introduction

Workplace deviance hashegre f i ned as fAefforts by individt
whom they work, or have worked, or the organizations in which they are presently, or were
previously, e mMpBaronyl8d8,m 395)Mevianoeaat work can encompass a
wide variety of behaviors, includingressions of hostility (e.g., obscene gestures, gossiping),
obstructionist behaviors (e.qg., slowing down work, withholding resources), and overtly aggressive
behaviors (e.g., physical assadistruction of properjyEach of these behav®can have
detrimental effects on organizations as wellhesr employeesSpecifically, leing a victim of
bullying, abuse, and/or violence at wdrlis been shown to be relategltysical and
psychological healtproblems such as headaches and difficulty concentrating (Fida et al., 2018;

Hallberg & Strandmark, 2006upset stomac{Djurkovic et al., 2004 cardiovascular problems

like respiratory complaints and hypertension (Hallberg & Strandmark, 2006; Wager et al., 2015;

Xu et al., 2018), psychologicdistressncluding decreased genesatllbeing increased

depression and increased strig3jsirkovic et al., 2004; Lopes et al., 2018; McTernan et al., 2013;

Quine, 2003Tokarev et al., 200)7diminished selesteem (Hallberg & Strandmark, 200éxd

even increased risk of suiciddglducci et al., 200Pompili et al., 2018). Harrowing results from

a qualitative study on the effects of workplace bullying found that participants viewed workplace

bullying as a traumatic éeéyveheavhag adadit heer Aim

vulnerability, which would never heal completely, but would easily reopen and continue to cause

harmo (Hall berg & Strandmark, 2006, p. 112).
In addition to the physiological and psychologicasts to the employees, there are

indirect and direct costs to tleenployingorganizations. For example, those who have
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experienced violence, harassment, and other forms of hostile treatment at work have been shown
to display decreased job performamarel productivityHewett et al. 2016; McTernan et al.,

2013), increased absences (McTernan et al., 2013), lower job satisfaction (Quine, 2003), and
increased turnover intentions (Djurkovic et al., 2004). In addition, those witnessing these hostile
work behaviors, althoughot experiencing hostility directly, are also directly affected.

Researchers have found that witnessesreqmme decreased engagement at work and increased
turnover intentions (Holm et al., 2023). Hassard and colleagues (2019) reviewed studies that
estimated the economic burden to organizations resulting from workplace violence and found that
many described dict costs to organizationsuch as medical costs, legal fees, and disability
benefits, as well as indirect costs, such as productivityalodsaabsences.

Importantly, fostile and violent behaviors at work are a vicious cydleing a victim of
workplace bullyingmay, in fact,result inemployees engaup in hostile behaviors themselves
(FernandezlelRio et al., 2021Fida et al., 20180tuaga et al., 2023further contributing to the
cycle of mistreatment in organizatigrad further increasing the physical, psychological, and
monetary costs to employees and organizations. As such, a key focus for organizations and
organizational researchers alike hasrb® better understand how to decrease the incidence of
workplace deviance. To do saf®larshave ofterturnedto the study opersonalityas a way to
predictwho might be modtkely to engage invorkplace devianceMetaanalyses have
consistently linked personality to workplace deviance. For example, conscientiousness and
agreeableness have consistently been shown to be two of the strongest (negative) predictors of
interpersonal workplace deviance (Berry et alQ2ZMackey et al., 2019; Pletzer et, @019). In
addition to negative associations of prosocial traits with interpersonal workplace deviance,
scholars have also explored the positive relationship between more maladaptive traits with
workplace deviance (see LeBreton et al., 2018 for a reoretiie dark triad traits and workplace

behavior). For example, Parker Ellen Ill et al., (2021) found that Machiavellianism and
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psychopathy were the most important predictors of interpersonal deviance. Additionally, Preston
et al. (2022) found that disinhibition, meanness, egocentrism, callousness, and antisocial
personality were significant predictors of interpersonal deviance.

Although scholars have consistently found important linkages between personality and
workplace deviancehe study of personality is continually evolving in the organizational
sciencesHistorically, organizational scholars have relied upon the studylfcit traitsi those
thatemployees are able to consciously recognize andegatiti to help explain behavioOne
of the more prominent examples of explicit personddithhe Five Factor Model (FFMyvhich
consists obpenness texperiencegconscietiousnessextraversionagreeableness, and
neuroticism (Costa & McRae, 1992; Goldberg, @:99cCrae & Costa, 1999)mportantly, the
traits that comprise the FFNhve consistently been shown to predigbortant organizational
behaviors such as job performance (Barrick & Mount, 1991; Tett et al., 1991), organizational
citizenship behavior (Organ & Ryan, 1995), wadling (DaNeve & Cooper, 1998), and turnover
(Griffeth et al., 2000).

To ensure a more comprehensive understandin
organizational scholars have reinvigorated their studyplicit motiveswhich are responsible
for driving, directing, and energizing behavior. Unlike explicit traits, implicit motives reside
largely outside of conscious awarenassd,as such, cannot be se#fported and instead must be
measured in indirect ways. McClellafitR85)viewed the implicit motives for achievement,
power, and affiliation as the three fundamental humative systems, now known as the Big
Motives. In the organizational sciences, scholars have uncovered relationships betweerBthe Big
implicit motives and performance (Bing et al., 2007b; Lang et al., 2012), leadership behaviors
(Delbecq et al., 2012;t8inmann et al., 2015), and interpersonal conflict (Chun & Choi, 2014).

Moving beyond the B motives, organizational scholars have also widely stutidmnplicit
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motive to aggresk a desire to harm otherswhich has been linked to workplace anger (Moreo et
al ., 2021; Ru g owolkdlate devianc.g.,.JameL&L2Breton, 2013).

Whether studying explicit traits or implicit motives, organizational schblave
typically studied personality using varialiéented theories and variabdeiented methods.
Variable-oriented approaches focus on understanding the relationships between variables (e.g.,
traits and motives) within a single, welefined populatiorfe.g., all working adults)As such,
variableoriented approaches produce a single set of parameters believed to be representative of,
and appropriate for, samples drawn from giagle, weldefined population(e.g., Howard &

Hoffman, 2017)Examples of variableriented methods used to study personality include
common statistical tools such as regression, factor analysis, and structural equation modeling.
Indeed, the findings related to explicit traits and implicit motives discussed prewoers
uncovered using variableriented approacheBecause of the potential for discovering novel
theoretical insights and the potential to build interventions that are uniquely tadatifitent
subgroupsthere has been a push withive organizational sciencés researchers to consider if
personoriented theories and methods might further enhance our understanding of important
phenomenée.g., Hbfmans et al., 202Meyer & Morin, 2016.

Contrasting variabl®riented approaches are pergwiented approaches, which are
predicated on their own set of unique assumptions. A key tenet of gmieated research is that
behavior is largely specific to subgroups (Bergman & Magnusson, 1998d &tternatively,
personoriented approaches assume that significant heterogeneity exists within our populations.
As such, proponentsofpersonr i ent ed approaches argue that #dAor
tailored to the characteristics of a particularwdiial or group of individuals, allow the
researcheréto do justice to the undivgnuieEgeness of
and Bogat, 2006, p. 393). Adopting a persoiented approach allows us to tailor theories to each

of the most frequently occurring subgroups. Examples of pasented methods that are
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appropriate for the study of personality include latent class analysis, latent profile analysis, and
cluster analysis.

Organizational researchaecognizethat both implicit and explicit components of
personality are useful predictors of behavidonsequentlyesearchers have sought to integrate
information from both aspects of personalltydeed this dissertationvas catalyzed bgn
integrativeframework developed by crossing high and low levels of the implicit motive to
aggress with the explicit trait of aggression, resulting in $obgroups of individuals
hypothesized to have similar score profiles (Bing etal., 20@&vb)c or di ng t o Bi ng et
individuals within each subgroup were hypothesized to behaviorally express their personality
characteristics in similar way$hus,the theoretical underpinnings thiis framework appear to
be persororiented in nature. Howevedsjng and his olleaguegested this framework using
variableoriented methods specifically, they used moderated multiple regression to test for
statistical interactiombetween the implicit motive to aggress and the explicit trait of aggression
whenpredicting various acts of deviance anisbehavior For example, these authors found that
the implicit motive to aggress moderated the strength of the positive relationship between the
explicit trait of aggression and active forms of organizational deviance, such thaatl@ship
grew stronger as levels of the motive to aggress increased (Bing et al., 200/ b}e of
variableoriented methods to integrate implicit and explicit motives is not unigue to Bing et al.
(2007), but instead reflects the methodological norms in the organizational sciences, and is
consistent with how other scholars have sought tgiate implicit motives with explicit traits
(cf. Bing et al., 2007; Frost et al., 20@Ga & R u § 0,j2017; Lang et al., 2012)

Although Bing and colleagues adopted a variaslented approach to the study of the
aggressiosubgroups i n hindsight, Bing and sulmgtolpge aguesd

might more appropriately be classified as a pexs@ented framework. Specifically, the Bing et



al. (2007b) frameworlppeagedto satisfy the criteria for perseasriented researctatalogedy
von Eye and Bogat (2006. 393

1. A sample is analyzed under the assumption that it was drawn from more than one
popul ationéEach of these met hods diffefin f or mi ng
parameters such as means and varianaed also in functional characteristics,

2. Attempts are made to establish external validity of the groupings. This can be for
instance, by asking whether the members of different groups also differ in variables not
used to create the groups, and

3. The groups are i nter pr e tthedroupiags raudt either haveh e or y é
plausible, a priori meaning or be interpretable with reference to substantive theory.

I n the subsequent |l iterature review, | wi ||
meetshe above criteria for persasriented researchn doing s@ | argue that frameworKike
those offered by Bing et al. (2007b) should be tested and interpreted through aopiersieal
lens.

My dissertation seeks to make important empirical, theoretical, and practical
contributions. From an empirical perspective, using pess@nted methods allows us to
uncover subgroups that exhibit specific patterns of implicit traits and explicit molives.
empirical identification of these subgroups could have profound implications for practice (to be
discussed subsequently). Additionally, by adopting a persemted approach to testing Bing et
al . 6s framewor k for i ntsadity drhaymmgovermagnted ci t and e
information not previously evidenced through variatwiented analytic approaches. Finally, my
dissertation will include a direct comparison of two empirical approaches to integrating
information about implicit motives arekplicit traits: moderated multiple regressidiMR)
analyses and latent profile analy$eBA). Comparing these two approaches will provide a strong
test of the predictive and explanatory utility of variabteented ersuspersonroriented

integrations ofraits and motives.
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In terms of theory, the biggest contribution is the appropriate alignment of theory with
met hod. Specifically, I argue that testing Bin
oriented approach is a better test of the theory proposed, and becthisel ohay discover new
insights related tmtegratingimplicit motives and explicit traitszor example, | maidentify a
smallernumber (or dargernumber) ofsubgroupghan what was originally proposed by Bing and
his colleagues either of which wold have important implications for building theories to
integrate implicit and explicjpersonality

Finally, my dissertation makes important practical contributions. Specifiétiliye can
improve upon our prediction of workplace deviance, we may be better equipped to prevent and
respond to deviance in organizations. Indeeganizations often rely on information about
employee personality to enhance decisizaking and improve performance. Based on the
findings of this dissertation, it is possible that organizations may opt to revise existing practices.
For example, organizans often use personaliassessments as part of their personnel selection
systems. However, if we start thinking about applicant pools as being made up of multiple
subpopulations, we may need to adjustv personality assessments are used to identify- high
potential job applicants. Additionally, interyv
approach is adopted. For example, if an organization wants to reduce the likelihood of workplace
violenae, it is possible that interventions tailored to the unique charactedstiifferent
subpopulations may be more effective than a general intervention that ignores the subtle
differences across subpopulations. Similddgdership development programs may be more
effectiveif training istailored toleaders based on their membership in diffesefigroups.

This dissertation consists of two separate studies. In Studykflore if subgroups of the
implicit motive to aggress and the explicit trait of aggression byigooling data fronacross
three archival samples. Specifically, | compare the characteristics of subgroups identified using

latent profile analysis to treubgroupcharacteristics that were hypothesized by Bing et al.
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(2007b). In addition, éxplorethe utility of using a persowriented approach to test whether
different subgroups are more likely to engage in different forms of devianaaiabéehavior
Finally, | will compare results obtained using persoiented analytics to those obtained using
traditional variableoriented analytics. In Study 2, | attempt to replicatd extend théndings
from Study 1 using a new sample of working adults.

The literature review is structured as follows. First, | provide a more detailed overview of
the study of personality in the organizational sciences, including explicit traits, imnpditites,
and the frameworks for their integration. Persoiented approaches will be introduced in
contrast to the typical variabtiriented treatments of personalifyo illustrate, | will demonstrate
the possibility of aligningexisting persoforiented theories with persanriented analytic methods
using Bing and hi s c o théinepbciymotive  aggressnel the explicitv e mo d
trait of aggression. Finally, | review reseamhaggressive @rsonality characteristics atfueir
relationdips withworkplace deviancand misbehavigmwhich | use to generate hypotheses for a

persoror i ented test of Bing and colleaguesdé model

The Study of Personality in the Organizational Sciences

Personality can be described as fAthe dynami
processes that determine an individual's cognitive, affective, and behavioral adjustments to his or
her environmento (James & L e Br schotars are igtérebtad, p. 3
in predicting and understanding employees' thoughts, feelings, and behaviors, there is a long and
storied history of personality research within the organizational scidndbe. earliest days,
personality instruments were despéd specifically for clinical populations (e.g., MMPI;

Hathaway & McKinley, 1940) and/or lacked evidence of predictive validity in organizational

contexts (e.g., MBTI; Myers, 1962). However, in t850s andl960s there was a hew boom in



the development of personality instruments. In fact, many tests developed this timeare

still widely used in the organizational sciences today, including the 16PF which includes scales of
various traits including: dominance, warmth, and perfectionism (Cattell & Stice, 1957), the
California Psychological Inventory which includes scalessugag various traits including:
interpersonal effectiveness, adjustment, and achievement motivation (Gough, 1956), and the
Personality Research Form which includesasures of various traits including: impulsivity,
aggression, and affiliation (PRF; Jackson, 1967).

While there was increased interest in the development of personality inventories, Guion
and Gottier (1965) disrupted this trend following a review of personality meashegsin they
concluded there was fino generalizable evidence
as good or practical tool s f othesutpobeospmlty sel ect
in organizationgontinued, albeit at a more measured pace. Howaveywaveof personality
research was catalyzed in the 1990s foilhgy the publication of twgaradigmshifting meta
analyses. Specifically, both Barrick and Mount (1991) and Tett and colleagues (1991) published
metaanalyses examining the relationships betwiter-FM and job performance, both of which
found evidence for thpositive relationship betweawonscientiousnesmdjob performance.

These studies sparked not only a wave of subsequentamaligses examining personality with
other work outcomesuch aorganizational citizenship behavid@rgan & Ryan, 1995)

subjective wellbeing(DaNeve & Cooper, 1998andturnover(Griffeth et al., 200]) but also a
resurgence of primary empirical studies further investigating the impact of persongdity
performance (e.g., Barrick & Mount, 1993; Barrick et al., 1993; Murphy & Lee, 1994; Schmidt &
Hunter, 1992; Wright et al., 1995), and a greater focus of the implications of personality testing
and assessment for personnel selection (e.g., Christiahaén1994; Dakin et al., 1994; Goffin

& Woods, 1995; Mount et al1994; Rosse et al., 1994; Rynes & Connerley, 1993; Schmit &

Ryan, 1993; Smither et al., 1993). It is worth highlighting that the personality inventories
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previously discussed measwaspects of thexplicit personalityintrospective selevaluationsan
individual has about their behavior, affect, cognition, needs, valuesttindes Bing et al.,

2007; James & LeBreton, 2012).

Distinguishing BetweenExplicit and Implicit Personality

Explicit personality is multifaceted, and scholars have sought to organize these explicit
traits into coherent frameworks. The NEO Model, the fraetor Model (FFM), the HEXACO
model, Core Self Evaluations, and the Dark Triad are commonly used to orgadize
conceptualize explicit personality in the organizational sciences. The NEO model represents a
framework of three broad personality dimensibmguroticism,extraversion, anépennes$o
experienced identified by empirically examining existing persdity measures (e.g., 16PF)

(Costa & McCrae, 1976). McCrae and Cqdi@87)expanded upon these three factors with the

addition of agreeableness and conscientiousfedsysthat were originally included in

Normanés (1963) taxonomy of JactordModelaThé RFM, r e s ul
gained traction as the most widely accepted framework, especially following the development of
markers of the FFM (Goldberg, 1®%and the development of the NEO Personality Inventory

Revised (NEGPI-R) (Costa &McRae, 1992). ltvas notuntil 2007 that Ashton and Lee

expanedthe FFM to includdionestyhumility as a sixth, missing dimension, resulting inithe

HEXACO model. Although the HEXACO model faced critiques around redundzeteyeen

honestyhumility andagreeableness, there is contindleeloretical and empiricaupport for
treatinghonestyhumility asa trait that islistinct from the FFM (e.g., Thielmann et al., 2021).

Separate from variations on tREM, core self-evaluationsCSE) is acompound
personality traitcomprised ofour established traits selfesteem, generalized seifficacy,

Neuroticism, and Locus of Control (Judge et al., 1997). As such, CSE represents a construct
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encompassing the idea of appraising Aonebds wor
(Judge et al., 2003, p. 304). Otpersonality modelbave been developed that focus on traits
characterized by their socially undesirable, maladaptive aspects. The Dark Triad model is one

such example that focuses on the three distinct yet interrelated subclinical explicit traits of

Narcissism, Machiavelli@ism, and Psychopathy (Paulhus & Williams, 2002).

Contrasting explicit personality, implicit
mental structures and processes that influence
environmenthat are not accessible viaintrospecton [ and t hus represent] th
unconscious cognitiva f f ecti ve systems and structu-bes that
James and LeBreton, 2012; italics in original text). Researchers in this space have studied topics
including deénse mechanismattachment styles, cognitive biases, object relations, association
networks, and (especially relevant to the organizational sciences) implicit needs and motives (cf.

Banse & Greenwald, 2007; Bowlby, 1969; Brewin, 1989; Carter et al. 2013; Cramer, 2i@86; Cr
& Dodge, 1994; Dweck, 2017; Fairairn, 1952; Fonagy, 2001; Schottiggins, 2008; James,
1998; Kernberg, 1976; Kunda, 1990; Levy et al., 1998; McClelland, 1985; Mischel & Shoda,
1995; Murray, 1943; Schultheiss & Brunstein, 2010; Ulhmann et al., X@éer, 1974;

Westen, 1998). Whereas explicit motives thieintrospectively accessible (i.egnsciou¥self-
perception®ne has about their thoughts, feelings, and actiondicit motives arghedrives that
arosedirect andsustainbehaviorand that operatiargely outside of conscious awareness (
James & LeBreton, 2012; McClelland, 1985

McClelland viewed the implicit motives for achievement, power, and affiliation as the
three fundamental human motive systems now widely known as the Bigives (McClelland,
1985). These motives have been widely studied in the organizational scienchsiswh
unsurprising given relevant applications to job performance (achievement), leadership (power),

and teamwork (affiliation), to name a few salient examples. The implicit need for achievement



12

has been studied in relation to perceptions of consequences at work (lvory, 2021), contextual
performance (Lang et al., 2012), and task performance (Bing et al;, 208@gler, 1992 The

implicit motive for power has been studied in relation to leadership behavior and effectiveness

(Del becq et al., 2012; Galil et al., 2020; Ste

2021), and career choice (Ramsay et al., 2016)II¥inlae implicit need for affiliation has been
studied in relation to cauerproductive workplace behaviors (Runge et al., 2020), burnout
(Brandstatter et al., 2016), interpersonal conflict (Chun & Choi, 2014) and income growth (Apers
et al., 2019).

In addition to the Big8 Motives, the implicit motive to aggrebshe desireor intentto
harm other$ has also been widely studied in the organizational sciences. For example, scholars
have explored the relationship between the implicit motive to aggress and workplace anger
(Moreo et al., 2021: Rugoj [Hartis &ReiterBalmon, 2025), 2 1) ,
and organizational citizenship behaviors (Bing et al., 2007b). Whileral studies also detail the
relationship between the implicitotive to aggress and workplace deviance (e.g., James &
LeBreton, 2012), | will summarizinose findings in subsequent sections. Importantly, a seminal
metaanalysis by William Spangler (1992) demonstrated that relying solely on explicit traits, or
relying solely on implicit motives, was likely to yield a theoretically and empirically
impoverec hed account of personalityb6s impact on

integrate information from explicit and implicit personality.

Integrating Explicit and Implicit Personality

Winter et al. (1998) proposed that the behavioral expression of implicit motives is
channeledhroughexplicit traitsi referred to as the channeling hypothesis. In other words, the

strength of the relationship between an implicit motive and behavior, depends on the level of an

m

bel
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explicit trait. Winter et al. (1998) tested the channeling hypothesis by explehiether explicit

extraversion moderated the relationship between the implicit power motiveaerat choices

and workplace relationships. Winter et al. operationalized extraverts as those scoring more than 1
standard deviation above the mean on extraversion and introverts as those scoring more than 1
standard deviation below the mean on extravardixtraversion indeed channeled the behavioral
expression of the power motiveuch that extraverts with a strong power motive tended to enter

careers where they could influence other people (e.g., business executives), whereas introverts
with a strong power motive were | ess Iwithkely to
a strong power motive viewed relationships as important for work, whereas introverts did not find
relationships at work as important. See Figuteftr a visual of the interaction effects discussed

between implicit motives and explicit traits.

0.5 -’- os +

Work relationships
°

\ Introverts

0s 4+

Introverts

o o
Power motive Power motive

Figurel-1: Interactionof implicit power motive and explicit trait of extraversion in predicting \
relationships and impact careers.

Note Figuresoriginally published inVinter et al., 1998p. 246

Integrative hypotheses gained popularity within the organizational sciences as subsequent
studies have found additional evidence for the basic idea that explicit traits interact with implicit
motives to predict important criteria. For example, Lang e{2012) and Bing et al., (2007a)
both focused on the interaction between implicit achievement motivation and explicit

achievement motivation. Lang and his colleagues found that the relationship between implicit
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achievement motivation and task and contextual performance was stronger when explicit
achievement motivation was high. Similarly, Bing and his colleagues found that the relationship
between implicit achievement motivation and persistence on an impossikieds stronger

when explicit achievement motivation walsohigh. See Figure-2 and 13 for a visual of the

interaction effects.
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Figurel-2: Interactionof implicit and explicit achievement in predicting task performance and
contextual performance.

Note Figuresoriginally published irLang et al., 2012p. 1213
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Figurel-3: Interaction between implicit motive to achieve (CRAM) and explicit trait of
achievement motivation (SelReport AM) in predicting persistence.

Note Figureoriginal published iBing et al., 2007ap. 372
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Distinguishing Between Variable and PersorOriented Approaches

To summarize,@searchers interested in synthesizing explicit traits and implicit motives
haveexclusively relied owvariableoriented approachder these integration®.g., Winter et al.,
1998, Lang et al., 2012, Bing et al., 2007). This choice is unsurprising given the tendency to
adopt a variabl®riented approach in the organizational sciences. As a reminder, variable
oriented approaches assume that a sample ismdram a single, homogenous population.
Scholars typicalladoptmoderated multiple regression (MMR) test these integrative models.
MMR is avariableorientedmethodbecause regressiomodelsassume singlepopulationis
sampledand thusa single sebf parameteestimates may be estimated and interpreted
Conversely, persoearientedapproacheare sometimedescribed as clustering people with shared
characteristics (Woo et al., 2018). Unlike variabteented approaches, personented
approaches assume the existencebstrved ounobserved subpopulations within a population,
allowing for the investigations of different types of people or groups thatiailarly on key

variables of interest. Better said by Morin and colleagues (2016):

Whereas variablkeentered approaches . . . assume that all individuals from a
sample are drawn from a single population f
parameters can be estimated, persemtered approaches . . . relax this

assumption and considerefpossibility that the sample might include multiple
subpopulations characterized by different sets of parameters. (p. 8)

Persororiented methods have been making headway in the organizational sciences over
the last decade, as evidenced by two separate special issues dedicated tophblisipacin
Organizational Research Metho@dorin, et al.,2018; Wang & Hanges, 2011) a review on the
method in the 2024 issue of tAenual Review of Organizational Behav{®voo et al., 2024), as
well as calls for a perseariented focus specifically within vocational research (Hofmans et al.,
2020) and commitment research (Meyer & Mof016). However, one must not leverage an

approach simply because there have been calls to do so. Instead, one must choose an analytic
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method that aligns with thtested theoryas scholars have argued for well over 70 years (see

Cronbach & Meehl, 1955; Kozlowski and Klein, 2000).

lllustrating the Utility of PersonOriented Approaches

In this section | will review severatudies that have adopted a persoented approach
to the study of personality. While persoriented approaches have not yet been leveraged to
study the synthesis of implicit motives and explicit traits, there are persamted studies of
explicit pesonality traits across a number of different construct spaces: including social power

motives, the fivefactor model, the HEXACO model, and the dark triad.

Social Power Motives

Li et al. (2023) took a perseariented approach to the study of the explicit social power
motives of dominance, prestige, and leadership and uncovered three subgroups of individuals.
The first group was denot ed A wacess alldhoee)jtlzel power
second group was denoted fAprestigious | eadersh
motives), and the thdordi mamwed w@sc areinrod ewde M | h
motive, and above average on prestige and |eligemsotives, see Figure4).

Li et al. (2023) noted that they would have expected individuals in the group with the
strongest leadership motive to be most likable and be most likely to emerge as a leader, in line
with previous variableriented research. For example, Suessenbach €@il8) found
correlations between leadership emergence and dominancéq), prestiger(= .23), and
leadershipr(= .42) motives. Similarly, Luria and Berson (2013) found a correlation between the

motive to lead and informal leader emergence 24).
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However, by taking a persamiented approach, Li et al., uncovered a more complex
relationship, where leader emergence was more likely when individuals with a leadership motive
also had lower levels of dominance. Indeed, Li et al. acknowledge the nusosered by
adopting a perseariented approach:

Highlighting the benefits of the persoentered approach, focusing on one motive
in isolation disregards the influence of other motives that may exist within an
individual. (p. 14)

= Dominance Motive Prestige Motive ™ Leadership Motive

0.5 1 I

1
U__..,- o
N

Motive Level

Weak Social Power Motives Prestigious Leadership Ultra-Dominance

Social Power Motive Profiles

Figurel-4: lllustrative example of LPA witlocial powermotives

Note Figure taken directly from Li et al., 2023. 1219

Five Factor Model of Personality

In addition to social power motives, a persoiented approach has been adopted in the

context of the=FM. For example, Merz and Roesch (2011) uncovered three subgroups of

individualsia fAwealjlustedd group, where individuals sc
factor s, but |l ow on neurotici sm; a Areserved?o
onal | factor s, but l ow on extraversion; and an

moderate to high on all factors (see Figu® Merz & Roesch, 2011).
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They found that the reserved and excitable profiles were consistently associated with
more negative outcomes such as lowerasiéem and coping efficacy, and higher depression.
Interestingly, anxiety differed across these two profiles with the excipabfite showing
significantly more anxiety than the reserved profile. If we examine the relationship between the
FFM and anxiety from a variableriented lens, we see consistent positive relationships between
neuroticism and anxiety, consistent negativatienships between conscientiousness and anxiety,
and conflicting results for the relationship between extraversion, agreeableness, and openness and
anxiety Ka et al., 2021). Given the trends found when adopting a var@aldated approach, one
might expect that neuroticism and conscientiousness would be key drivers in the prediction of
anxiety. However, while there were significant differences in neuroti@straversion,
openness, and agreeableness across the reserved and excitable groups (witatlegoup
consistently scoring significantly higher across traits), there were not significant differences in
conscientiousness, and the most pronounced difference between the two groups was extraversion.
As Merz and Roesch (201tiptedfit he t wo profiles are meaningf

i mportance of the multiplicative influences

ul

of
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Figurel-5: lllustrative example of LPA with thEFM
Note Figure taken directly from Merz and Roesch, 221018

The Dark Triad

As a final example, a persanmiented approach has also been adoptstliyingthe
dark triad traits. Specifically, Nguyen et al. (2021) uncovered four subgf@upsi be nev ol ent 0
group characterized by scoring low on all tragtdigh Machiavellian group, a high psychopath
group, and a fAmalevolento group characterized
Nguyen et al. (2021) found that those in the malevolence dradphe highest levels @WBs
butalso had the highekvels ofjob paformance In contrastthose in the high psychopathy
profile also engagekigher levels oCWBs, buthad lower levels ojob performance. See Figure
1-6 for an illustration of the representation of the four profiles as well as a comparison of job

performance and CWBs across the profiles (Nguyen et al., 2021).
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In contrast, anetaanalytic review of the dark triad tragsummarizing primary studies
usingvariableoriented method©© 6 Bo y | e e fbundalsignificart ButLsinall, negative
sampleweighted meanorrelation between Machiavellianism and job performainige-(06),
and a significant positive correlation with CWB$H.20). Narcissism was not related to job
performance and was significantly positively correlated with CWBs.35). Finally, there was a
significant, but small, negative correlation between psychopathy and job perforiances),
and a significant, but small, positive correlation between psychopathy and CWB36). Given
thesefindings Nguyen et al. (202Xontrastedheirpersoror i ent ed results with
(2012) variableoriented resultby noting

We also found that, when combined with high levels of Machiavellianism and

narcissism (i.e., malevolent profile), employees reported higher levels of job

performance. Interestingly, these findings may explain previous mixed effects of

the dark triad traitson work behaviors (i.e., positive, negative, or null effects;
O'Boyle et al., 2012) in prior variableentered studiegp. 170)

Latent Profiles of the Dark Triad Standardized Means of Work Behaviors by Profile
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Figure1-6: lllustrative example of LPA with the dark triad traits
Note Figures taken directly from Nguyen et al., 20@14

In sum, there is substanteidence that perseoriented approaches often yield new
insights regarding how personality characteristics are related to betwatr insightprovide
the basis fodeveloping moreefined theoriesnore accuratempirical predictios, and more

usefulinterventiondor organizationsThe examples above highlight the potentigity of taking
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a persororiented approach to studying various models in the organizational sciences. In the
following section | provide rationale for takingparsororiented approach to the study of Bing et

al . 6s (2007b) integrative model of implicit an

Integrative Models Variable-Oriented, Person-Oriented, or a Little Bit of Both ?

Throughout the rest of the dissertation, | refer to modelsrporatingmplicit motives
and explicit traits as integrative models. While scholars have traditionally adopted variable
oriented approacheashen testingntegrative models, | argue thaniight beimportant to explore
the utility of conceptualiing these models as personented. Specifically, | will justify this
position by mapping the integrative model tested by Bing et al. (2007b) onto the &oiteria
defining persororiented research presentegdvon Eye and Bogat (2006. 394.

Criterion 1: A sample is analyzed under the assumption that it was drawn from more

than one population. Perseasriented methods of forming groups assumes that subgroups

differ in parameters (e.g., means and variances) and in functional characteristics (e.g.,

relationshps between variables).

The first criterion for perscoriented research is the assumption that a sample is
analyzed under the assumption that it wasvn from more than one population. On the one
hand, Bing et al. (2007b) hypothesize about the existence of subgroups of distinct individuals
based on their unique constellation of scores on implicit and explicit measures of aggression.
Specifically, fouraggression subgroups were hypothesized by Bing et al. (200fighwill be
described subsequently in more detail. See Talildéat a visual representation of the following
subgroups:

1 Onesubgrougs hypothesized to have high scores on both the implicit motive to aggress

and the explicit trait of aggression. This group was dendiatifest Aggressives
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1 One sibgroupis hypothesized to have low scores on both the implicit motive to aggress
and the explicit trait of aggression. This group was der@tedocials.
1 Onesubgrougs hypothesized to have high scores on the implicit motive to aggress and
low scores on the explicit trait of aggression. This group was debatedt Aggressives.
1 Onesubgrougds hypothesized to have low scores on the implicit motive to aggress and
the explicit trait of aggression. This group was den@edrcompensating Prosocials.
On the other hanalthoughBing et al. (2007bhypothesized the existence of subgroups,
they were careful to qualify the existence of these subgrasipkistrative(Bing et al., 2007a):
but in truth, a continuum typically exists both for implicit and for explicit
cognitions (e.g., when measured as individual differences), and crossing these two
continua generates a large number of cells representing degrees of variation
between the protgpes(p. 354)
In other words, Bing et al., (2007a, 2007b) adjiiat the subgroupsereused agor
illustrative purposesintroducing subgroups to represent distinct levels of the two. tEaiesn
with this qualification, Bing et al., (2007b) still relied upon the aggression subgroups as the
theoretical basis for their hypotheses and alsen incorporated these subgroups thspecific
wording of their hypotheseBor example, the specifigording of hypothesi4 was as follows
(Bing et al., 2007b):
When implicit aggression is high, as explicit aggression increases there will be a
corresponding increase in active counterproductive behaviors such that manifest
aggressives will obtain the highest levels of active counterproductive beh@viors
725)
In this hypothesis, Bing et al., (2007b) specifically hypothesized that the manifest
aggressives would obtain the highest levels of active CWBs, rather than wibiglimgpothesis
to focus ora continuum of scores. Next, this hypothesis was justified using conditional reasoning
theory, specifically focusing on how one might behave who is high on the implicit motive to

aggress and high on the explicit trait of aggression. In other words, Bahg(@007b) focused

more so on the fowsubgroupsn both thehypothesis development and the actual hypothesis
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framing rather than focusing on the continuum of scores that exist. For example, if Bing et al.,
(2007b) were truly interested in a variabléented test of their integrative model, they might
have hypothesized the following:

The explicit trait of aggression will moderate the positive relationship between the

implicit motive to aggress and overt deviance, such that the strength of the

relationship will increase as scores on the expticiit of aggression increase.

So, although Bing et al., (2007t&sted their hypotheses with MMRnalyzing the
sample without the assumption that it was drawn from more than one population, | argue that by
incorporating the proposed subgroups into the hypotheses, and thus by developing the hypotheses
by theorizing specifically about the subgroupss not unreasonable to question whether Bing et
al., (2007b) truly analyzed their sample under the assumption that it was drawn from one
population.

Criterion 2: Attempts are made to establish external validity of the groupings. This can

be done, for instance, by asking whether the members of different groups also differ in

variables not used to create the groups.

The second criterion for persamiented research is that researchers accumulate evidence
to support the existence of subgroups. The framework proposed by Bing et al. (2007b) included
specific hypotheses linking the differesutbgroupgo different types of outcomes. Specifically,

Bing et al., (2007b) proposed that Manifest Aggressives would be most likely to engage in
overtly aggressive behaviors, Overcompensating Prosamalsl be most likelyto display rigid
behavior and engage in fewer instances afkpilace misconduct, Latent Aggressivesuld be

most likely to engage imdirect and/or subtle aggressive behaviors, and Prosemals be

likely to abstain from acts ohisbehavioand deviance. Bing et al. directly tested these
hypotheses using MMR and found that the strength of the relationship between explicit
aggression and outcomes was moderated by implicit aggression. As with the discussion of the

profiles, these findings wibe describedh more detail later

See Table 41 for a brief visual overview of theubgroups
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Tablel-1: Proposed aggression subgrou®rief

Explicit Trait of Aggression
Low High
High Latent Manifest
Implicit Motive to 9 Aggressive Aggressive
Aggress Low Prosocial Overcompensatlng
Prosocial

Criterion3: The groups are interpreted based on t&h

either have plausible, a priori meaning or in¢erpretable with reference to substantive

theory.

The third and final critean proposed by von Eye and Bogat (2006) of peraoented
research is the interpretation of subgroups based on theory. In fact, Bing and his colleagues
developed aggression subgroups based on references to substantive theory. Specifically, Bing and
his colleagues relied upon conditional reasoning theory (James, 1998) to develop the four
aggressiosubgroupsas well as their unique properties. In short, conditional reasoning theory
purports that individuals with a strong motivedasire to engage in a behavior (e.g., motive to
aggress) develop cognitive biases (e.g., retribution bias) which enhance the rational appeal of
(i.e., help justify) engaging in behaviors that satisfy a motive (e.g., verbally harass a coworker)
(James & L8reton, 2010). Conditional reasoning theory will also be discussed subsequently in
more detail.

In sum, Bing et al. ITheorized and ypothesized the existence of subgroups in a way
appropriate for perseariented analyses, 2. Validated the existence of subgroups by examining
differences in important outcomes as a function of the subgroups, and 3. Interpreted (and
hypothesized) the submups based on conditional reasoning thealthough their research as
conducted cannot be classified as persoanted because of the use of variatnliented methods
to test their framework (i.e., MMR), | do believe that a persoented test of Bing and

coll eaguesd framework is appropriate.
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A PersonOriented Approach to Aggressive Personality

| adopt a perscoriented approach to integrating the implicit motive to aggress and the
explicit trait of aggression. Specifically, | test whether different aggressiogroupsre inclined
to engage in different forms of deviance anidbehavioyboth in and out of workplace contexts.
Aggressive personality can be thought of as individual differences in the dispositional (i.e.,
stable) tendency to engage in aggressive behaviors that are intended to cause harm (Chester et al.,
2023). Although anggressie personality can be perceived as advantageous in certain high
stakes environments (e.g., boxing matches; Martinez, 2017), it is more likely that an aggressive
personality is a liability in most organizational contexts. Support has been garnered for the
relationship between aggressive personality and various forms of deviance and misconduct
includingbullying, violent crime, alcohetelated violence, sexual assault, lying, cheating,
stealing, disruptive attrition, malevolent creativity, toxic leadershig,raany other forms of
counterproductive and harmful behaviors (Barnwell et al., 2006t &&dil., 2014; Harris &
ReiterPalmon, 2015; James et al. 2005; James & LeBreton, 2012; Krasikova et al., 2013; Palmer
& Thakordas, 2005Measuring the explicit trait of aggression is fairly straightforward and may
be collected using any number of existing-seffort questionnaires including the Jackson
Personality Research Form (Jackson, 1984) and Buss Perry Aggression Questionna&e (Buss
Perry, 1992). I n addition, the explicit trait
endo odfactortirait of agreeableness (i.e., antagonism), and thus, astlagoaetic trait
underlying the traits of the dark triad (Shiverdecker & LeBreton, 2@®)sequentlythe
explicit components of aggression may also be measured using five factor model surveys (e.qg.,
McCrae & Costa, 1987) or dark triad surveys (e.g., Jones & Paulhus, 2014). In contrast,
measuring the implicit motive to aggress is a bit more difficut wetatively few

psychometrically defensible options available to researcHersever, scholars have relied upon



26

the conditional reasoning theory of aggression to help operationalize the implicit motive to

aggress.

Conditional Reasoning Theory of Aggression

The implicit motive to aggress has been operationalized using the conditiasahing
theory of personality (James & LeBreton, 2012). To reiterate from earlier, conditional reasoning
theory posits that individuals with a strong motive to engage in a behavior (e.g., motive to
aggress) develop cognitive biagegy., hostile attribution bia#)at help them rationalize
engaging in behaviors that satisfy the motive (e.g., stealing from an organizatidnjmans, we
have a desire for positive sefgard,and motives to harm others way be inconsistent with norms
for positive behavior. This inconsistency can engender motivated reasoning and rationalizations,
resulting incognitive biasethatif e nhance the rational appeal of
(James & LeBreton, 2012, p.18plled Justification Mechanisms (JMs). Importantly, JMs differ
depending on the motive of interegable 12 summarizes the unique clusterddsthat have
been associated witheimplicit motive to aggres€lames et al.,@D5).

First, thehostile attribution biagHAB) refers to the tendency to see malevolent and
harmful intent in the actions of others. Thumglividuals with a strong motive to aggress use this
bias to rationalizéarmful behavior as an act of peenptive seHdefense. Theotency bias
(POT) refers to the assumption that interactions with other individuals are contests to establish
dominance. Thus, harmful behavismotframed as harmful and aggressive, but rather as
demonstrative of strength or bravery. Thodeuail to act are seen as weak and timid. The
retribution bias(RET) refers to the proclivity to favor retaliation and vengeance over forgiveness
and reconciliation. Thus, har mf ul behavior is

pride, challenged sef st e e m, and perceived dBR)Tmespecto (Fr
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victimization by powerful others bi§gPO) is moored tdhe assumption that thosgelding

power are likely to exploit their positions of power and act as tyrants oppressing those with less
power. Thus, harmful behaviors are justified as a victim striking against oppression. The
derogation of target bia€@DOT) refers to the tendency to characterize the targets of aggression as
having undesirable characteristics (e.qg., evil, immoral, untrustworthy)justifging acts of

harm bymaking the target seem neodeserving. Finally, theocial discounting biaéSDB) refers

to the assumption that social customs (i.e., norms against harming others) are tools of control,
tools used to restrict free will. Thus, harmful behavior is justifiedreattempto free oneself

from societal control.
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Table1-2: Justification mechanisms for the implicit motive to aggress

Bias Description
A propensity to sense hostility and perhaps even danger in the beha
of others. The alarm and feelings of peril engendered by this heighte
sensitivity to threat trigger a concern for sgibtection. Apprehension
Hostile attribution about seHpreservation enhances ttaional appeal of setiefense, thus
promoting the selfleceptive illusion that aggression is justified.

A proclivity to focus thoughts about social interactions on dominance
versus submissiveness. The actions of others pass through a perce|
prism primed to distinguish strength, assertiveness, dominance, dari
fearlessness, and power from weakness, ierme, submissiveness,
timidity, compliance, and cowardice. Fixations on dominance versus
submissiveness promote rationalizations that aggression is an act o
strength or bravery that gains respect from others. Failing to act
aggressively shows weakness.

Potency

A predilection to determine that retaliation is more rational than
reconciliation. This bias is often stimulated by perceptions of woundk
pride, challenged setisteem, or disrespect. Aggression in response t
the humiliation and anger of being demearsehtionalized as justified
restoration of honor and respect.

Retribution

A bias to see inequity and exploitation in the actions of powerful othe
(e.g., parents, teachers, supervisors, the Internal Revenue Service).
ensuing perceptions of oppression and victimization stimulate feeling
anger and injustice. This sets #tage for rationalizing aggression as a
legitimate strike against oppression and a justified correction of prejt
and injustice.

Victimization by
powerful others

An unconscious tendency to characterize that one wishes to make (i
made) targets of aggression as evil, immoral, or untrustworthy. To in
or associate such traits with a target makes the target more deservir
aggression.

Derogation of
target

A proclivity to frame social norms as repressive and restrictive of fre:
will. Perceptions of societal restrictiveness promote feelings of react
These feelings furnish a foundation for justifying socially deviant

Socialdiscounting behaviors such as aggression as wayibérate oneself from repressive
social customs and to exercise
expression.

Note.Table adapted from Frost et al., 2007.
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The Role of AggressivePersonality in Workplace Deviance

Workplace deviance has been conceptualized in a variety of ways (e.g., Fox & Spector,

1999; Gruys and Sackett, 2006; Robinson & Bennet, 1995; Spector et al., 2006). For the purpose

of this dissertation, | a-thdop moddbbiemorkptace and Bar on
deviancé def i ned as fAefforts by individuals to harr
wor ked, or the organizations in which they are

The three factors include expressions of hostility. (@lgscene gestures, gossiping),
obstructionist behaviors (e.g., slowing down work, withholding resources), and overtly aggressive
behaviors (e.g., physical assapltpperty destruction Importantly, scholars havelied upon

aggressive personalifand its proxies)o predict instances eforkplace deviance.

Explicit Aggression (and its proxies) arideviance

As stated quite briefly previously,dm the explicit traditionscholars tend to focus on
dispositional aggressicend related traifsuch as the dark triad (narcissism, psychopathy,
Machiavellianism), cynicism, sadism, hostility, and agreeablghessow agreeableness serving
as a proxy for antagonisry predict deviance. In terms of expressions of hostility, scholars have
found that trait aggressidqn= .52, Song et al., 2019), psychopatfry= .26,r = .64 Fernandez
delRio et al., 2021; Tokarev et al., 2QX@&spectively, narcissisn(r = .26), Machiavellianisn(r
= .13, sadism(r = .30, and agreeablenefs= -.23) (Fernandezle}lRio et al., 2021) showed
significant relationships with seteported bullying and cyberbullying, both in and out of work
contexts. More specifically, Heym et al., (2019) foighificantrelationshi between
psychopathy and hostilgork behaviorsncludingsocial exclusior{standardized estimate for the

path= 0.34), malicious humo(standardized estimate for the path.38 and guilt induction
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(standardized estimate for the patt0.29. Spectoand Zhou2013)reported significant

relationshig betweerrelational aggression ardjreeablenegs = -.37) and hostile attribution
bias(r = .38).

In terms ofpredicting theobstructionisnfacet of devianceBaka (2019) found that
composite score on thtark triadwas significantlyrelated toworkplace behaviors like sabotage
and withdrawal(r = .35, r =.32, r = .39; for psychopathy, narcissism, and Machiavellianism,
respectively) Bolton et al., (2010)eported a significarelationship betweeagreeableness and
production deviancé =-.18)(i.e., sabotaging production of company product). Finally, Lim and
Suh (2022) found that cynicism was related to ignoring requests from @thei3l) and
sabotagdr = .28).

Finally, there also exists evidence linking these maladaptive traits with more extreme
forms of deviance such as violence and abuse. For example, Bolton et al., (2010) found a negative
relationship with agreeableneasd workplace abuge = -.33). In addition, scholars have found
similar relationships outside of the workplace (i.e., where it is likely a bit easier to study acts of
violence). For example, scholars have fosmghificantrelationships between trait aggression and
marital physical violencé = .31, Cunha et al., 2021), use of physical fode] p ;3 rembiy
& Belchevski, 2004), physical aggression at a(bar.36;Miller et al., 2017), and support for
painful interrogation(b = .30;Kalmoe, 2013). In addition, Pailing et al., (2014) fosighificant
relationshipdbetween agreeablengss- -.44) andthe dark triadr = .42,r = .19,r = .34; for

psychopathy, narcissism, and Machiavellianism, respectiwélig)use of violence.

Implicit Aggression andeviance

From the implicit tradition, James and LeBreton (2012) have summarized links between

the motive to aggress (as measured by the conditional reasoning test for aggression) and
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deviance. Specifically, research has found a positive relatiohshigeen the motive to aggress
andexpressions of hostility in the form ofterpersonal deviance (e.g., being rude to othernsld

not reportr because the reported r is a composite of interpersonal and organizational dekriance
addition, James and LeBreton (2012) summarized links between the motive to aggress and more
obstructionisrrlike behaviors including absences fréwothwork (r =.42,r = .34) and clasgr =

.37), as well asvork unreliability (r = .43). DeSimone et al. 2020 alsofound a positive

relationship between the motive to aggressasiructionism in the form oksponding with
insufficient effort on assessmerfts=.36). In addition, DeSimone (2010) found that the motive to
aggress, specifically justified by a feeling of powerlessness, predicted passive aggressive
behaviors at workr =.27; many of which are consistent with the obstructionism facet of

deviance) Finally, James and LeBreton (2012) also summarized evidence related to the motive to
aggress andvertforms of deviancéncludinghard fouls and fights in intramural basketl{alk

.38), other physical behaviors in basketball like pushing, shoving, and trifping4), and
stealingtheft (r = .64).

In addition to research exploring the main effects of aggressive (and related) personality,
there are several studies that are more interested in the interaction between the explicit trait of
aggression and the implicit motive to aggress using integratimeeworks. Below | will revisit
Bing and colleaguesd (2007b) ianduseitratahe starting mo d e |

point for developing myypotheses.

Integrated M odel of Aggression andProposedHypotheses

Bing et al., (2007b) applied their integrative typology model to the motive to aggress by
hypothesizing differergubgroup®f people basedn crossinghe implicit motive to aggress and

explicit trait aggression. Fosubgroupsverecreated by crossing high and low conditions of the
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implicit motive to aggress and the explicit trait of aggression. TaBldldstraes the proposed
aggressiorsubgroupgBing et al., 2007b).

The firstsubgroumBing et al., (2007b) introduced are the Manifest Aggressives, made up
of individuals hypothesized to score high on both the implicit motive to aggress and the explicit
trait of aggression. These individuals have-sgHluations that align closely with anplicit
motive to aggress, thus eliminating the need to reconcile discrepancies. Without this conflict,
individuals feel more comfortable behaving in ways that satisfy thetive to harm others.
Thinking about conditional reasoningetiry, individuals in the Manifest Aggressisebgroup
have developed cognitive biases that serve to justify aggressive acts. Furthermore, they are part of
the minority of individuals who are comfortable describing themselves as aggressive.

The Overcompensating Prosocabgrougs made up of individuals hypothesized to
score low on the implicit motive to aggress, but high on the explicit trait of aggression. Unlike
Manifest Aggressives, there is a fundamental incongruence between Overcompensating
Prosocials implicit drives andkplicit self-perceptions of aggression. These individuals lack a
strong implicit motive to harm others, (and thus the latent justifications for aggression) yet they
perceive themselves as aggressive.

The Latent Aggressiveubgrougds comprised of individuals hypothesized to score high
on the implicit motive to aggress, but low on the explicit trait of aggression. Thus, sinther to
Overcompensating Prosoaathissubgrougreflects a fundamental incongruence between the
implicit motive to aggress and the explicit trait of aggression. Because Latent Aggkasive
an implicit desire to harm othesut lack the selperceptiorof being aggressive, they are

hypothesized to satistheir motive in was that enable them to retain a favorabiage.
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Finally, the Prosociadubgrouds comprised of individuals hypothesized to score low on
both the implicit motive to aggress and the explicit trait of aggression. As expected, these
individuals do not desire to harm others and also do not perceive themselves as having a desire to
harm dhers. Unsurprisingly, this results in a group of individuals who behave in nonaggressive

ways.

Table1-3: Summary ofggressiorsubgroups

Explicit Trait of Aggression
Low High
Latent Aggressives Manifest Aggressives
- Do not perceive self a - Perceive self as
aggressive aggressive, justifiably so
Hi - Engage irsubtle - Well-developed cognitive
igh . e
counterproductive structure to justify
behaviors counterproductive
(2} . . .
@ - Prone to indirect behaviors
S counterproductive - Engage in overt
g behaviors counterproductive
o behaviors
o Prosocials Overcompensating Prosocials
o
= - Perceive self as - Perceive self as
S prosocial aggressive, which
= - Reliable, friendly, stimulates desire to inhibi
E nonaggressive aggression
Low ; . - .
- Refrain from engaging - Rigorously refrain from
in counterproductive engaging in
behaviors counterproductive
- Attribute acts of others behaviors
to helpful and - Overly selfmonitoring,
cooperative motives self-critical, and rigid in
behavior

Note.Table adapted from Bing et al., 2007b.
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Latent profile analysis (LPA) is a persoriented modeling techniqueing continuous
variables to identify distinct subgroups of individuals sampled from different parent populations.
The procedure igeferred to as latent profile analysis because subgroups reflect latent (i.e.,
unmeasured) variables that differ from one another in terms of the profile of scores on the
continuous variablesGiven the continuous nature of the implicit motive to aggress and the
explicit trait of aggression, LPA is the persomented method that is most appropriate for testing
Bing and colleaguesdé (2007b) integingati ve model
hypotheses in line with the integrative model proposed by Biral:

Hypothesis 1: | predict that the latent profile analysis will reveal at least 4 profiles that
are generally consistent with tsabgroupsypothesized by Bing and colleagues (2007b).

The remaining hypotheses are related to validating these profiles. Like Bing et al., (2007b),
I relied upon conditional reasoning theory to generate my hypotheses.

The first set of hypotheses posits that a combination of implicit and explicit traits will
predict overt deviance. The overarching hypothesis fisliasvs:

Hypothesis 2: A combination of implicit and explicit traits will predict overt deviance.

As a reminder, Neman and Baron (1998) describe overt deviance as behaviors that are
typically associated with workplace violence (e.g., physical asskgtruction of properjy
Further, Baron et al., (1999) describe a behavior as overt if a) the aggressor makes no attempt to
conceal their identity, and b) the target can tell that harm experienced was due to someone
purposefully trying to harm them or c) the target is awaresii@meone wanted to harm them
Bing et al., (2007b) hypothesized tihanifestAggressives (those high in both the implicit
motive to aggress and the explicit trait of aggression) would be most likely to engage in overt
forms of deviance. Looking to conditional reasoning theory, beddasdestAggressives self
perceptions are supported by congruent implicit reasoning, these individuals have the ability to

comfortably act in ways consistent with their implicit desires. These individuals are more likely
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to engage in even the most overt forms of deviance because doing so does not make them think
negatively about themselves. They are able to retain a positiveesetiption because they feel

they are justified in their behaviors. As such | propose theviallg PersorOriented (PO)
hypothesisto be tested with Latent Profile Analysis (LPA)

Hypothesis 2a (PO/LPA): ManifeAggressiveghigh implicit and high explicit) are
predicted to engage in the highest levels of odeviance

This contrasts the variabt@iented hypothesis put forth by Bing et al., (2007), which will
serve as a competingariable Oriented (VO)hypothesisto be tested with Moderated Multiple
Regression (MMR)
Hypothesis 2b (VO/ MMR): AWhen implicit aggr
increases there will be a corresponding increaspuert deviance], such thaManifest
Aggressives will obtain the highest level§afertd e vi ance] 6 (Bing et al
725).
The next set of hypotheses posits that a combination of implicit and explicit traits will
predict obstructionism. The overarching hypothesis is as follows:
Hypothesis 3: A combination of implicit and explicit traits will predict obstructionism.
Neuman and Baron (1998) describe these as behaviors that are intended to impede the
work of others or of the organization (Neuman & Baron, 1998). For example, this includes
behaviors such as a failure to return phone calls, intentional work slowdowrsh)awidg up
late to meetingsBing et al., (200B) hypothesized that latent aggressives would be most likely to
engage in obstructionisifhhes e i ndi viduals see themselves as
the cognitive biased oinmlplagpoe atl h aotf Betalgaofecses i tvlee
their implicit desire or drive to harm othelatent aggressives will still look for ways to satisfy
their implicit motive to aggress, but they will look for ways to do so that are congruent with their
self-perceptions of being nonaggressive. To do thigntaggressives most likely engage in

subtle, covert forms of deviance. They can engage in subtle aggressive acts that satisfy their

motive,thoseactsthat they can easily explain away as nonaggressive so that they can maintain a
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positive seperception. For example, if they show up to a meeting late because they wanted to
slow down work, they can claim they are late because of trAicuch | propose the following
hypothesis:

Hypothesis 3a (PO/LPA): LateAggressives (high implicit and low explicit) are
predicted to engage in the highest levels of obstructionism.

This contrasts the variablriented hypothesis put forth by Bing et al., (2007), which will

serve as a competing hypothesis:
Hypothesis 3b (VO/ MMR): AWhen implicit aggr
decreases there will be a corresponding increadelistructionisnj, such that latent
aggressives will obtain the highest level$atifstructionismp 6 ( Bi ng et al ., 20
725).
The next set of hypotheses posits that a combination of implicit and explicit traits will

predict expressions of hostility. The overarching hypothesis is as follows:

Hypothesis 4: A combination of implicit and explicit traits will predict expressions of
hostility.

Expressions of hostility include behaviors such as obscene gestures, facial expressions,
ostracism, and spreading rumors, among others. While there is often no physical harm to the
target, employees often report an emotional or psychological impact (N&uBanon, 1998).
Neuman and Baron include in their conceptualization of expressions of hostility things like
belittling someone el seds opinion in front of
Although Bing and his colleagues did not propo$g@othesis about expressed hostility, Frost
and his colleagues explored expressed hostility inavartabld ent ed test of Bing
aggressiosubgroupsSpecifically, Froset al., (2007)proposed that because overcompensating
prosocials lack the ability to rationalize aggressive acts, because they tend to score lower on the
implicit motive to aggress, these individuals will seek more socially acceptable channels to
express their selbercéved aggressiveness. And so rather than needingfiib dnl implicit desire

to harm others, Frost al., (2007argues thaDvercompensatingrosocials may be easily
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angered, resulting in outbursts, thus confirming theirgetEeptions of being aggressives
such, | propose the following hypothesis:

Hypothesis 4a (PO/LPA): Overcompensating prosocials (low implicit and high explicit)
are predicted to engage in the highest levels of expressions of hostility.

This contrasts the variabl@iented findings from Frost et al., (2007), which will serve as
a competing hypothesisufposefully phrased in a consistent manner withhypotheses put
forth by Bing et al., (2007b):

Hypothesis 4b (VO/MMR): When implicit aggression is low, as explicit aggression

increases there will be a corresponding increase in expressions of hostility, and when

implicit aggression is high, as explicit aggression increases, there will be a

corresponihg decrease in expressions of hostility, such that overcompensating

prosocials will obtain the highest levels of expressed hostility.

In addition to the threéactors of workplace deviance proposed by NeuarahBaron
(1998), organizations are also interested in avoidirgn e r a | ficounterproductiwv
behaviorso (CWBs), defined as fiany intentional
viewed by the organization as cont20@6(py30)t o its
Bing and colleagues (2007b) do not make any assertions sildmyioupsndoverall CWBs
Althoughthere is a lack of existing research absuligroupsnd general CWBs, existing work
has explored the relationship betwn maladaptive traits and general CWBs.

From the explicit tradition, researchers have uncovered relationships beh&esplicit
trait of aggression and counterproductive workplace behaviors, broadly speaking (Bragg &
Bowling, 2018) From the implicit traditionthe motive to aggress has been shown to predict
counterproductive workplace behaviors, broadly defaedell( Gal i | et al ., 2014)
metaanalytic investigations of the CRA found uncorrected correlations with counterproductive
workplace behaviors of .16, (Berry et al01®), .22 (Banks et al., 2012), and .24 (James &

LeBreton, 2012)Given the lack of existing information abagecificsubgroupsandgeneral

CWBs, | will not propose a formal hypothesis. Instead, | propose the foliprsearch question
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Research Question 1: Will a combination of implicit and explicit traits predict general
CWBs?

Research Question 1a (PO/LPA): Will manifest aggressives (high implicit and high
explicit), latent aggressives (high implicit and low explicit) or overcompensating
prosocials (low implicit and high explicit) engage in the highest levels of general CWBs?

ResearciQuestion 1b (VO/MMR): Will thimplicit motiveto aggressnoderate the
relationship between thexplicit trait of aggressiorand general CWBs?
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Chapter 2

Study 1 Methods

Procedures

Study 1 was conducted across three unique archival sarRpbss (2005), Whanger
(2003), and LeBreton (2002)hese samples were chosen because they all used the same measure
of the implicit motive to aggress and the same measure the explicit trait of aggression, allowing
us to test if profiles emerge that are consistent with the integrative typology modejriessign
(Bing et al., 200@). Alternatively, this allows us to see if unexpected profiles emerge that
provide new insight into the integration of implicit motives with explicit traits.

In the first archival samplé;rost (2005) summarized data cleaning and screening
activitiesas follows Th league was composed of 171 teams playing agfivee regular season
schedule, followed by a singldimination tournament to end the season. Based on-game
scheduling logistics and resource limitationstg@ms were selected for the focus of the study.
Of these 70 teams, 3®nsented to participate, giving a consent rate of-&iftg percent.
Altogether, these 36onsenting teams totaled 227 initial research participSptgeral
participants were excluded from this sample because their minimal playing time limited
opportunities to observe their behavior. Playing time was coded for either playing more than
fifteen minutes (2), less than fifteen minutes (1), or not at pfiof0each player in each 40
minutegame. Fortyfour participants who failed to meet the minimum threshold of a total score
of six on this variable were removed from the initial sample of participants. This resulted in a
final sample of 183 [participants{Frost, 2005p. 23.

Data cleanig procedures for the Whang@003 and LeBreton (20R) datasets were not

provided. Thus, additional data screening was undertakess all three archival samptes
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ensure the quality of the combined data Biest, our measure of the implicit motive to aggress
includes built in attention checkBach item includes two inductively plausible solutions (i.e., 1
aggressive response and 1 famgressive response) and two inductively implausible solutions
(i.e., illogical/distractor responses). Per the test administration guidelines (James & Mclntyre,
2000), individuals who endorsed five or more illogical responses were flagged as having an
invalid test protocol and remostdrom the sample. The Frost and Whanger archival data did not
include any respondents with five or more illogical responses. The LeBreton archival data
included26 participants with five or more illogical responses. Th2&participants were
removel.

Next, the nature of missing datawas evaluatet t he construct | evel,
(Little, 1988) indicated that data were missing completely at random for the Frost (2005) sample
( %= 1.76,df = 4,p = 0.78). There was no constrdetel missingness for the Whanger (2003) or
LeBreton (2002) archival samples,lsa t tMCARGest washotconducted. Itertevel
missingness was alsoevaluated. t t | ed6s MCAR test indicated that
completely at random for the Frost samyfe< 136, df = 104, p = .02), missing completely at
rancbm for the Whanger sample?E 96.7Q df = 120,p = .94), and not missing completely at
random for the LeBreton sampl& € 961, df = 395, p < .001).The full response raseand partial
response rates were calculagdheconstructievel for each sample. The futesponse rate was
97% for Frost100% for Whanger, and00% for LeBreton. The partiakesponse rate was 3% for
Frost,0% for Whanger, an@% for LeBreton. Per recommendations from Newman (2014),
pairwise deletion will be used because constlemtl missingness does not exceed 10% for any
of the archival samples. Although parameter estimates will be unbiased, standarareikedy
to beupwardly biased, yieldig lower power and higher Type |l ermates Also, per Newman
(2014), sample sizes for each construct will be denoted in the footnote of the correlatioesmat

in the following chapter (TablesB 32, and 33).
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Next, | examined the presence of outligks.suggested byabachnick and Fidell (2013)
a threshold of plus or miniB29standard deviations was used to idengiyremeunivariate
outliers.Univariate outliers areascribed irTable 21. These outliers were further examined to
ensure they were not errors (Aguinis et al., 20AB)outliers were accurate, and thus, not errors.
As such, the outliers identified were either interesting (accurate data points that may contain
valuable knowledgegndbr influential (accurate data points tltatuld impacsubstantive
conclusions)and are denoted as suchlable 21. All influential outliers were prediction
outliers. They were identified using DFFITS (Difference in fit, standardized) with a cut off of +
or - 2 times the square root of k+1/n (Aguinis et al., 2013; Belsley et al., 1980). In other words,
parameter estimates veealtered wheoutlier cases were included in the regression maédel.
recommended by Aguinis et al. (2013), tegressioranalyss will be conductedoth with and
without the influential outlierdJnfortunatelyi,it is difficult to provide recommendations for how
to study the potentially interesting outliers becdusad access timited information about the
participants for these archival samples, but | do have information about age, sex, antlicice

are shown in Table-2.



42

Table2-1: Univariate outliers for Study 1 archival samples

Potential Also
Interesting Multivariate
Outliers Outliers

Lower Upper Total Error  Influential

Sample  Construct Thresh Thresh Outliers Outliers Outliers

CRT - 11.24 0 0 0 0 0

PRF 095 4.34 1 0 1 0 1

Frost Overt - 2.13 0 0 0 0 0

Obstruction - 1.49 2 0 2 0 2

Hostility - 3.8 4 0 4 0 3

CRT - 10.81 1 0 0 1 0

Whanger PRF 1.14 404 0 0 0 0 0

Retaliation - 412 0 0 0 0 0

CRT - 10.67 3 0 0 3 2

LeBreton PRF 0.87 3.29 2 0 0 2 0
CB - 0.85 40 0 40 0 27

Note Upper and lower thresholds were calculated using the criterion of plus or 3ri28us

standard deviationfsom the meanCRT = Conditional Reasoning Test for Aggression. PRF =
Jacksonbs Personality Resear ch,whichism. CB = Coun
dichotomous variable, meaning anyone with a value of 1 (rather than a value of 0) is flagged as

an outlier.Lower Thresh = Lower Threshold. Upper Thresh = Upper Threstdign Lower

Thresh =, the lower threshold was negative

Table2-2: Description ofinterestingputliers for Study Jarchival samplesi Univariate

Potential Interesting Outlisr Non-Outliers
CRT Age M = 29 (SD = NA) M = 22.61 (SD = 3.28)
(V\ghi‘”ger' Sex 0% Male 45.81% Male
Race 100% White 88% White
CRT Age M = 24 (SD = 4.36) M = 22.70 (SD = 3.89)
(Lf]B:re;;’”' Sex 100% Male 52.77% Male
Race 100% White 89.80% White
PRF Age M =22 (1.41) M = 22.71 (SD = 3.89)
(LEPIoP™ sex 100% Male 52.84% Male
Race 100'% White 89.81% White

Finally, multivariate outliers were identified using Mahalanobis distaBeeTable 23

for more detailed information about the multivariate outliecalculatel the & critical value
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usingthe gchisq function in RspecifyingU= .001 anddf of 5 for Frost (CRT, PRF, Overt

Deviance Obstructionism, and Expressions of Hostiligf)pf 3 for Whanger (CRT, PRF, and
retaliation), andif of 3 for LeBreton (CRT, PRF, argkneral counterproductive behaviorEhis
resulted in a critical valuef 20.52for Frost,and 16.27%or WhangerandLeBreton.

The multivariate outliers detected in theostsample (n =6) were further examined.
They did not appear to be errors. As recommended by Aguinis et al. (2013), | examined if these
were model fit outliers by comparing regression models with and without the outliers included.
The statistical significance of’Rlid not change with the exclusion of the multivariate outliers,
indicating that these are not influential outlieFherewas1 multivariate outlier detected in the
Whanger samplélhe statistical sigficance of R did not change with the exclusion of the
multivariate outlier, indicating that it was not an influential outligre multivariate outliers
detected in the LeBreton sample @8rwere further examined. They did not appear to be errors.
As recommended by Aguinis et al. (2013), | examined if these were model fit outliers by
comparing regression models with and without the outliers included. The statistical significance
of R? did became nonsignificantith the exclusion of the multivariate oetls Outliers were
removed ondy-one to determine which cases were influential. Four cases were identified as
influential.

As such, | classified thé multivariate outliers detected in the Frost samible 1 outlier
in the Whanger sample, atitk remaining24 multivariateoutliersfrom the LeBreton sample as
potentiallyinteresting outliersAs recommended by Aguinis et al. (2013), the regression analyses
will be conducted both with and without thénfluential outliersfrom the LeBreton sample
Unfortunately, it is difficult to provide recommendations for how to study the potentially
interesting outliers because | had access to limited informatiaut #®participants for these
archival samples, but | do have information about age, sex, and race, which are shown in Table 2

4.
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Table2-3: Multivariate Outliers for Study 1 archival samples

Archival " Total Error Potenna_tlly Influential
Critical ¢ : . Interesting :
Sample Outliers Outliers . Outliers
Outliers
Frost 20.52 6 0 6 0
Whanger 16.27 1 0 1 0
LeBreton 16.27 28 0 24 4
Table2-4: Description ofinterestingoutliers for Study Jarchival samples- Multivariate
Frost Whanger LeBreton
Potentla_llly Non- Potentla_llly Non- Potentla_llly Non-
Interesting outliers Interesting Outliers Interesting Outliers
Outliers Outliers Outliers
100% 45.82% 5218%
Sex 100% Male 6&2?;& Female Male 5% Male Male

88.368% 95.83% 8962%

-
85606 0% White "' White White

White

M=2083 M=21.89® M=2300 M=2263 M=2204 M=227
(SD=075 (SD=285 (SD=NA) (SD=331) (SD=192 (SD=394)

Race 60% White

Age

Participants

Data were collected from three archival sampBzsnple 1 (Frost, 2005) was collected
from 183 college students who played intramural basketball at a university in the Southeastern
United States. Most participants were male (62%gre than half of the sample was White
(59.01%), about 8% of the sample was Black, about 2% of the sample reported their race as
Afothero, and the remaining 31% of the sample d
to 30 years with a mean of 8P years$D= 2.79).Paticipants played in an average of 4.66
games §D= 1.34).Sample 2 (Whanger, 2003) was collected from 277 college students enrolled
in an uppetlevel management class at a large southeastern university. The sample was mostly
female(54.19%) and mostly White (87%) withbout 34 of participants identifying as Black,
about 36 asHispanic about 1% as Native American or Pacific Islander, and akdueporting

t hei r thaocApesaangedifrom 20 to 46 with a mean of 228B £ 3.30).Finally,
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Sample 3 (LeBreton, 2002) was collected fré@®7 college students also enrolled in an upper
level management class at a large southeastern university. The sample was mosig)ale (
and mostly White &8%) with about 8% of participants identifying as Black% as Asianabout
2% as Hispanic, and fewer than 1% as American Indéages ranged from 10 50 with a mean

of 22.73 D= 3.92).

Measures

AggressivePersonality

Implicit Motive to Aggress: Conditional Reasoning Test for Aggression (GRT

All three samples used the Conditional Reasoning Test for AggressiorAL&Sthe
measure of the implicit motive to aggrédames, 1998; James et al., 2005; James & LeBreton,
2012) which was administered-jperson using a papandpencil version of the tesThe CRTF
A indirectly measures the motive to aggress by asking respondents to solve inductive reasoning
problems. Unbeknownst to the respondents, each problem contains two inductively plausible
solutionsi one solution based on JMs for aggressiah@me solution based on naggressive
thinking and reasoning. The CRY consists of 2dtems tapping into six JMs. If the individual
endorses the aggressive response, they are given a score of 1 for that item. If the individual
endasees the neaggressive response, they are given a score of 0 for that iterwélgitted
composites wereomputed andised asheindicatorfor the implicit motive to aggress used in the
LPA.ICr o n b adf the®CRT-Alvas estimated to beT®,0.73, and 074in the Frost,

Whanger, and LeBreton samples, respectively.
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Explicit Trait of Aggression: Personality Research Form (PRF)

The 20item Jackson Personality Research Form (PRF) was used to mibasexelicit
trait of aggression in all samples (Jackson, 19B&spondents indicated how much they agreed
with statements on aoint Likert scale (1 Strongly Disagregb = Strongly Agreg Example
items include @Al often quarred.Cwontha odiderd o= an
.80, and .84or the Frost, Whanger, and LeBreton samples, respectiviigh arelikely lower

bound estimate

Outcomes

Overt Deviance: Physical Aggression (Sample 1: Frost, 2005)

Uppetrlevel undergraduate students in psychology were selected to act as trained
observergcorekeeperat intramural basketball games using a behavioral score sheet. Behaviors
were classified as ovetleviance'if the behavior was physical or active in nature and the
aggressoro6s intenti as|btlathart m otrh ai ntcaorngesta | peadros
shoving, tripping, fightig). Frost (2005) described the training of coders as follows:

iThe three research assistants underwent ap

in order to serve as observers during the intramural basketball season. Six hours

of classroom instruction and discussion involved franfageference training

using this scorsheet Training sessions focused on: (a) establishing the definition

of aggression and how it manifests into behavior in different situations, (b)

operationally defining all of the behaviors on the basketball court that could be

considered acts of aggressitmwards a target, including hostile, passive, and
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overt forms, (c) recording the appropriate behavioral criteria from televised
basketball games onto the score sheets, and (d) using the structured sequence to
describe critical behaviors. The research assistants also attendedtwthree

referee trainingession conducted by the Director of Intramural Sports and

league supervisors to familiarize them with league officials and rules. Lastly, the
primary researcher observed and provided feedback to each research assistant as
he orshe tracked behaviors foames during the preeason intramural

tournament. Each assistant completed the training wieyncould demonstrate

90% agreement or better after simultaneously but independently tracking the

same game as the primary researghegu 28-29).

Overt Deviance: Direct Retaliation (Sample 2: Whang2003

In Sample 2, overt deviance was measured using a vignette methodology. Specifically,
participants were given the following backgrour
was about to expire, and the purchasing director was entertaining bids from several companies.

The sales representative in question worked hard to develop@spt@nd respond to requests

from the purchasing director (who will make the final decision). After submitting the final

proposal, and feeling good about their chanttessales representative found out from a reliable

source that a sales representative from a competing company had given the purchasing director 2
tickets to the world series in an effort to win the contract (which is a clear violation of hospital
rules).The sales representative in question approached the purchasing director and told them that

they were aware they received tickets from another sales representative, and they would be telling
the CEO of the hospital i f wonhhe gontrddPdrticipants g et t he

were asked to rate tlowerallperformance othe sales representativan a single item using %
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point Likerttype scale. The exact wording of the response scale waschated inWhanger

(2003.

Obstructionism (Sample 1: Frost, 2005)

Obstructionism was measured usiagjings fromthe ypperlevel undergraduate students
trainedasobservers/scorekeepeBehaviors were classified as obstructionistié behavior is
of a passive or covert nature, and the aggressor attempts to conceal their intent to harm from the
target person, and the aggressor intends to
or interfere wit hitsabjegtves (e.9.6gn0rir la relered rgquest,cstandiage t
i n a pl daliegrtobdeturnuha Pall to the referee in a timely majhr@eethe description

of coding training under Overt Deviance: Physical Aggression.

Expressions of Hostility (Sample 1: Frost, 2005)

Finally, expressions of hostility@vemeasured usingatingsprovided by the uppdevel
undergraduate students trained as obsefs@rekeeper8ehaviors were classified as a verbal
expression of hostility if the behavior was primarily verbal or symbolic in nature, except for
threats of physical violence (which were considered acts of degidnce. Examples include
loud swearing, verbal ridicule, physical gestures, mocking facial expressions, and belittling

someone els&eethe description of codingraining under Overt Deviance: Physical Aggression.
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General Counterproductive Behaviok€£Bs) (Sample 3: LeBreton, 2002)

CBswereoperationalized as officialniversityrecord of a student conduct violation.
This information was obtained from the University registrar with consent from particigags.
weredichotomously coded as students either having or not having a student misconduct violation
on their recordLeBreton wanly able to ascertain whether students were cited for student

misconduct but not thepecific form ofmisconduct These violations could have included

behaviors such as ficheating, plagiarism, forge
of il 1icit drugs, public drunkenness, 202nd mi s u
p. 125).

Data Analysis

PersonOriented Modeling

Latent Profile Analysis (LPA) wassed to test persenriented hypotheses and was
conducted using Mplus version 6.1 (Méth& Muthén, 2009. LPA is a type of latent variable
mixture model in which the latent variable is categofiea.,subgroup®f aggression)and the
indicator variables are continuo(esg., measures of implicit and explicit aggressitPA
identifies profiles of individuals thditave similar patterns of scoresthie indicator variables. A
total score for the implicit motive to aggeand a total score for the explicit trait of aggression
were used as the two indicators in the LPA.

When conducting LPA, multiple models are estimatedicating differing numbers of
profiles (e.g., models indicating 1 profile versus models indicating 2 profiles and so on). A model

is chosen based on a comparison of model fit criteria including Akaike Information Criteria
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(AIC), Bayesian Information Criteria (BIC), and sample size adjusted BIC{ISM When

comparing models with different numbers of profiles, lower values of these fit criteria indicate

better modebata fit (Nylund et al., 2007). The tdendellRubin (LMR) likelihood ratio test is

used to assess if the number of profiles is a better fitting model than a model with one fewer

profile (Wang & Wang, 2012). In addition, substantive interpretations of the profiles in the

different solutions were used to helpanh the decision regarding tfiaal solutionto retain

Finally, relative entropy valuasere also used to evaluate profile fit. Relative entropséd to

assess classification accuracy. Higher values indicate better acdugiris(high0.60 is

medium, and.40 is small; Clarl& Muthen, 2009. The LPA will be used to test Hypothesis 1.
The Bolck Croori Hagenaars (BCH) method (Bolck et al., 2004) and the DCAT (Lanza

et al.,2013) methodverebe used to compare profilesterms of behavior (i.e., overt deviance,

obstructionism, expressed hostiligeneral counterproductive behavijorhe BCH method is

used for continuous outcomes and compares the mean for the outcome across profiles, while

taking into account the probability that participants belong in multiple profiles. The DCAT

method is used for categorical outcomes and compaggsdportion of individuals falling

within each category across profiles, taking into account the probability that participants belong

to multiple profiles.

Variable-Oriented Modeling

ModeratedViultiple RegressiofMMR) was conducted to test variateented
hypothesesyhere thamplicit motive to aggresserval as a moderator between #peplicit trait
of aggression andelevant criteria. All criterion and predictors were standardized before being
included in the model. Each criterion was regressed onto both the explicit trait of aggression and

the implicit motive to aggress in Step 1.3tep2, each criterion was regressed onto the two
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predictors andhe crossproduct of the standardized scoreassessed whether the interaction
effect was significant by examining whether the crasxiuct term explained additional variance
in the criteria above and beyond the main effects (Cehah,2013) relaxing the critical alpha

to p < 0.10 as recommended by Bing et al., (2007a)
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Chapter 3

Study 1 Results

Latent Profile Models

Tables 3171 3-3 contain descriptive statistics for each sample separately. Table 3
summarizes the LPA results. | evaluated models containing betweamdsevenprofiles. |
decided taetain the Jprofile solution The following interpretation of the model fit indices and
other informatioraboutthe latent profile models described below helped to make this decisio
First, the Akaike Information Criterior{AIC) andBayesian Information Criterio(BIC)
continued to improvéi.e., decreasdjom one to thregrofiles after which both increased at the
four-profile solution. Sample Size Adjusted Bt©ntinuedto improve from one to six profiles
before increasing witthe severprofile solution. Relative entropy decreased from the tadhe
threeprofile solution, increased at the feand five profile solutions, and then decreased again
at the six and sevesprofile solutions. Tie LMR likelihood ratio testvas significant at the three
profile solution It became nosignificant at the fouprofile solution, indicatinghat the three
profile solution was a better fit compared to the-profile solution. However, thiur-profile
solution was not a better fit compared to the #madile solution.The smallest group contained
about 18% of the sample in the tpoofile solution, about 14% of the sample in the thpesfile
solution, about 4% of the sample in the fpuofile solution, and less than 1% of the sample in
the five six- and seveiprofile solutions.Given this information, | further explored the
interpretabiliy of thethree four- andfive-profile solutions. Befor@loing sq the threeprofile
solutionwas the solution | waisiclined towardretaining,due to the improvement in fit statistics,

significant LMRp value, as well as a sizeable, smallest group.
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Because of the increased entrapyuesand significant LMRikelihood ratio test also
tried to interprethe five-profile solution. After further exploration of the means for each profile
andoutcome comparisons, the thpfile solution wagudged to be the mositerpretable
solution.As such, | retaiadthe 3-profile solution. Figure 3 describegach indicator's level (in
Z score unitsjor each profileWhereas the raw means are useful for guidhitgl profile
interpretation, given that the CRa@and PRF are scored on different scales, standardizingeha
scorebtained from the threprofile solution foreach profile allowed foease in interpretation
compared to the raw means.
Hypotheses 1Four profiles will emerge that map onto
for Aggressiori Partially Supported
From left to right, the first profile is made up of individuals who tended to sedosv
the mean omoth theimplicit motive to aggressZ(=-0.28 and the explicit trait of aggression (
=-031). This profile is most RrosatigbubgroupThe seeond h Bi ng
profile is made up of individuals who tended to sadoseto averagen the implicit motive to
aggress4 = -0.03 andabove the mean dhe explicit trait of aggressio & 1.41). This profile
ismostconsi stent wi t ©OveRompansatng Prasdc@lisgrodpd e thirdand
final profile is made up of individuals who tended to saiveveaverage on the implicit motive
to aggress4 = 1.49, andaboutaverage on the explicit trait of aggressi@n=(0.06. This profile
is generally consistent with thetent AggressiveubgroupSomewhat consistemtith
Hypothesis 1, theéhreeprofile solution from the LPA provided evidence tlagelyreflected

three of the fousubgroupsypothesized by Bing et al. 2007b.



54

Table3-1: Means, standard deviations, and correlations for variables in Satiriest, 200%

Variable M SD 1 2 3 4 5
1. CRTA 3.96 2.21 1.00

2. PRF 2.65 0.52 0.4 1.00

3. Overt Physica) 0.25 0.57 0.38* 0.23* 1.00

4. Obstruct 0.14 0.41 0.40* 0.01 0.13 1.00

5. Hostility 0.39 1.04 -0.04 0.28* 0.04 -0.01 1.00

Note.CRT-A, Physical, Obstruct, and Verbal N = 183, PRF N = TRT-A = Conditional
Reasoning Test for AggressidPRF = JacksoRersonality Research Fori and SD are used to
represent mean and standard deviation. * = p < .05

Table3-2: Means, standard deviations, and correlations for variables in SaifWleahger2003

Variable M SD 1 2 3
1. CRTA 3.97 2.12 1.00

2. PRF 259 0.44 0.05 1.00

3. Overt (Retaliation 1.78 0.71 011 0.23* 1.00

Note.N = 277,CRT-A = Conditional Reasoning Test for Aggression, PRF = Jackson Personality
Research FornM and SD are used to represent mean and standard deviation. * = p < .05.
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Table3-3: Means, standard deviations, and correlations for variables in SalhgBr&ton, 2002)

Variable M SD 3
1. CRTA 3.75 2.1 1.00

2. PRF 2.08 0.37 1.00

3.CBs 0.06 0.24 1.00

Note.N =697, CRT-A = Conditional Reasoning Test for Aggression, PRF = Jackson Personality
Research FornCBs = Counterproductive Behaviol.andSDare used to represent mean and
standard deviation. * p < .05.

Table3-4: Summary of model fit for latemgrofile models

SS Adj Relative % of smallest
Classes AIC BIC BIC Entropy LMRp group
1 6687.575 6707.817 6695.112 - - 100.00%
2 6630.412 6665.836 6643.601  0.678 0 17.73%
3 6600.538 6651.143 6619.38 0.646 0.0182 13.64%
4 6592.826 6658.613 6617.32 0.667 0.258 4.21%
5 6584 6664.968 6614.147  0.714 0.0005 0.00087%
6 6576.004 6672.153 6611.802  0.684 0.0614 0.00087%
7 6576.748 6688.079 6618.199  0.684 0.5524 0.00087%

Note AIC = Akaike Information Criterion, BIC = Bayesian Information Criteri8& Adj. BIC =
Sample Size Adjusted Bayesian Information CriterldiR = Lo-MendelFRubin likelihood
ratio test% of smallest group = the percent of the sample making up the smallest profile.
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Figure3-1: Standardized estimated antecedent meansétas3 latent profile model.

Note.CRT = Conditional Reasoning Test for
Form.
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PersonOriented versusVariable-Oriented Hypotheses

Variable-Oriented Results

See Tabl&-5 for moderated multiple regression analyses.

Hypothesis B (VO/MMR) i Overt DevianceMixed Support

Hypothesis 2ipredicted thatvhenimplicit aggression is high, as explicit aggression
increases there will be a corresponding increaseeént deviance

Physical Aggression: SupportedModel 1 accounted for 21% of the variance in physical
aggressionThe change iR? wassignificant(qiR? = .048,F (1,173 = 11.19,p < .05), indicating
that the model with the interaction term was a significantly better fit to theAfatan be seen in
Figure 32, when implicit aggression is high, as explicit aggression increased there was a
corresponding increase in overt (physical) deviapoayiding support foHypothesis 2b when

overt deviance was operationalized as physical aggression

Direct Retaliation: Not SupportedModel 1 accounted fa8.4% of the variance idirect
retaliation The change ifR?was not significantpp R= .008,F (1,273 = 2.24,p = .14, indicating
the model with the interaction term was not a significantly better fit to theAtuich,

Hypothesis B was not supportedthen overt deviance was operationalizedliesct retaliation.

Hypothesis 8 (VO/MMR) 1T Obstructionism: Not Supported.

Hypothesis 3b hypothesizéidatwhen implicit aggression is high, as explicit aggression

decreases there will be a corresponding increagksimuctionismsuch that latent aggressives
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will obtain the highest levels abstructionismModel 1 accounted for 0% of the variance in

obstructionismThe change iR? was not significantgpR= .004, F (1,173 = 0.77,p = .38.

indicatingthat the interaction was not significaAs such, Hypothesisb3vas not supported.
However, when the influential obstructionism outliers were removed, the hypothesis was

supported. Specifically, model 1 accounted for 1.63% of the variance in obstructidhasm.

change irR? was significantppR=.017, F (1,171) = 3.43 p = .06. indicatingthat the interaction

was significant. As can be seen in Figur8, 3vhen implicit aggression is high, as explicit

aggression decreases, there was a corresponding increase in obstructionism.

Hypothesis # (VO/MMR) T Expressions of Hostility: Not Supported.

Hypothesis 4ipredicted thatvhen implicit aggression is low, as explicit aggression
increases there will be a corresponding increase in expressions of hestdityhen implicit
aggression is high, as explicit aggression increases there will be a corresponding decrease in
expressions of hostilittModel 1 accounted for 8.1% of the variance in physical aggression. The
change irR? was not significantgpp R=.007, F (1,173 = 1.52,p = .22 indicating the model with

the interaction term was nsignificant As such, HypothesisbAvas not supported.

Research Questiond(VO/MMR) i General Counterproductive Behaviar§lot Significant.

Research Question Hsked ifthe explicit trait of aggressiamoderate the relationship
between the implicit motive to aggress and general counterproductive behshided 1
accounted fotess than 1% of the variance in roompliance RZ = .006). The change ifR? was

not significantgpR=.001, F (1,693 = 039, p = .53. Overall, these results suggested that implicit
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and explicit aggression do not have main or interactive effects in the predictionof non

compliance.



Table3-5: Moderated multipleegression analyses

60

Overt: Physical Overt: Retaliatory Hostility: Verbalt Obstructionisri General CB%
B PR  oF B PR oF B PR @F B PR  F B PR oF
Step 1 210 23.11 .064 9.35 .081 7.64 016 16.46 .006 2.01
Inter -0.01 0.00 0.01 0.01 0.00
CRT-A 0.40* 0.10 -0.07 0.40* 0.01
PRF 0.21* 0.23* 0.28 -0.00 0.07
Step 2 048 11.19 .008 224 .007 1.52 .004 0.77 .001 0.38
Inter -0.02 -0.00 0.01 0.01 0.00
CRT-A 0.37* 0.11 -0.05 0.41* 0.01
PRF 0.17* 0.23* 0.30* 0.01 0.08*
CRT-A X 0.22* 0.10 -0.09 -0.06 -0.02
PRF

Note: Inter = interceptN = 180183 for Overt Physical, Hostility Verbal, and Obstructionism. 6BZfor general counterproductive
behaviorsN = 277 for Overt RetaliatonflCRT-A = Conditional Reasoning Test for Aggression, PRF = Jackson Personality Research Form.

General CBs = General Counterproductive Behaviarglicatesp < .05 indicatesp < .10.

1 Analyses were also conducted without the relekastility predictionoutliers. There were no substantive differerioghe results

2 Analyses were also conducted without the relevant obstructionism prediction outliers. The interaction was significant.

3 Analyses could not be conducted without the @B/ariateprediction outliers because all individuals who received a conduct violation
were considerednivariateoutliers, removing all variance in the outcoriibe analyses were conducted without the four multivariate

outliers There were no substantive differences in the results.



61

oS Implicit Aggression
[ =

2 +18D

Lo

Q = = = Mean

5

> -

3 18D

2 0 2 4
Explicit Aggression

Figure3-2: Interaction of the implicit motive to aggress and the explicit trait of aggress
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Figure3-3: Interaction of the implicit motive to aggress and the explicit trait of aggress
predicting obstructionism Influential obstructionism outliers removed.
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PersonOriented Results

See Tables-8 and Table 37 for a comparison of outcomes across profiles.

Hypothesis 2 (PO/LPA)i Overt DevianceNot Supported

Hypothesis a predicted that Manifest Aggressives would be most likely to engage in
overt deviance compared to the other three protlesvever, because no Manifest Aggressive
profile was uncovered in the thepeofile solution, this hypothesis was not supportecalyses
were still conducted to determine which of the three profiles engaged in the most overt deviance.

Physical AggressionProfiles significantly differed in physical aggressiofe(2) =
10.84 p = .004). Specifically,LatentAggressivesiad the highegiredictedevels ofphysical
aggressionNl = 0.79),and this level was statistically significantly higher thangredicted
scoredor Overcompensating Prosoci@lld = 0.26 and Prosocialév = -0.04).

Direct Retaliation: Profiles significantly differed in retaliatory aggress{ofe= 16.85 p
<.00)). Specifically,Latent Aggressivebad the highegiredictedevel ofretaliatory aggression
(M =1.20, and this level was statistically significantly higher than the predsxtedesor

Overcompensating Prosoci@ld = 1.97), and ProsocialiV = 1.47).

Hypothesis & (PO/LPA)i Obstructionism: Supported.

Hypothesis & predicted that Latent Aggressives would be most likely to engage in
obstructionism as compared to the other three profiléferences were found for obstructionism

acr oss P=rlad7p+.e®). Specifically, Latent Aggressigengaged irsignificantly
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greater levels obbstructionismi = 0.57) compared to botthe Overcompensating Prosocials

Profile (M = 0.14) andthe RosocialProfile (M =-0.06. As such, Hypothesisa@Bvas supported.

Hypothesis 4 (PO/LPA)1 Expressions of Hostility: Supported.

Hypothesis 4 predicted that Overcompensating Prosocials would be most likely to
engage in expressions of hostility as compared to the other three profiles. Sigdifieasmces
were found for expressi?=B.62po 013hSpeifically,i ty acr oss
Overcompensating Prosociald € 0.8) engaged in more expressions of hostility compared to
both the Latent Aggressive Profilel & 0.30) and thé€’rosocialProfile (M = -0.15). As such,

Hypothesis 4 wassupported.

ResearchQuestion B General Counterproductive Behaviar&o Significant Profile
Differences

Research Question Asked which profile would be most likely to engaggemeral
counterproductive behavior&lthough statistically significantitferences wereot observedor
student mi scondi=#L3 pacld,asisterestingpphtiern predictédescores
were observed. Specifically, the predicprdbabilities for the Prosocial Profijerob=.04) and
the Latent Aggressive Profil@rob= .09) were more in line with the full sample probability of
engaging in misconduéprob = .06)compared to the Overcompensating Prosocial Pr{fileb

= 21).
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Table3-6: Summary of estimated outcome meansoss latent profiles

Overt Overt Expressions of
(Physical) (Retaliation) Hostility Obstructionism
% M (SE) M (SE) M (SE) M (SE)
Latent
Aggressive  14% 0.79(0.22) 2.20(0.19) 0.30 (0.16) 0.57 (0.15)
Prosocial 71% -0.04 (0.09) 1.47(0.09) -0.15(0.15) -0.06 (0.06)
Overcomp
Prosocial 15% 0.26 (0.09) 1.98 (0.09) 0.85 (0.24) 0.14 (0.07)
Overall ¢ 10.8%4 16.85 8.62 12.8%

Note N = 183 for Overt (Physical), Expressions of Hostility, and Obstructionism. N = 277 for
Overt (Retaliation)M = Mean,SE= Standard Error. * < .05.

Table3-7: Summary ofgeneral counterproductive behaviaxgoss latent profile models

Estimated ProbabilitySE) Sample Prevalence
Latent Aggressiv .05 (0.01)
Overcompensating Prosoc .21 (0.09) .06
Prosocia .09 (0.04)
Over e 4.23

Note. N=697. Sample prevalence indicates fhr@portion of participants in the full samitbe
three archival samples combinad)o have misconduct violationSE = Standard Error.
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Chapter 4

Study 1 Discussion

This dissertation adopted a peramiented approach studyingtheimplicit motive to
aggressand the explicit trait of aggression. While there had previously been intenestgrating
the implicit motive to aggresmnd the explicit trait of aggression, scholars have taken a purely
variableoriented approach, even though a persoented approach may be more aligned with
integrative theories. First, | found that the profiles uncovered by the latent profile anadysis
fairly consistent wittthesubgoupproposednBi ng et  airtegrative mo@he first )
profile resembledProsocialswith individualstending to scorgon averaggust over a quarter of
one standard deviation below the mean on both the implicit motive to aggress and the explicit
trait of aggression. Next, there was a profile resembling Overcompensating Prosocials, with
individuals scoring almost 1.5 standard dewviasi above the mean on the explicit trait of
aggression and just barely below the mean on the implicit motaggiess. Finalljtherewas a
profile resembling Latent Aggressives, with individuals scoring almost 1.5 standard deviations
above the mean on tlimplicit motive to aggress, and just over the mean on the explicit trait of

aggression.

Although the profiles resemidéhree of the fousubgroupgroposed by Bing and his
colleagues (2007b), theveere some notable differenceédostnotably, | did not uncover a
Manifest Aggressive Profile, where individuals would have scored high on both the implicit
motive to aggress and the explicit trait of aggression. The most stfaiglard explanation for
this likely has to do with thalreadyvery low base rates for scoring high @itherthe implicit
motive to aggressr the explicit trait of aggression. Consider the proportion of individuals falling

within the Prosocial profile: Over 70% of the sample! Therefond; the remaining0% of he

samplevas available for c¢l| as diiafgiga dateiadeapgioupst o o n

e
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Although the existence of the Manifest Aggressive profile makes theoretical sense, it may only be
uncovered in certaijpbsthat are more likely to be dispositionally aggressive (ay.,
enforcement Future work needs to determine if the Manifest Aggressive profile is more likely to
be uncoverewvith those employed ithese specific jobOnce we have a better understanding of
whichindustries each profile imost likely to exist, we can start to disentangle the theoretical
framework behind the behaviof the ManifestAggressive. In other words, Bing et al., proposed
that Manifest Aggressives would be more likely to engage in overt forms of deviance. We need to
know if Manifest Aggressives exist so we can be better prepared to defend against these acts of

deviance thatra often quite severe.

If Manifest Aggressives do not exist in practical applications of the integrative typology
model, then we need to figure out how else to predict these overt forms of deviance. In Study 1, |
found that it was the Latent Aggressives that were most likedpgage in these overt forms of
deviance in intramural basketball. Is this because the existing theory is less accurate than we
thought and Latent Aggressives are more likely to engage in these behaviors compared to
Manifest Aggressives? Is this becaus@lmbt sample the correct individuals? Alternatively, it
could be that the overt deviance criterion used in Study 1 was not severe enough. Yes, | found
that Latent Aggressives were more likely to engage in overt deviance, but physical aggression is
often &pected, and even tolerated in sports. As such, fallpwtudies will be useful to see if
Latent Aggressives will always be most likely to engage in this form of deviance, or if things start
to look different when outcomes are more severe or less scatagptable. In Study 2, |
surveyed a unique sample not tested in Study 1, so | will be able to start disentangling this

guestion.

Specifically, | surveyed working adults in Study 2, rather than college students. | also

collected data in 2023, rather thany&tars ago. In addition, overt deviance in Study 2 is not
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measured in a context where being physical and violent is often warranted and accepted. Instead,
overt deviance will ask directly about abusive behaviors, property destruction, and theft in a
workplace setting. As sucBtudy 2 will help to determine if Manifest Aggressives emerge in a
sample of working adults. Additionally, if no Manifest Aggressive profile emerges, we can

explore which profile is most likely to engage in these new types of overt deviance.

Although hypotheses related to overt deviance and Manifest Aggressivésnot be
tested the hypotheses linking Expressed Hostility to Overcompensating Prosocials and
Obstructionism to Latent Aggressivaere tested and supportepecifically, when using LPA, |
found that Overcompensating Prosocials were most likely to engage in expressions of hostility,
such as arguing with another player while playing intramural basketball, and Latent Aggressives
were most likely to engage istructionism behaviorsuch as delaying an intramural basketball
game, as predicted. Even though these findings were in line with my expectations based on
conditional r e as o n ipriagwotkht it stilybe impodantBo seedgf these a |
findings hold in the new sample of working adults. In the new sample, | will be exploring
theoretically similar concepts, but in a differeontext For example, rather than failing to return
the ball to the referee, an employee may purposefully fail to return a phonetball tve
worker. Seeing how results compare across such different contexts will be an important next step

in further validating these profiles.

Finally, in terms of the research question related to general counterproductive behaviors,
although there were no significant differences between profiles in student conduct violations, the
pattern of results iguite interesting. Specifically, although not statistically significantly different,
| found a higher proportion of individual&ith student conduct violations in the
Overcompensating Prosocial profile. In theerallsamplethe base ratéor student conduct

violations wasabout 6%. However, over 20% of tmglividualsin the Overcompensating
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Prosocial profile were estimated to have a conduct violation. While it was interesting to see this
pattern of differences across profiles, it was also difficult to interpret these findings given the
nature of the outcome. Specifically, the outcome wadfamab record of a student conduct
violation. However, it was not possible to determine the precise behavithdhgttident engaged
in. The conduct violation could have been awarded for fighting, violating fire safety rules,
engaging in underage drinkjror drug use, or engaging in academic dishonesty, among a host of
other behaviors. Again, because this was not statistically significant, these results should be
interpreted with caution. However, it servesaamteresting jumping off point for future work.
For example, in Study 2, | will again explore general counterproductive behaviors in the new
sample of working adults. So, Study 1 results taken in tandem with Study 2 results may shed

important light on thesfndings.

In terms of the performance of the variabléented versus persariented analytic
methods, there were stark differences between the two approaches. Seelltbla 4
comparison of the findings. Specifically, when using MMR | was only able to finghiisant
interaction between the implicit motive to aggress and the explicit trait of aggression in the
prediction of overt deviance. Additionally, the findings from the interaction were in conflict with
the findings from the perserriented approach. Usj MMR, one might say | found that
iMani fest Aggressivesod were most | ikely to eng
implicit aggression was high, as explicit aggression increased, there was a corresponding increase

in overt deviance. To scholamho have relied upon MMR to test interactive theories, this pattern

S
<

of results might have served as a proxy for
There are several potential explanations for differences in results across analytic method.
First, it could be that bigetteraligning theory with the method, | more consistenthgerved

resultsconsistent with myersonroriented theory. By adopting a persorented approach, |
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assunedthat subpopulations exist within the sample. Although Bing and his colleagues propose
four subgroup®f aggression, testing this theory with a statistical interaction did not appear to
fully capture the complexity of the relationships.

Another benefit to aligning theory with method is the opportunity to use more robust
methods. Indeed, Latent Profile Analysis has some methodological advantages over moderated
multiple regression, which typically used to test integrative models. When schakelgson
MMR, their hypothesis test are almost invariabhderpowered (McClelland & Judd, 1993). The
most efficient way to detect an interaction (when it is present in the population) is to adopt an
extremegroups design where equal proportions eample are sampled from the highest and
| owest | evels of predictor and modubgroagstber vari a
ideal distribution of the sample would be about 25% perfectly falling into each of the four
quadrants, with those individuals scoring at extreme levels of high and low implicit and explicit
aggression. However, this was not the distribution of mypgesninstead my data tended be
guasinormal having a slight positive skew on measures of both implicit and explicitsagmre
Because of this, it is extremely difficult to detect an effect with MMR, even if one exists (Aguinis
et al., 2016). Consequently, it was not entirely surprising that very few statistical interactions
were detected in Study 1. One way that reseasdieere suggested addressing power concerns is
by identifying participants that fall into extreme groups. As an illustrative example of this,
Galderab (2018) artificially created four extreme groups from a larger sample to increase
statistical power. For exnple, for Manifest Aggressives, he only included those who scored
above 8 on the CRA and more than 2 standard deviations above the mean on explicit
aggression (N = 34). This categorizing of participants resulted in almost 75% unusable collected
data. ertunately, LPA allows for the efficient use of all available data, and as seen in Study 1,

this may have made a substantial difference.
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Table4-1: Comparison ofests othypotheses

Hypothesis Variable-Oriented Modeling PersonOriented Modeling
H2 Could not be tested as originally
Overt Supported roposed
(Physcal) brop
H2 Could not be tested as originall
Overt Not Supported roposed* ginally
(Retaliation) brop
H3. . Not Supported Supported
Obstructionism
H4
Expressed Not Supported Supported
Hostility
RQ1
General : No Significant Interaction No Significant Differences
Counterproductiv
Behaviors

Note * = hypothesis nadirectly testabldut significant differences found.

The purpose of Study 2 is to replicate profiles in a sample of working adults.
Additionally, overt deviance, obstructionism, expressions of hostilityganeral
counterproductive behaviovégll be examined in an organizational context. Instead of physical
aggression in basketball and retaliatory aggression in a lab stlflsgports ofovertly deviant
behaviors at work will be explored suchiaappropriate physical behaviors at wottke
destruction of workplace property, and th&ather than obstructionism in basketbsdilf-
reports ofobstructionism in the workplace will be explored (e.g., withholding information from a
supervisor). As opposed to expressions of hostility in basketball, expressions of hostility at work
will be examined (e.gyelling at a ceworker). Finally, as opposed @general counterproductive
behaviordn terms of student misconduggneral counterproductive behawuitl be in terms of
self-reportedCWBs. As such, not only will determinef the subgroupgroposed by Bing and
his colleagues (2007b) exist in working adults in addition to college studentsyitiwlso

discoverif there are similamechanism$o explainprototypical behavioin this new setting.
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It will also be interesting to explore the effect that the measurement of the outcomes in
Study 2 has on the results. In Study 1, | had access to some unprecedented behavioral outcomes
such as actual behavior in sports, objective student conduct violatimha close behavioral
proxy in a vignette study. Indeed, it has been-wsthblished that implicit measures are better at
predicting behavioral and objective outcomes compared to outcomes fraramEeted
guestionnaires (e.g., Spangler, 1992)egaa | is to test this model 6s
time in a sample of working adults. In Study 2, | will be using areglbrted questionnaire of
various unwanted behaviors at work. In order to get participarttsnk more objectively about
their behaviors, | did not ask participants to rate how much they agreed or dighgtahdy
would ever engage in a behavior. Instead, | asked participants to think about how frequently in
the past year they have engaged in each behavior in the hopes that th&am in a more
objective mindset.

Another possibility is that the seléported nature of these outcomes results in a
completely different pattern of findings. Whereas the &Ri§ a great predictor of behavioral
outcomes, explicit selfeported surveys are great predictors of explicftisgdorted surveys. As
such, it will be important to see if patterns of results change because responses from the PRF (the

explicit measure of aggression) will contribute more to the prediction efegadfted outcomes.
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Chapter 5

Study 2 Method

Participants and Procedures

Participants were recruited through Prolific, an online survey platform. Data were
collected across thragne points At Time 1 (T1) participants completed the CRY (see Study
1 for description)measuring the implicit motive to aggress$.T1 participants also completed
arother conditional reasoning test for use by another researcher as part of a largdihstudy.
median completion time was 29 minutes and 40 seconds and participants were paid on average
$17.19 per hour. At Time 2 (T2) participants completed arselfrt measure dhe explicit trait
of aggressionParticipants also completed other measures of explicit personality for use by
another researcheéfhe median completion time was 14 minutes and 21 seconds and participants
were paid on average $29.26 an hour. Finally, at Time 3 (T3) participants completed measures of
workplaceattitudes andehaviors. The median completion time was 19 minutes and 44 seconds
and participants were paid on average $17.76 an hour. These rates were determined to be
AGr eat ! 0 Datgwekrcaldcted as jgart of a larger study examining how implicit and
explicit personality are related to job attitudes and behaviors.

850 participants were invited to participate in T1. Of the 850 approved by Prolific, 840
were also recorded in Qualtrics (10 in Prolific we do not have data for in Qualtrics). Of those 840,
2 were removed for missing or failing reCAPTCHA scores (n = 1) or completing the survey too
quickly (n =1). A score less than 0.5 on the reCAPTCHA indicates the respondent is likely a bot.
Therefore only 8380of the original 85@articipants were invited back for T2, and only th838

who were invited back to T2 wenedluded in the data set used for data screening and cleaning.
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Once data collection was completed, the data were screened to ensure that only eligible

participants were included in analysis. Thittyo individuals were removed for not being
employed at least patime in the last year, and 64 additional individuals weraoved for not
interactng with anyone as part of their joAdditionally, it was a requirement for participants to
have completed the CRA to be invited back to T2, and upon further inspection, three
individuals in the dataset did not complete theT&R These 3 participants as well asother33

individuals were removed for endorsing five or more illogical responses on théACRad

participants were removed for failing attention checks at this stage, as no remaining participants

failed more than half of the included attention cheélsssuch, the 706 remaining participants
were included for missingness and outlier checks (see Tablesparticipant removadteps.

Table5-1: Summary of participant removal

Invited to participate in T2 and T3 838
Not employed in past year 32

No interaction on job 64

Did not take CRTA 3
Endorsed 5 or more illogical responses 33

CRT-A

Failed more than half of attention checl 0
Total forremoval 132
Resulting N 706

Note T2 = Time Two. T3 = Time Three. CRA = Conditional Reasoning Test for Aggression.
First, the nature of missing data was evaludted.t t | e 6s MCAR t est
were missing completely at random at ileen-level @ = 77.07, df = 75,435 p = 1.0) and at the
constructlevel ( &= 1.79 df =5, p = .88). Responsmates were calculatatext. The fullresponse
rate was 9%, the partialresponse rate w86, and the nomesponse rate was 9%®er
recommendations from Newman (2014), pairwise deletion will be used because cdegaiuct
partial respondinglid not exceed 10%As in Study 1, Bhough parameter estimates will be
unbiased, standard errors will be inaccurate. Mpexifically, they will be upwardly biased,

yielding slightly lower power and higher Type Il errcates PerNewman (2014), sample sizes

ndi c
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for each construct will be denotedthe footnote of the correlation matin the following
chapter

Next, | examined the presence of outligks.suggested by Tabachnick and Fidell (2013),
a threshold of plus or minus 3.29 standard deviations was used to identify extreme univariate
outliers.Univariate outliers are describedTable 52. Univariate aitliers were further examined
to ensure they were not errors (Aguinis et al., 2013). All outliers were accurate, and thus, not
errors. As such, the outliers identified were eithatentiallyinteresting (accurate data points that
may contain valuable knowdge) or influential (accurate data points that affect substantive
conclusiony andare denoted as sualm Table5-2. All outliers identified as influentialvere
prediction outliers. They were identified using DFFITS (Difference in fit, standardized) with a cut
off of + or- 2 times the square root of k+1/n (Aguinis et al., 2013; Belsley et al., 1980). In other
words, parameter estimates were altered whdreoaases were included in the regression
model.As recommended by Aguinis et al. (2013), the regioesanalyses will be conducted both
with and without influential outlierdn addition, | will provide someecommendations for
studying the interesting outlierSee a summary of differences comparing interesting outlier cases

to noninteresting outliers iTable 53.



75

Table5-2: Summary of univariate outliers in Study 2

. . Also
Consrut (L0 ctrs Guters o g Muliariste
CRT - 13.29 1 0 0 1 0
PRF 0.53 3.95 1 0 1 0 1
Overt 0.36 1.7 9 0 0 9 9
Obstruct - 3.83 13 0 12 1 6
Hostility - 2.67 13 0 12 1 10
CwB 0.07 2.55 9 0 9 0 6

Note Upper and lower thresholds were calculated using the criterion of plus or minus 2.24
standard deviations from the me&RT = Conditional Reasoning Test for Aggression, PRF =
Jacksonds Per s o nwheniLower TReskold & the lbwerRhveshwld was
negative.The remaining constructs atemposite scores. Development of composite scores
discussed in measures section.

Table5-3: Description ofinterestingoutliers for Study?2 - Univariate
Potentiallylnteresting

Outliers Non-Outliers
Age M=230(SD =NA) M=41.8B(SD=11.9)
CRT (n=1) Sex  100% Male 40.99% male
Race 0% White 75.28% White
Age M =34.89(SD =12.39 M =4212(SD =11.6%
Overt(n =9) Sex  33.3%% Male 40.7% Male
Race 44.4%%6 White 76.41% White
Age M=19(SD=NA) M = 4205(SD = 11.6)
Obstruct(n =1) Sex  100% Male 40.9%% Male
Race 100%White 75.98% White
Age M=19(SD=NA) M = 4205(SD = 11.6)
Hostility (n =1) Sex  100%Male 40.9%%6 Male
Race 100% White 75.98% White

Next, multivariate outliers were identified using Mahalanobis distancelT &#e 54 for
more detailed information about the multivariate outliers. | calculated thexjclare critical value
using the gchisq function in @ Core Team, 2024¥pedying U= .001 anddegrees of freedom
of 6 (Conditional Reasoning Test for Aggression, Jackson Personality ResearctOverin,
Obstructionism, Hostility, and Total CWBhis resulted in a critical value @246 The

multivariate outliers detected in tieolific sample (n =32) were further examined. They did not



76
appear to be errors. As recommended by Aguinis et al. (2013), | examined if these were model fit
outliers by comparing regression models with and without the outliers included. The statistical
significance ofR? did not change with the exclusion of the multivariate outliers, indicating that
thesewerenot influential outliers. As such, | classified tB2 multivariate outliers detected in the
Prolific sample apotentiallyinteresting outliersAs recommended by Aguinis et al. (2013), the
regression analysewill be conducted both with and without influential outliensaddition, 1 will
provide som@&ecommendations for studying the interesting outli8ee a summary of

differences comparing interesting outlier cases teintaresting outliers in Table-5.

Table5-4: Summary ofmultivariate outliers in Study 2

. Total Error Influential Potentla_llly
Critical 62 ) . : Interesting
Outliers Outliers Outliers .
Outliers
22.46 32 0 0 32

Table5-5: Description ofinterestingoutliers forStudy 2 archival samples- Multivariate
Potentiallylnteresting

. Non-Outliers
Outliers
Sex 22% Male 41.68% Male
Race 61% White 76.49% White
Age M =39.44(SD=11.89 M =42.13(SD=11.69

Participants

Participants wer@06 English speaking working adults residing in the United States. The
majority of participants werlemale(57.7%%0) and White (3.0®%6) with an average age of 91.
(SD=11.9). For education, 17284 of participants had their high school diploma52% of
participants had t he3% haalchdleomrdosnace gmneédes, demgd e
worked for private foiprofit companies (80.45%), Participants had an average tenure in their
organizations of 4®years ED= 1.26) and worked on average 4bhburs per week3D=

8.31).
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Measures

Aggressive Personality

Implicit Motive to AggressCRT-A

As in Study 1, the Conditional Reasoning Test for Aggression was used to measure the
implicit motive to aggres# variation of KR20 (Gulliksen, 1950yvasused to estimate
reliability for the CRFA, as recommended by LeBreton et al. (2020). Reliability obtained was
.72, which is consistent with previous work using this estimate of reliability (LeBreton et al.,

2020).

The Explicit Trait of Aggression: PRF

As in Study 1, the Personality Research Form was used to méasexlicit trait of
aggression ( Cforsudy g likélyoadowdd boend esBmajte
Outcomes

Participants responded to all outcome measures using the same response scale.
Specifically, following methods used by Bragg and Bowling (2018), participants were asked to
indicate the frequency with which they engaged in each behavior in the last yeapoma
scale (1 = Never, 2 = Once, 3 = Twice, 4 = Several Times, 5 = Once or Twice a Month, 6 =
Weekly, 7 = Daily), with the option to specify that a behavior was not applicable to their jobs.
The endorsement of the not applicable response option adeatjest under 18%. In other

words, for each item, an average of 17.95% of the sample endorsed NA. See-Z &nlartore
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information on the NA endorsement rates. These responses were treated as you would treat any
missing response in missing data analyses. It was a conscious decision to prefer missing data over

inaccurate estimates of engaging in behavior at work.

Table5-4: Summary of M\ endorsement in Gruys & Sackett CWB measure

SubScale # Items  Average # NAgeritem Average % Responses
Theft 10 121.50 20.87%
Property 4 106.75 17.82%
Information 5 101.40 16.77%
Resources 13 111.08 18.72%
Safety 4 123.00 21.17%
Attendance 5 102.60 17.01%
Quality 3 98.33 16.18%
Alcohol 3 102.00 16.89%
Drug 4 105.75 17.62%
Verbal 8 102.88 17.07%
Physical 7 104.43 17.36%
Averages 6 107.25 17.95%

Note.# Items =The number of items within each sabale. NA = Not applicable to my job.

Average # NAs peitem: Averaged number of NA endorsements for items within each subscale.
Average % Responses: The average proportion of total responses for items within eadh subsca
of NA endorsement.

Workplace Deviance

The following sections desc rfactorenodeloiwv Ne u man
workplace deviance was measured (i.e., OBestiance Obstructionism, Expressions of
Hostility). Gr uy s-itemealntegeduktieetwbrpkace pehdiior 3cale \8as
used to measure 11 dimensionsvoikplace deviangeand was the chosen measure of
counterproductive behavior for the larger project that this data collection effort was a part of.

the purposes of this dissertatidbiselecteddimensions (and oftéimes, specific itemdhat |
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judged to be most aligned withe u man and Barondés defOventi ti on and
Deviance ObstructionismandExpressions ofostility, further discussed below.

Overt DevianceNeuman and Baron (1998) define overt deviance as includingdgatain
physical or sexual assault as well as property damage and theft. Conveniently, Gruys and
Sackettds CWB measure includes subscales for i
andtheft and related behaviors. However, at closer inspection of the items within these subscales,
some items were more relevant to the definition provided by Neuman and Baron than others. For
example, although providing goods and servicéssstthan the price established by the company
is certainly a Arelated behavioro to theft, I
directly related to theft. These included the

t he ¢ o nipake naghoor property belongingtoaw@ r k er 6, and fATake pett

companyo. The same was done for destruction of
ADef ace, damage, or deswomnkempdopiebDefyaowel dama g
property belonging to a customero, and fADeface
product belonging to the companyo. Finally, th

actions. The three items +dwmoc k@dydchlydtmcka APhysic
customer o, and APhysGrcon U axdBavkbichis likelyalosen per vi sor
bound estimate of reliability.

Obstructionism. Neuman and Baron (1998) define obstructionism as actions designed to

i mpede withs someoneds ability to perform thei
objectives. From the Misuse of Time amtde Resour
jobo and fAWaste company resourceso. From the P
filntentionally come to work | ateo. From the Po

Ailntentionally perform your | oydowaekbadyoracceptahb
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incorrectlyo, and Al nt eICtrionmbaikipwidndslileaw or sl
lower bound estimate of reliability.

Expressions of Hostility.Neuman and Baron (1998) defiagpressions of hostility as
primarily verbal or symbolic in nature. As suchetinappropriate Verbal Actions subscaias
used, which includethree items relating to arguing or fighting with aworker, customer, or
supervisor and three itermslating toverbally abusing a eaorker, customer, or supervisor.
Items also included AYell or shout on the jobbo
wor k piCa oabd a=.15avkich § likely a laver bound estimate of reliability.

Model fit of the CWB dimensions were assessed with confirmatory factor analysis.
depiction of the CFA model can be seen in Fidufe As recommended by DiStefano et al.,
(2020), because of sparse data in most of thesi@cross all ordinal categories, items were
treated as continuous and the MY/ estimator was used to correct for reormality. Thethree
factor model demonstratemodfit as defined by Hu & Bentler (199@)? (171) = 5068.53
Robust CFI = .976RobustTLI = .970, SRMR = 079, RobustRMSEA = 030), and all loadings

were greater than .B@nd significant§ < .05).

General Counterproductive Workplace Behaviors

In addition to thehree dimensionsf workplace deviance, general counterproductive
workplace behaviors (CWBs) were also measured. General CWBs were meessuged 66
items from Gr (2908 coantegprodbcive kwakplacé Isehavior scale. Dimensions
included theft and related behavior {it®ms), destruction of property-{gems), misuse of
information (4tiems), misuse of time and resources-i{&®s), unsafe behavior-tems), poor

attendancé5-items), poor quality work (&ems), alcohbuse (3items), drug use (items),
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inappropriate verbal actions-{@ms), and inappropriate physical actionst€éms).Total

Cr o n b a=.91 6michls likely a lower bound estimate of reliability
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Figure5-1: Measuremenmodelf or Gruys and Sackettoés CW
factor model of Workplace Deviance

Data Analysis

The analytic plan followed in Study 1 will also be used in Study 2
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Chapter 6

Study 2 Results

Latent Profile Models

See descriptive statistics for Study 2 variables in TaldleThe same procedures were
used as in Study 1 to conduct the LPA, with the explicit trait of aggression and the implicit
motive to aggress serving as the two indicators. | evaluated models containing lmeteream
sevenprofiles. Fit indicegAIC, BIC, SSABIC) improved movinfrom a oneprofile solution to
atwo-profile solution, AIC and SSABIC continued to improve moving to a tedile solution,
albeit the increase in BIC was very minimal. Additionally, entropy increased moving to the three
profile solution, and continued to increase moving to the-foofile solution. The percentage of
the sample belonging to the smallest group in thepmfile solution was almost 30%, and in the
threeprofile solution was almost 11%. However, the percentagecosample belonging to the
smallest group in the fouthrough seveprofile solutions was less than 1%. Finally, the LMR
likelihood ratio test indicated that the typoofile solution was a better fit than the gm®file
solution, but the threprofile sdution was not a statistically better fitanthe twoeprofile
solution. Given the above information, | further exploredititerpretability of thewo- and
threeprofile solutions. In the twgrofile solution, there was one profile with scores below the
means on the implicit motive to aggress and the explicit trait of aggression, and a profile with
scores above the means on the implicit motive toesggand the explicit trait of aggression. The
threeprofile solution essentially split the profile withaes above the mean on the implicit
motive to aggress and explicit trait of aggression into two separate profieeprofile with
higher scores on the implicit motive to aggress, and one profile with higher scores on the explicit

trait of aggression. This informati@udds important nuance to the understanding of aggression
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profiles, and as such, the thrpeofile solution was retaine&ee Figure 4 for graphed Zcores

for the threeprofile solution.

Table6-1: Means, standard deviations, and correlations for Study 2 variables

Vari abl e M SD 1 2 3 4 5
1. | mpriesist ¢5. 2.

2. Explriesist ¢2. :0. ¢ .1

3. Ovenmmclkev 1. (0. : .1 2 (

4. Obisotnriusemt 1. 0. ° .0 .2 . 3¢
5Expresd#ioendgl. 0. ¢« -0 .30 . 4: .30

6. General (1 0. 0 2 .6 ( . 7¢ . 6¢

Workplace BehaviordVl andSDare used to represent mean and standard deviation,
respectively. * indicatep < .05

Table6-2: Summary of modéit for latent profile models

Note.N = 706for Implicit Agg, N =652for Explicit Agg, N = 612 for Overt Daance, N = 614
for Obstructionism and Expressions of HostililBeneral CWBs = General Counterproductive

Adji?ted Relative % of smallest

Classes AIC BIC BIC Entropy LMR p group

1 4185.711 4203.949 4191.248 - - 100.00%

2 4163.76 4195.677 4173.45 .488 0.0181 29.62%

3 4158.426 4204.022 4172.269  .561 0.4586 10.84%

4 4154.673 4213.948 4172.67 .667 0.0009 0.16%

5 4156.624 4229.578 4178.774 571 0.2953 0.16%

6 4159.488 4246.121 4185.792  .518 0.6685 0.16%

7 4163.332 4263.643 4193.788  .599 0.4645 0.16%

Note AIC = Akaike Information Criterion, BIC = Bayesian Information Criteri8& Adjusted
BIC = Sample Size Adjusted Bayesian Information Criteid¥iR = Lo-MendellRubin
likelihood ratio test% of smallest group = the proportion of the sample that makes up the
smallest profile.

Hypotheses1F our
for Aggression Partially Supported

Figure 61 contains a bar graph describing the level (in Z score units) of each indicator

profiles

wi |

emer

ge

t hat

ma p

within each profile. From left to righthe first profile iscompiised ofindividuals who tended to

onto
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scorebelow the mean on both the implicit motive to aggr&ss{0.24) and the explicit trait of
aggressionf=-0. 41) . This profile is most consistent
subgroup The next profile is made up of individuals who tended to score more than a standard
deviation above the mean on the implicit motive to aggiessl(36) and above the mean on the
explicit trait of aggressior(= 0. 43) . This profile is most cons
Latent Aggressiveubgroup Finally, the third profile is made up of individuals who tended to
score above the mean on the implicit motive to agg#sd)(06) and over a standard deviation
above the mean on the explicit trait of aggression {.13). This profile is most consistent with
Bing et al dés (2007) sObgreupThetmngeprofiesahatiwarg Pr osoci al

uncovered argenerallyconsistent witlthree of the fousubgroupgroposed by Bing et arhis

pattern of results is also consistent with the tipredilesretainedn Study 1

16
14

12

0.8
0.6
04

0.2

0.2 l
-0.4

-0.6

ORT PRF ORT PRF CRT PRF

Figure6-1: Standardized estimated antecedent mear&étass latent profile model

NoteCRT = Conditional Reasoning Test for
Form.
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PersonOriented versus Variable Oriented Hypotheses

Variable-Oriented Results

See Table & for a summary of thenultiple moderated regression.

Hypothesis2b (VO/MMR) i Overt Deviance Supported

Hypothesis 2lpredcted thatwhen implicit aggression is high, as explicit aggression
increases there will be a corresponding increase in overt deviance, sudiatifestAggressives
will obtain the highest levels of overt devianbodel 1accounted fob% of the variance in
overt deviance. The changeRAwas significantgp R= .001, F(1,586) = 6.07, p = .01, indicating
that theinteraction was significanAs summarized ifFigure 62, when implicit aggression was
high, as explicit aggression increased, there was a corresponding increase in overt deviance,

providing support foHypothesis 2b.

Hypothesis 8 (VO/MMR) i Obstructionism:Not Supported

Hypothesis 3lpredicted thatvhen implicit aggression is high, as explicit aggression
decreases there will be a corresponding increase in obstructionism, such that latent aggressives
will obtain the highest levels of obstructioniskiodel 1 accounted f&8% of the variancén
obstructionismThe clange inR? from Model 1 to Model 2 was examined to assess the
improvement in model fit with the addition of the interaction term. The chariganas
significant,qp R=.004, F(1,587 = 2.8Q p = .09, indicating thatheinteraction effectvas

statistically significantContrary toHypothesis 3b,fcan be seen in Figure36when implicit
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aggression was high, as explicit aggression decreased, there was a corresponding decrease in

overt deviance. As suchlypothesis 3b was not supported.

Hypothesis # (VO/MMR) I Expressions of HostilityNot Supported

Hypothesis 4lpredicted thatvhen implicit aggression is low, as explicit aggression
increases, there will be a corresponding increase in expressions of hostility, and when implicit
aggression is high, as explicit aggression decreases, there will be a corresponding decrease in
expresions of hostility.Model 1 accounted f®% of the variance. The changeRhfrom Model
1 to Model 2 was examined to assess the improvement in model fit with the addition of the
interaction termThe change ifR? was not sigrficant, gp R=.001, F(1,597) = 1.07, p = .30,

indicating that thénteraction was not significamds suchHypothesis 4b was not supported.

Research Question 1b (VO/MMR) General CWBs: Significant interaction.

The vaiable-oriented research question asked if the explicit trait of aggreasiokal
moderate the relationship between the implicit motive to aggress and general counterproductive
workplace behaviordMlodel 1 accounted fd8% of the variance in general CWB® & .08) The
change irR? from Model 1 to Model 2 was examined to assess the improvement in model fit with
the addition of the interaction terifihe change ifR? was significantgp R= .01, F(1,590 = 7.95
p =.005,indicating that the model with the interaction term wigmificant. As can be seen in
Figure 64, when implicit aggression was high, as explicit aggression increased, there was a
corresponding increase in general counterproductive workplace behaloarsver, when the

influential outliers were removed, the interaction was no longer significant.
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Table6-3: Moderated multiple regression analyses

Overt Deviance Obstructionisrh Expressed Hostiliy General CWB%

B PR pF B PR pF B PR pF B PR pF
Step 1 .05 13.914 .06 17. 4 .09 30.3 .08 25.26
Inter 0 0 0 0
CRTA 0. 08 0. 00 0. 06 0.01
PRF 0. 19¢* 0.24¢ .31+ 0.28*
Step 2 .001 6.20 . 004 280 . 001 1.07 01 7.95
Inter 0. 01 0.01 0.01 -0.02
CRTA 0. 08 0. 00 0. 06 0.00
PRF 0. 19+ 0.24+* 0.31* 0.28*
CRT-A
X
PRF 0. 11°* 0.07 0. 04 0.12*

Note: Inter = interceptN = 706 for Implicit Agg, N = 652 for Explicit Agg, N = 612 for Overt Deviance, N = 614 for Obstructionism and
Expressions of HostilityCWBs = Counterproductive workplace behaviors. * indicates05, indicatesp < .10.

4 Analyses were also conducted without the relesastructionisnprediction outliers. There were no substantive differences in the results.
5 Analyses were also conducted without the reletastility prediction outliers. There were no substantive differences in the results.
6 Analyses were also conducted without the rele@W8 prediction outliersThe interaction was not significant.
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Figure6-2: Interaction of the implicit motive to aggress and explicit aggression in predista
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PersonOriented Results

See Table @l for a summary of estimated outcome means for the LPA.

Hypothesis 21 Overt DevianceNot Supported

Hypothesis & predicted that Manifest Aggressives would be most likely to engage in
overt deviance compared to the other three profiles. However, because no Manifest Aggressive
profile was uncovered in the threpeofile solution,as suchHypothesi2awas not supported.
However, the analyses were still conducted to determine which of the three existing profiles
engaged in the most overt deviance.

Significantd f f er ences were observed for ?@yvert
=8.19,p = .02). Specifically, Overcompensating Prosocials had the highest predicted levels of
overt deviancéM = 1.12). This mean level was statistically significantly higher than the levels

predicted for Prosocia{# = 1.00), but not for Latent Aggressiveéd £ 1.09)

Hypothesis &1 Obstructionism: Not Supported.

Hypothesis3a predicted that theatent Aggressiveubgroupvould be most likely to
engage in Obstructionism compared to the other gubgroupsProfiles significantly differed in
obstructionisn{ %= 10.26 p = < .006). Contrary to expectation§vercompensating Prosocials
engaged in more obstructionism (ML:81) than Latent Aggressives (ME64) andProsocials

(M = 1.42. Thus,Hypothesis @ was not supported.
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Hypothesis 41 Expressions of HostilityPartially Suppored

Hypothesis 4 predicted that th®©vercompensating Prosocilbgroupvould be most
likely to engage in expressions of hostility compared to the otherghlegoupsProfiles
significantly differed in verbal CWBs(2 13.58 p = .001). As predicted, Overcompensating
Prosocials had the highest predicted levels of expressed hoMikityl(50). This mean level was
statistically significantly higher than the levels predicted for Prosdéibis 1.12), but not for

Latent Aggressived( = 1.24) As such, Hypothesis 4a was partially supported.

Research Question 1a (PO/LPA)General CWBSs: Significant Differences.

Research Question Asked which profile would be most likely to engage in general
counterproductive behaviorBrofiles significantly differed in general CWBs @ 12.17,p=
.002). Overcompensating Prosocials had the highest predicted levels of generalNCWBs (
1.47). This mean level was statistically significantly higher than the levels predicted for

Prosocialg¢M = 1.24), but not for Latent Aggressived € 1.44)

Table6-4: Summary of estimated outcome means across latent profiles for S2 (Sample 4)

Overt Obstruct EXpHrE:t‘?I'i?;S of General CWBs
M (SE) M (SE) M (SE) M (SE)
%
LA 11% 1.09 (0.07) 1.64 (0.21) 1.24 (0.11) 1.44 (0.15)
PS 68% 1.00 (0.01) 1.42 (0.04) 1.12 (0.02) 1.24 (0.02)
OP 21% 1.12 (0.05) 1.81 (0.12) 1.50 (0.10) 1.47 (0.07)
G?(2) 8.19* 10.26* 13.58* 12.17*

Note M = Mean, SE = Standard Error. * = p < .05. LA = Lat@gyressive, PS = Prosocial, OP
= Overcompensating ProsatiCWB = Counterproductive Workplace Behaviors
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Chapter 7

General Discussion

The purpose of Study 2 was to adopt a pexsiented approach to the study of the
implicit motive to aggress and the explicit trait of aggression. More specifically, | wanted to
explore if the fousubgroupgroposed by Bing et al. (2007b) would emerge in Study 2, if the
three profiles uncovered in Study 1 would emerge in Study 2, or if a completely different number
of profiles would be uncoverdd Study 2. As found in Study 1, Study 2 uncovered three profiles
resembling the Prosocial, Latent Aggressivad Overcompensating Prosocial profiles originally

proposed by Bing et al., (2007b).

Comparison of Latent Profile Analysis across Study 1 and Study 2

Although the number and pattern of profilesimilar across both studies, there are also
notable differences. The biggest difference betwitedy 1 and Study 2 s&cores on the CRA.
In Study 1, the average CRA score was 3.885D= 2.12), and in Study 2, the average GRT
score was 5.71SD= 2.30). The differences in CRA means did not affect the pattern of
profiles, but as shown in Figurel7which compares the pattern of profile raw means across
studies, there is a difference in the implicit nmetto aggress between the Overcompensating
Prosocial and Latent Aggressive Prdildore specifically, as detailed in Tablel7the
difference in scores on the implicit motive to aggress between the Overcompensating Prosocial
and the Latent Aggressive Profiles was more pronounced in Study 1 (Difference = 3.226)

compared to Study 2 (Ddrence = 2.997).
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| believe this difference likely impacted the results in the following way. In Study 1,
whencomparingdeviance across profiles, there were significant differeacesssll three
profiles. For example, in Study 1, Overcompensating Prosocials were most likely to engage in
Expressions of Hostility compared to both the Prosocials and the Latent Aggressives. However,
in Study 2, Overcompensating Prosocials were more likengage in Expressions of Hostility
compared to the Prosocials, but the differendevden the Overcompensating Prosocials and the
Latent Aggressives was not significant. The same pattern was true for all other outcomes. Stated
differently, in Study 1, | could differentiate Overcompensating Prosocials from Latent
Aggressives. In Study 2, was more difficult to differentiate Overcompensating Prosocials from

Latent Aggressives.

Study 1

Explicit Tnaplicit Explict

Study 2

‘ |
s
0 I
Tmglicit Exglicit Implici Explicit
Overmmpensating Laten

Tnaplicit Explicit

Figure7-1: Comparison of raw means across profiles and studies
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Table7-1: Difference in implicit motive to aggress across profiles and studies

Studyl Study?2 Study 1- Study 2
Prosocial Overcompensating -0.535 -0.684 0.149
Prosocial Latent -3.761 -3.681 -0.08
OvercompensatingLatent -3.226 -2.997 -0.229

The question becoméss it more difficult to differentiate the Overcompensating
Prosocial and Latent Aggressive profiles because of the increase in scores on#he ERT
logical follow-up question is then why has there been an increase in scores on t&CRT
Answering this question requires a careful analysis of the differences in study protocols. For
example, in Study 1, all three samples were made up of students, and in Study 2, the sample was
made up of working adults. In Study 1, all three samples wermatened the CR-A in
proctored conditions, and in Study 2, the GRWas administered online without a proctor.
Finally, data from the samples in Study 1 were published 20 years ago (2002, 2003, and 2005),
and data from Study 2 were collected in 2023. As such, it isriigupt to consider the timeframe
in which data were collected, who the data were collected from, and the administration of the
CRT-A. Table 72 outlines mean scores on the CRRcross 18 studigsund in the extant
literature noting the differencei® year, administration, and samplerom Table 72, a scatterplot
was created (Figure-2) illustrating CRFA mean by year of publication. As shown in Figure 7
2, the means for the CRA indeed trend upward as time goes on. Specifically, for each
additional year, the average score incredse0.06. So, it is not unreasonable to have expected
higher means in the data collected for Study 2 (in 2023), compared to the data collected for Study

1 (in 2002, 2003, and 2005).



Table7-2: CRT-A means across studies

Author Year Mean SD Administration Sample
LeBreton 2002 3.75 2.11 Proctored Students
Frost 2002 3.96 1.96 Proctored Students
Whanger 2003 3.97 2.12 Proctored Students
Frost 2005 3.96 2.21 Proctored Students
McNiel 2009 4.60 2.18 Proctored Students
DeSimone 2010 4.0 2.46 Proctored Working Adults
Clark 2013 4.75 2.19 Proctored Students
Baysinger et al., 2013 4.28 1.07 Proctored Students
Harris 2013 455 2.51 Not Proctored Students
Galil etal, S1 2014 457 2.18 Not Proctored Working Adults
Galil etal, S2 2014 4.86 2.46 Proctored Students
Galil 2016 5.10 2.16 Proctored Students
Wiita et al., S1 2017 4.9 2.64 Proctored Students
Wiita et al., S2 2017 3.67 1.81 Proctored Students
LeBreton et al., 2022 491 2.28 Proctored Working Adults
Ruzoijcic et al., 2021 4.99 2.55 Proctored Working Adults
Tarantino S1 2023 5.22 2.20 Not Proctored Students
Tarantino S2 2023 5.15 2.25 Not Proctored Students
6

. 3
° . & et PYRERY et

0
2000 2005
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2015

y = 0.0576x - 111.47
R] = 0.602
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Figure7-2: Scatterplot of CRIA means by year

96



97
Table 73 details a summary of the means fréable 72, specifically exploring the

means when crossing administration and sample. As shown in F8bka& lowest means are
found when students are proctordti£ 4.35), anchighermeans are found when working adults
are not proctored = 4.57). In line with this pattern, data from Study 1 were collected from
students who were proctored, and data from Study 2 were collected from working adults who
were not proctored. So, not only were Study 2 data cotlentre recently, and we have seen an
upward trend in CRFA means over time, data were also collected frorpnottored, working
adults. As such, the differences in means across studies does seem to make sense in line with the
data previously collected ahe CRFA. However, these differences are small in magnitude, and
confounded by year. Future work should purposefully and strategically examine differences in
CRT-A scores across samples and administrations. Specifically, in the same year, tAe CRT
shouldbe administered in proctored and not proctored settings to both students and working

adults.

Table7-3: CRT-A means across studies by sample and administration

Students (k) Working Adults (k)
Total 4.87 (k = 14) 4.48 (k = 5)
Proctored 4.35 (k =11) 4.46 (k=4)
Not Proctored 4.97 (k=23) 4.57 (k =1)

Note.k = number of studies.

It is also important to consider that it may have been more difficult to differentiate the
Overcompensating Prosocial and Latent Aggressive profiles becatlmerafture of the
outcomes across studiés.other words, it might be that the differences in @R3$cores
between the profiles across studies is not relevant, but rather, it is due to differences in the
outcomesin Study 1, behavioral outcomes were used. Specifically, behaviors in basketball,
officially recordedschool conduct violations, and a simulated rating of an unethical sales

representativevere usedln Study 2, a selfeported questionnaire was administered to
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participants to learn about their behaviors at work. As previously described, in an effort to make
the selfreport questionnaire more objective, | had participants think in terms of the frequency
with which they have engaged in these behaviors. Howevsneétry possible that this change in
response scale wastenough to mitigate against the fact that a-segtort survey was
administeredAs such, it may have been harder to detect differences in workplace outcomes
because ofhe selfreport nature ofite outcomeand because the CRY has historically beea
more effectivepredictor of behavioral and objective critefTa fully disentangle these findings,
future research might consider measuring outcomes that aregetted in a sample of students
who are administered the CB¥ under proctoredonditions andneasure behavioral outcomes in

a sample of working adults.

Comparison of Moderated Multiple Regression across Study 1 and Study 2

Overt Deviance

Differences were less pronounced in terms of the results obtained from the moderated
multiple regression across Studies 1 and 2. In both Study 1 and Study 2, significant interactions
between the implicit motive to aggress and the explicit trait of aggressthe expected
direction were found for overt deviance. In Study 1, this was only true when overt deviance was
operationalized as physical aggression in basketball, but not when operationalized as retaliation in
the simulated lab study. One reasontfis could be that physical aggression in basketadl
more objective compared to the selfing of a sales representative in a simulated scewhiah
is more subjectiveSupport for this idea can be seen in Tabe(S$tudy 1 MMR results).
Specifically, both the implicit motive to aggress and the explicit trait of aggressioeexetin
effects on behavioral physical aggression, yet only{gbHreported)explicit trait of aggression

exereda main effect oithe (selfreported) ratings in theégnette study
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Obstructionism

In Study 1, there was no significant interaction between the implicit motive to aggress
and the explicit trait of aggression when predicting obstructionism in basketball. However, in
Study 2 there was a significant interaction when predicting obstructionism CWBshdgnin
Table 35 (Study 1 MMR results), there was a main effect for the @Rt predicting
obstructionism in basketball, but not a main effect for the PR Aable 63 (Study 2 MMR
results), the PRF had a main effect on the predictiabstructionism CWBs, but there was no
main effect orthe CRTFA. This is in line with what we know about the prediction of outcomes
using implicit motives and explicit traits. In the Study 1, the implicit motive to aggress was a
significant predictor of behavioral obstructionism, but in Study 2, the impiiciive to aggress
was not a significant predictor of sefported obstructionism. Conversely, in Study 1, the
explicit trait of aggression was not a significant predictor of behavioral obstructidnisimn,
Study 2, the explicit trait of aggression was a significant predictor efegadited obstructionism.
Although interesting, this does not necessarily get at the difference found for the interaction

thoughit is likely thatthe differencein outcome measuremewisa contributing factor.

Expressed Hostility

In both Study 1 and Study Ao significant interaction wdsund between the implicit
motive to aggress and the explicit trait of aggression in the prediction of expressed hostility,
indicating that the measurement of expressed hostility may need to be more carefully considered.
At closer inspectiorexpressed hostility was not correlated with the implicit motive to agaress
either study(Study 1r =-0.04; Study 2 = 0.00), but was correlated with the explicit trait of
aggressiofin both studiegStudy1 r = 0.28; Study 2 = 0.30). Future research should explore
hostility outcomes that can be successfully predicted by the implicit motive to aggress.

Conversely, we might want to consider that the implicit motive to aggress is not a great predictor
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of expressions of hostilityAdditionally, it may be that expressed hostility is too broad of a
deviance dimension. Specifically, expressions of hostility can be direct (e.g., giving someone the
finger, yelling at someone) or indirect (e.g., gossiping, excluding people). As such itk

might try to better differentiate between types of expressed hostility.

General Counterproductive Behaviors

Finally, in Study 1, there was no significant interaction between the implicit motive to
aggress and explicit aggression in predictipgeral counterproductive behavidosit in Study 2
there was a significant interaction. In Study 1, general counterproductive belasioreasured
by an official student conduct violatioand showe@mall correlations with both aggression
measures (CRA r = 0.02; PRF = 0.07). In Study 2, general CWBs had larger correlations both
aggression measures, but especially Withexplicit trait of aggression (CWB= 0.06, PRF =
0.28).0ne explanation for this difference across studies is that CWBs that arepseted will
be more highly correlated with a se#fport measure of aggression, compared to
counterproductive behaviors t Fauwewsremagwgniar t of
to explore alternative operationalizations of general counterproductive behaviess if this was

the case. For example, one might explore other reported C#itids than selfeported CWBs.

Comparison of PersonOriented and Variable-Oriented Approaches

Finally, in addition to comparing persamiented and variableriented approaches across
studies, it is also useful to compare the pattern of hypothesis support across study and approach.
See Table -4 for an overview of the hypotheses across studiesippibaches. The first main
difference when comparing variabkend persoforiented approaches is the number of hypotheses

with support. Both approaches had only 2 fully supported hypotheses, however there was an
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additional persomriented hypothesis with partial support. Of more interest is when hypotheses
were not supported. Using a varialolkeéented approach, 5 of 7 hypotheses were not supported. Of
these 5 hypotheses, 1 of these did show a significant intaractthe opposite direction
compared to what was predicted. Using a pem@nted approach, 4 of 7 hypotheses were not
supported, but all 4 hypotheses showed significant differences across profiles, just not as
expectedand this is largely due to thésence of a Manifest Aggressive profilRgiterating
some thoughts from Study 1, by testing a pexmdented theory with a persariented method,
it is possible | was better able to test the questions that Bing and his colleagues were hoping to
test, and thus, | was able to find significanteténces across profiles even when | could not find
a significant interaction. In addition, moderated multiple regression has some methodological
drawbacks, especially compared to latent profile analysis. Seduitiy Bdiscussion for a more

in-depth discussion of MMR drawbacks.
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Table7-4: Comparisons of tests of hypotheses across studies and approaches

Study Hypothesis VO/MMR PO/LPA
Overt Deviance
Study 1 H2 (BBall Physical) Supported ~ Could notbe tested a
originally proposeti
Study 1 H2 (Retaliation) Not Supported CO.UI.d not be tested a
originally proposeti
Study 2 H2 (Overt CWBS) Supported Could not be tested a:

originally proposeti

Obstructionism
Study 1 H3 (BBall Obstruct) Not Supported Supported
Study 2 H3 (Obstruct CWBs) Not Supported* Not Supported*

Expressions of Hostility
Study 1 H4 (BBall Verbal) Not Supported Supported
Study 2 H4 (Verbal CWB) Not Supported Partially Supported

Counterproductive Behaviors
Study 1 RQ1 Conduct Violation  No sig.interaction No sig. differences

Study 2 RQ1 General CWB Sig interaction Sig differences

Note VO/MMR = VariableOriented/Moderated Multiple Regression. PO/LPA = Person
Oriented/Latent Profile Analysis. * = hypothesis not supported but significant differences found.

Limitations

As discussed above, this dissertation uncovered some interesting and nuanced findings.
However, these results should be interpreted in the context of the following limitations. | will

discuss sampling, measurement, and the lack of available researciv tgpdra

First, the nature of the sample could have impacted the findings. | used Prolific to collect
responses from working adults. The purpose of this was to get a more diverse sample specifically
of working adults. However, it is important to acknowledge theddhresults may not generalize

to the entire working adult population. For example, only about a quarter of the sample came
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from those working in industries that are more traditionally associated witicoliae jobs.
Future work should purposefully sample from this population to see if there are any differences in

aggression profiles and subsequent behaviors.

There are also a few factors related to measurement that are important to consider. First,
the conditional reasoning test for aggression was administered online, but it is recommended that
the CRFA be administered under proctored and timed conditionadaore participants do not
seek input from others as to the fcdeBredtont 0 s ol
et al., 2020). Because the CRRIwas administered online without a proctor, we do not know if
participants truly responded on their own, if they looked up how the test worked, or if they asked
those around them for help. Although individuals smeened out if they answer illogically, if
they looked up how the test worked, participants would have the ability to lie, resulting in an
underestimation of their true aggression score. Although this does not seem to be the case given
the elevated CR'A means in Study 2, future research may still want to explore if profiles
replicate under proctored conditions, as well as see if the magnitude of difference between
Overcompensating Prosocials and Latent Aggressives is more pronounced under proctored

condtions.

In addition to the administration of the CFAI measurement of the outcomes of interest
may also havempactedhe results. First, as mentioned briefly previously, thereglbrt nature
of the workplace deviance measure conflicts with suggestions for appropriate criteria for
conditional reasoning tests. Specifically, it is recommended that criteria be beh@wqgral
objective) because CRTSs are better predictors of objective, behavioral outcomes (LeBreton et al.,
2020). In Study 2, to orient participants to think more objectively about the outcomes of interest, |
asked them to report the frequency with whictyteegaged in behaviors in the last year, rather

than how much they agree that they were likely to engage in a behavior. Howesgexete
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variance restrictionsrothe selreport measures of workplace deviance may have limited the
utility of the more objective response. This is especially true given that most of the behaviors that
participants were asked to sedfport on are almost impossible to engage in wigh fiiequency,
while still retaining employment. By virtue of studying working adults, these are likely
individuals that are not engaging in these deviant behaviors all that frequently. This was
supported in the data obtained from Study 2, given thatrfoosteveryquestion in the CWB
scale, most participants indicated that they had not engaged in the behavior in the last year. Future
research may want to study samples of individuals who were recently fired from their jobs.
Additionally, future research may want tody deviant behaviors with higher base rates for
working adults (e.g., bullyinglr use a response scale that is more appropriate for low base rate
phenomena like a dichotomous scale (0 = did not engage in the behavior, 1 = engaged in some

level of the behavior)

In addition to the selfeport nature of the outcome, it also would have been useful to
have subject matter experts completea Qr t t ask where items from Gr
scale were more systematically matched to the definitions of the threesitime of workplace
deviance as defined by Neuman and Baron. Alternatively, if data were not collected as part of a
| arger study, perhaps it woul d hawvdmemiamile mor e

measure of workplace deviance. Future work magtwo explore the utility of both options.

Empirical Contributions

The first contribution of this dissertation is thamcoveredsubgroups that exhibit
specific patterns of implicinotivesand explicittraits pr ovi ding a strong tesH

(2007b) integrative theory of aggression. In additiamdovered nuanced information about the
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behavioral patterns of each of the profil&f the five interactions examined in Study 1, only one
was significant (overt deviance, 20%). Of the four interactions examined in Study 2, only one was
significant in the anticipated direction (overt deviance, 25%), although an additional interaction
was sgnificant that was conducted in an exploratory manner (general CWBSs), and another was
significant, just not in the expected direction (obstructionism). However, the results were
different when looking through a persoriented lens. Specifically, | was abio identify unique
differences in behavior across profiles in all five tests from Study 1 (100%) and in all four tests
from Study 2 (100%).

One noteworthy example of nuanced findings is in the prediction of obstructionism. For
example, in Study 1, the explicit trait of aggression did not moderate the positive relationship
between the implicit motive to aggress and obstructionism. Howeveonpaiiented findings
provided more insight and a more nuanced understanding of how these different components of
aggressive personality are related to obstructionism. Specifically, a peisoted approach
uncovered that the Latent Aggressives were riked/ to engage in obstructionism behaviors

compared to the other profiles.

Practical Implications

In terms of practical implications, the nuanced results illustrate the potential benefit of
organizations adoptingapersorr i ent ed approach to understandin
While this is only a first step to uncovering the potential benefigslopting a perseariented
approach, the results of this dissertation will spark future research aimed specifically at how
organizations might tailor interventions differently for certain subpopulations. For example,

Moreo et al. (2023) explored if peiged supervisory support could mitigate the negative effects

of aggression oe mp | o gngee rea@itions in restaurants. They found that when employees
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reported low perceived supervisor support, the relationship between aggression and anger was
significant. However, when employees repdmoderate to high levels of supervisory support,
the relationshipvasno longer significant. As suchgstaurant managers may be able to leverage
increased levels of supervisor support to lessen the likelihood of employees' engaging in angry
outbursts (i.e., expressions of hostilittJowever, if we consider a personented approach, it
could be that supervisor suppadtuallyhas a different effect on different aggresssabgroups
and as such, thaterventions will be more effective if supervisors are ablaitor their support
style todifferentsubgroup.

As another example, Rugojlil et al., (2021)
anger affected the relationship between aggression and counterproductive workplace behaviors.
They found that workplace anger increased the likelihood of aggressivigirads engaging in
counterproductive workplace behaviors toward individuals. As such, manageligehay
recommend anger management to individuals who engage in CWBs against individuals.
However, if a perscworiented approach is considered, it couldHs anger management is only
beneficial to certain profiles. For example, it may be that Overcompensating Prosocials would
benefit from anger management because of the tendency for outbursts and lackarftsalf
but Latent Aggressives might not beihbecause when they engage in CWBs against individuals,
anger might not be driving their behavior. Future research should continue to explore how
aggression profilesayinteract with different workplace interventions.

There are also implications for personnel selection. Organizations often rely upon self
reported questionnaires like the PRF used in these stoddsntify and select applicants who
score low on explicit aggression. However, as can be seen from the results of these twat studies,
is critical fororganizationslso to consider he appl i cantsd i mplicit mot.i

applicant can score low on tRRF butbe considered a Latent Aggressive if they also score high
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on the implicit motive to aggress. As found in these two studies, if this employee were hired, it is
possible that thewould engage in various CWBs on the job. By leveraging integrative models,
organizationsnay betteidentify problematic applicants. Future research should continue
exploring operationalizations of both the implicit motive to aggress and the explicit trait of
aggression to identify the best waytéstthese integrative models in practice. Additionally,
validation of this approach in a setionsetting andhe development of cut scores will be
necessarylf we can prevent individuals from entering organizations who are likely to engage in
workplace violence, bullying, and other deviant behaviors, employees will dikédgso face
the physical and psychological hardships that stem from experiencing or witnessing these

behaviorsat work.

Theoretical Contributions

One of the key theoretical contributions is having the ability to refine the integrative
theory proposed by Bing and his colleagues (20(Hilyt, we may start to question the existence
of a Manifest Aggressive profile. | did not uncover a Manifest Aggressive profile in either Study
1 or Study 2.However thisdoes nonecessarilynean that Manifest Aggressiverofile does not
exist. For examplesome Manifest Aggressives mayibdedded irthe Latent Aggressives
profile. Those who have latent justificans for aggression may be less likely to respond
truthfully to a measure explicit aggression. So theoretically, Manifest Aggressives may exist.
However,in practice, it may be difficult taccurately identify members of this subgroEpture
research may want to specifically explore if they can uncover Manifest Aggressivestigthin
Latent Aggressiv@rofile by including measures of social desirability into the measurement of
explicit aggression. It would be interesting to see if there are actuallydndigiwithinthe

Latent Aggressiv@rofile who are lying on the assessment of their explicit aggression or if
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Manifest Aggressives do not exiButurework should also explore the integrative theory in
samples that may be more inclined to include Manifest Aggressives. For example, conducting
research on a group of recently terminated employegsreveathe existence of a Manifest
Aggressive profile.Additionally, a Manifest Aggressive profile may be more likely to emerge in
a sample of those employed in jobs that dictate that individuals must be capable of engaging in
controlled acts of aggression when theatitn calls for it. For example, in a sample of those
working in law enforcement, a Manifest Aggressive profile may emerge, and it may allow us to
differentiate between those who are better able to control their acts of aggression and those who
are more kely to abuse this aspect of their job (e.g., using unnecessary lethal force).

Although a Manifest Aggressigg@rofile was nobbservedn either study, in both
studies| observedhe incongruent aggression profiles: Latent Aggressives and
Overcompensating Prosocials. Perhidggsmost important piece of the integrative theorfoisnd
in the incongruence of implicit motives and explicit trafegr example, in line with what was
originally proposed by Bing et al. (2007b), Latent Aggressives were most likely to engage in
Obstructionism in basketball. Relying upon conditional reasoning theory, this makes sense. These
individualswere likelyable to justify aggressive acts lalidl so in ways consistent with their self
image (or desired seiage, if we think that there might be some Manifest Aggressives hiding
within the Latent Aggressives).

Additionally, as predicted, Overcompensating Prosocials were most likely to engage in
Expressed Hostility in basketball. Relying again upon conditional reasoning theory, this makes
sense. Individualill engage in expressions of hostility without needing latent justifications for
aggression. Indeedorkplace deviance is often seenr@sulting fromnegative emotions and/or
a lack of seHcontrol (e.g., Berkowitz et al., 1969; Chen & Spector, 1992; Fox & Spector, 1999).

From this perspective, aggressgi@msfrom anger or frustration (or other negative
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emotions/affect) in response to a stressful event or situation. As an example, Balducci and
colleagues (2012) found that higihousal negative affect fully explained the relationship between
workaholism and workplace bullyinge., workaholism being the stressor, bullying being the
hostile outcome)Additionally, Fida et al.(2012) found that the relationship between
interpersonal conflict and counterproductive behaviors directed at individuals could be fully
attributed to the negative emotions experiehas a result of the interpersonal confli&tated
differently, it may be that Overcompensating Prosocials are engaging in acts of hostility because
they get angrier in response to stressors rather than because they want to harm others.

Importantly, if we thinkofBi ng and coll eaguesd description
Prosocial, they are rigid in behavior ardrain from engaging in aggressive acts. As seen across
both studies, this was not the case. Instdasl subgrougngagé in acts of deviance such as
expressions of hostility. Therefore, rather than this group of individoakrcompensatirigfor
their aggressive sepierceptionthis group of individuals mageethemselves as aggressive
because thegre aggressive theytend toengage in outbursts and express hostility in stressful
situationsln the future] recommend renaming this profile from Overcompensating Prosocials to
Reactive Aggressives.

In addition to refining and testing Bing et
other theories have beproposedy organizational scholars that integrate implicit motives with
explicit traits. This dissertation provides at least some support for the feasibility of adopting a
persoRoriented approach to test other similar theories. Some examples imtkglatingthe
implicit need for achievement and explicit achievement motivation (e.g., Bing et al., 2007) and
the implicit affiliation motivewith explicit extraversion (e.g., Lang et al., 2012, Thielgen et al.,
2015). Future research should continue to explore which theories might be more appropriately

tested with persceoriented approaches.
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Conclusion

This dissertation successfully adopted a persoented approach to studying the implicit
motive to aggress and the explicit trait of aggression. | was able to uncover three profiles that
reflected three of the fowubgroupdirst described bying and his colleagues (2007b). As
suggested by Bing et al., these aggressidgrgroupsre useful for theorizing about the behavior
of individuals with different configurations of implicit and explicit aggression. Using person
oriented met ho &epersbroriented imteégra/é moglel yeéetdedattongér support
for the model when compared to variabléented methods. Thus, by aligning theory with
method | was able to better understand the viability of the integrative model and to identify new

and inteesting relationships not previously discussed in the literature.
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