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Abstract
This study examines the long term effects of the Spanish Civil War on educational and
occupational outcomes. The results suggest being exposed to a frontline had important
negative consequences for educational outcomes. These differentials in education took on the
form of cumulative advantage, rendering diverging occupational outcomes in later life.
Additionally, I find parents’ wealth had a “cushioning effect” in the war and postwar
context. Those who were wealthy were able to better weather the effects of war. Overall,
through cumulative advantage/disadvantage mechanisms, the Spanish Civil War “made the
wealthy wealthier” and “made the poor poorer”.
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Introduction
At the RC 28’s plenary session during the 2002 World Congress, its committee members
took stock of the last century’s knowledge in stratification. A number of studies and theories
were overviewed and classified as empirical generalizations and concepts that all social
stratification scholars should know. Amongst these generalizations is Blau and Duncan’s
occupational attainment model, which explains the interrelation between parental
background, education, and occupational outcomes (Blau and Duncan 1967). According to
RC 28’s plenary session, there are many studies that have made use of this model to explain
occupational outcomes (Hout and DiPrete 2006). However, this literature tends to have an
ahistorical perspective and, in doing so; it has largely overlooked periods of contention. War
can be considered as one of the largest contentious event for a society. Hence, in a context of
war, can we expect stratification processes and occupational outcomes to function as if they
would in absence of war?
Research on war and how it affects occupational outcomes is a small body of knowledge that
has recently gathered attention amongst social scientists. There are two clear-cut bodies of
research: studies focused on military experience, and research engaging the civilian
experience. Studies from the former body of knowledge have shown that there are important
differences in outcomes for those who experience war while in the military. This research
shows that there can be severe negative effects on occupational attainment for those deployed
in war zones, prominently due to long lasting effects of mental and physical injuries (Spiro,
Settersten, and Aldwin 2016).
However, this research also shows that for some groups, there may be positive effects on
occupational outcomes in the long-run. Military experience can benefit individuals by
gaining educational degrees and improvements in technical skill that can later on translate to
their civilian life (Wang, Elder, and Spence 2012). A good example of this is the case of
American veterans who participated in the Vietnam war. The GI Bill allowed many veterans
to achieve higher education and job training that helped overcome initial disadvantages prior
to entry into the military. In turn, this led to higher occupational status in the long run (Elder
1986). In the seminal study on socioeconomic achievement and military service, Sampson
and Laub (1996) found further evidence of the positive effects of the GI bill. They show GI
Bill training during the transition to adulthood predicted higher occupational outcomes in
mid-life stages.
Conversely, the research on the civilian experience of war indicates that the effects are far
from beneficial in the long-run (Korppi-Tommola 2008). Although this body of research is
considerably smaller on account of the scarcity of data, it has provided evidence that those
individuals who are exposed to war have considerably worse socioeconomic outcomes in
later-life compared to those who haven’t experienced such an event (Kesternich et al. 2014).
In spite of the fact that this body of research finds firm results regarding the civilian
experience of war, there is considerable room for further development. There are very few
studies providing mechanisms for how those negative consequences come to be. Using
retrospective life histories provided by the SHARELIFE dataset, this paper gauges the effects
of war on occupational outcomes for civilians, and provides a plausible mechanism for these
effects. Specifically, I focus on the effects of living in the context of war and postwar on
educational outcomes, and how this plays out in respondent’s occupational attainment.
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I use the Spanish Civil War as a case study. This case presents three advantages. First, there
is a large amount of documentation on the geographical details of the war (Thomas 1961;
Villa and Barajas 2007). This allows to create a reliable measure of exposure to frontlines.
Second, the Spanish Civil War was followed by a particularly pronounced postwar
depression, which allows for a clear distinction between the effects of war per se and the
postwar period. Third, the Spanish Civil War is largely understudied from a sociological
perspective, it has been mostly addressed by historians (Romero 2003).
Ultimately, this study contributes to the field in four ways. First, it sheds light on the effects
of war on civilian occupational outcomes. Second, it provides a plausible mechanism through
which war may affect these outcomes. Third, it yields a reliable measure for frontline
exposure. Finally, this paper contributes to traditional views on stratification processes by
calling attention to the importance of a historical perspective.
The Spanish Civil War
In July of 1936 the Spanish general Francisco Franco lead a military coup d’état in order to
seize power and overthrow the Spanish Second Republic. With support of the Nazi Germany
and most of the Spanish National military, Franco lead the “Nationalists” to victory in April
of 1939, establishing a fascist dictatorship that would last until Franco’s death in 1975.
During the first years of the dictatorship, the regime implemented a highly violent repression
that translated into a large number of executions. As can be seen in figure 1, the military and
civilian casualties and executions were of an enormous scale. The first spike encompassing
the years from 1936 to 1939 is due to war casualties, whereas as the second spike in the early
1940s is due to executions (Teresa Menacho 2002). The current estimation rises to 500.000
confirmed deaths, however; the discovery of new mass graves and lost military reports that
add on to that death count rises every year.
Figure 1. Number of Deaths in Spain (1920-1946)
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Source: Teresa Menacho (2002).
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Living Conditions and Education During the War and Postwar Period
The postwar period was especially difficult as well, for Franco implemented an isolationist
economic policy based on self-sufficiency –i.e. autarky- that kept Spain from recovering
from the damages of war. Furthermore, most of the regime’s resources were directed to
maintaining a strong military, on account of the needs for containing uprisings and the fear of
being drawn into World War II (Tortella 1999). This translated into a prolonged economic
depression that deeply affected living conditions. The dimension of such recession can be
seen in figure 1 of the appendix, which captures the drop in GDP per capita for Spain during
the war and postwar years. It took 15 years for Spain to attain the same levels of GDP per
capita previous to the war –i.e. $ 2,500 in 1935 (Maddison 2011). Life conditions between
1936 and 1951 were especially dire, as widespread destruction cohabitated with the regime’s
repression. Hunger, misery, black markets, violence, discrimination and prosecution, and
devastated buildings were part of individual’s everyday lives (Payne 2011). The war and its
aftermath made it harder for individuals to access education. Previous research shows
individuals that lived their educational period of their life during the war and postwar period
show 2 fewer years of education on average (Carreras and Tafunell 2006). As can be seen in
figure 2, men born in 1921 show 7 years of education on average at age 24. Whereas men
born from 1925 to 1931 have approximately 5 years of education on average at age 24. This
trend can also be seen in the SHARELIFE sample –represented by the dotted line in figure 21.
For birth cohorts born in 1924 the average years of education was slightly above 7, whereas
for birth cohorts born from 1926 to 1936 the average years of education is between 4 and 62.
Figure 2. Men's Average Years of Education for Cohorts Born Between 1912 and 1957
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Theoretical background and Hypotheses
War as the Origin of Initial Disadvantage in Educational Attainment
Stratification literature has often used differentials in baselines and persistent
advantage/disadvantage as the mechanism through which socioeconomic disparities emerge
(Haas, Glymour, and Berkman 2011). This body of literature suggests initial
advantages/disadvantages associated with specific locations in the social structure assume
stable social processes and render divergent trajectories across groups (Willson, Shuey, and
Glen H. Elder 2007). However, macro-level events that have the capacity of shifting
individual locations in the social structure –e.g. war- may interrupt the process. Changes at
the structural level generate substantial differences in the nature of macro-induced
opportunities. As a consequence of this new structure, new starting points and paths are
generated for life courses to follow (Elder 1974).
One mechanism through which adverse contexts affect occupational outcomes is through
differentials in education (Chetty, Hendren, and Katz 2015). Previous research has shown the
destruction war carries with it has dire consequences in terms of access to education. A study
on the long run effects of large-scale destruction in Germany during the World War II period,
provides evidence that those who resided in war torn areas showed between 0.4 and 1.2 fewer
years of education on average compared to those who did not reside in a such an area
(Akbulut-Yuksel 2009). The same study shows these cohorts had substantially lower
occupational outcomes in later-life on account of the reduced access to education. Hence, I
establish the following hypothesis:
H1: In line with previous research that shows large-scale destruction limits the access
to education, I hypothesize residing in the same region as a frontline is a predictor of
lower educational outcomes. Furthermore, I hypothesize the longer the duration of
exposure, the lower the educational outcomes.
The Cushioning Effect of Books and Wealth in a Context of Deprivation
However, combat per se and the destruction associated with it is not the whole story. War
generates a broad context of economic crisis and deprivation that go beyond mere
destruction, and disrupt habitual economic activity. As the economic situation worsens, the
satisfaction of basic needs becomes increasingly more difficult and forces individuals to
adapt beyond habitual norms and expectations. Previous research has shown that in such a
context of economic deprivation and pressing needs individuals are required to forgo
education and hasten the entry into the labor market (Elder 1974). Education becomes a
luxury in a war torn context. Yet, I hypothesize the need for respondents to abandon full-time
education will depend greatly on their parent’s wealth. It stands to reason that much like a
“cushioning effect,” those with a wealthy background were able to afford the luxury of
education. Hence, we arrive at the second hypothesis.
H2: In the context of the Spanish Civil War and postwar, I hypothesize wealth
moderated the effects of being exposed to a frontline on educational attainment.
That said, previous research on wealth and educational outcomes prove that wealth on its
own does not completely explain differentials in educational attainment. This research shows
that while material means are essential in providing educational resources, the family’s
scholarly culture has an independent effect on children’s educational outcomes (Evans et al.
2010). In this body of research, the number of books respondents’ had in their household at
4

young ages is a proxy for parental scholarly culture. Regardless of parents’ education and
professional skillset, a book-oriented household helps stimulate children’s learning at early
ages. This kind of scholarly culture endows children with tools –e.g. vocabulary, information,
ambition, cognitive skills- that increase performance in school and that translate later into the
labor market (Esping-Andersen 2008). Hence, we arrive at the following hypothesis:
H3: I hypothesize the number of books in the household when the respondent was a
child moderated the effect of being exposed to a frontline on educational attainment.
Initial Disadvantages in Education that Translate to Early Occupational Outcomes
Recent research has provided evidence that those individuals who are exposed to war have
considerably worse socioeconomic outcomes in later-life compared to those who haven’t
experienced such an event (Kesternich et al. 2014). I hypothesize a similar scenario for the
Spanish Civil War, in which exposure to the frontlines is associated with lower occupational
attainment. I consider a frontline to be the military line that divides the Nationalist army’s
conquered territory from the Republican army’s territory. I interpret residing in a region in
which a frontline was located as an indicator of exposure to war and the destruction that
comes along with it.
H4: Geographical location of the individual’s residence in terms of proximity to a
frontline is a predictor of lower occupational status. Furthermore, I hypothesize the
longer the duration of exposure, the lower occupational outcomes.
As a mechanism to lower occupational outcomes, I hypothesize that differentials in education
are the main driving explanatory factor. It is a well-known finding that those individuals who
are forced to abandon full-time education show lower levels of attainment throughout their
occupational trajectory (DiPrete and Eirich 2006). Hence, I establish the following
hypotheses:
H5: As a mechanism to hypothesis 2 I predict the effect of being exposed to a
frontline on occupational status will be mediated by respondents’ education.
Experiencing the Spanish Civil War and Postwar at Different Life-stages.
However, differences in educational and occupational attainment may not be solely due to
residing in the same region as a frontline. Indeed, this approach on its own obviates important
proceedings regarding social change. It is possible that differentials in education and
occupation are due to factors related to Spain’s educational expansion and economic
development. Hence, it is necessary to focus on cohort differences and the life-stage principle
(Ryder 1965). When there are drastic changes in the social structure caused by macro-level
events that are beyond individual choice, life course trajectories can be deflected and follow
entirely different paths (Hardy 1997). Yet, the impact of these drastic changes is not the same
for all individuals, as the biographical stage at which each cohort is exposed to social change
and historical events is different. According to the life-course literature, it is the lives of those
in a transitional state, moving from adolescence to adulthood, at the time of these events that
are most vulnerable (Ryder 1965).
5

Figure 3 illustrates Ryder’s argument. The shaded areas represent the Spanish Civil War and
post-war period. In the diagram, it is visible how birth cohorts born before 1921 lived through
the period at ages 15 and above. It is possible these individuals took their first steps out of
education and into the labor market, forgoing further education and adapting to financial
realities. On the other hand, birth cohorts born between 1922 and 1931 traversed the period
between ages 5 to 14. These cohorts, though not in a transitional period of their life course,
were in the middle of their educational period. Finally, those individuals who were born after
1932 lived the war when they were recently born babies (ages 0 to 4), coming of age during
and after the post-war period. Following Ryder’s Life-stage principle and Elder’s framework
of life-course and economic deprivation, we arrive at the following hypothesis.
H6: There are cohort differentials in educational and occupational outcomes
depending on the life stage at which they experienced the Spanish Civil War and
postwar era.
Figure 3. Lexis Diagram for Birth Cohorts that Lived Through the Spanish Civil War
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Disadvantages that Persist Throughout the Life Course
Cumulative advantage as a mechanism for inequality is an idea that has been widely
established amongst social scientists, in fact it is also known as the Matthew effect and it was
first coined by Robert Merton (Merton 1968). The central idea to the Matthew effect is that
the advantage of one group over another grows over time. The initial advantage acts as a key
resource that begets rewards in the stratification process –e.g. cognitive development, career
position, income, wealth, or health (DiPrete and Eirich 2006). The key resource in this study
6

is education, which begets initial advantages in the labor market that persist and accumulate
throughout the life course. Hence, we arrive at the next hypothesis:
H7: I hypothesize that differentials at early stages of individuals’ careers –i.e. occupation at
age 25- translated into initial gains that took on the form of cumulative advantages and
influenced occupational attainment in later-life –i.e. occupation at age 45.
In sum, this study examines the effects of residing in a region that harbored a frontline on
occupational outcomes for men who lived during the war period –i.e. men who were born
between 1912 and 1936. The study compares groups with different wealth backgrounds,
different amounts of exposure, and who lived through the war at different life-stages. I expect
to find the differentials in occupational outcomes are driven by differentials in education
associated with residing in a war-exposed region. This paper examines whether these
differentials in education took on the form of cumulative advantage.

Data and Sample
The Survey of Health, Ageing and Retirement in Europe (SHARE) release 5.0 is the primary
source of data for this study. I rely principally on wave 3 (SHARELIFE), supplemented by
education information carried forward from waves 1 and 2. Although SHARE is designed as
a prospective survey, wave 3 captures retrospective information by asking respondents to
report experiences connected to certain ages or stages of the life course. As a result, SHARE
provides detailed contemporaneous information as well as rich socioeconomic histories and a
full residential record. Information on parental background is also covered in the interview.
With this information SHARE provides the tools to track respondents through space and time
and situates them in relation to different social structures and macro-level events.
My focus is on the Spanish subsample and their exposure to the Spanish Civil War. As a
consortium of country-specific survey operations, SHARE relies on each country in the
sample to develop a sampling frame within a set of guidelines in collaboration with national
agencies. In the case of Spain, the INE and IMSERSO1 participated in the data collection
process as well. The Spanish data were collected by the TNS Demoscopia Survey Agency
under the supervision of SHARE. The sampling strategy follows a multi-stage design using
regional and local population registers. The first stage for the Spanish sample consisted of
stratified sampling of census districts. In the second stage, SHARE implemented systematic
sampling within each stratum with a random start of 11 individuals from each census district
(Börsch-Supan and Schröder 2011).
Because the focus of this study is on the status attainment process, represented by educational
and occupational achievement, the sample is limited to men. Women in these birth cohorts
were involved in limited economic activity, adhering to traditional gender roles for much of
the twentieth century (Muñoz and Pérez 2007). Furthermore, the kind of jobs women
occupied were intermittent, geared towards making ends meet, and didn’t have a careeroriented nature (Esping-Andersen 2009). Additionally, this study will exclude those
individuals who were in the armed forces in order to only cover the civilian experience –
those who served in the military represent less than 0.6% of the sample. The civilian and the
military experiences of the Spanish Civil War were indeed very different in nature and
deserve to be studied separately. Given I am looking at the effects of being exposed to a
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frontline, it is imperative to focus on those who were at risk of exposure –i.e. those who were
alive at the time of the Spanish Civil War. Hence, cohorts born after 1936 are excluded from
the analysis. I also exclude individuals who were born in 1937, 1938, and 1939 given they
did not have the same probabilities of exposure as people born before 1936. For instance,
those born in 1938 only had the possibility of 2 years of exposure.
After dropping military and those born after 1936, out of the 904 male respondents who
participated in SHARELIFE, I am able to constitute a sample of 352 individuals. After I
account for missing data I am able to constitute a sample of 312 men. This means
approximately 10% of the data are missing from my sample. According to several scientific
studies, this falls within the acceptable threshold for using complete case analysis (Dong and
Peng 2013). Hence, I will not use any imputation methods, for they are not necessary.
Construction of the measure of frontline exposure.
One of the contributions of this paper is to provide a measure of exposure to a frontline
during the Spanish Civil War. Combining historical and military data provided by Thomas
(1961) and Villa and Barajas (2007) with SHARELIFE’s residential history, it is possible to
determine whether a respondent resided in a region that harbored a frontline during the war. I
define a frontline as the military boundary that separated the territories conquered by the
Nationalists from the territories in power of the Republican army. SHARELIFE provides the
region for each residence a respondent resided in at the NUTS 2 level –i.e. Nomenclature for
Territorial Units for Statistics- which coincides with Spain’s 19 current autonomous
communities. Furthermore, it measures the time each individual spent in their respective
residence. Given the historical data come in the form of yearly updates of the frontlines, the
resulting measure estimates the amount of exposure in number of years. Additionally, given
the war period lasted from 1936 to 1939, the resulting frontline exposure measure ranges
from 0 to 4 years of exposure. In the following section I show all maps used to construct the
variable. However, the appendix contains a more detailed and technical explanation that
makes specific reference to relevant SHARELIFE variables.
The shaded area in map 1 shows the territory conquered by the Nationalists up to 1936. For
this first year of battle I assume all regions in the shaded area have harbored a frontline. The
frontline area is shaded and bordered by a thick black line. As can be seen in the map, most
of the frontlines concentrated on the west, center and south-west of Spain. Next to Thomas’s
map is a map that highlights the affected regions at the NUTS 2 level. According to these
data, those individuals who resided in the regions of Galicia, Castilla y León, Extremadura,
Andalucía, La Rioja, Navarra, País Vasco, Islas Canarias, Islas Baleares6 and Aragón during
1936, are assigned one year of exposure in the frontline exposure variable. To ease
interpretation, the appendix contains a map that highlights the official NUTS 2 regions of
Spain.

8

Map 1. Spanish Civil War Frontlines in 1936.

Source: Thomas (1961)
The shaded area in map 2 shows the conquered territory by the Nationalists up until 1937. It
is important to notice that this includes the conquered territories in 1936 as well. Given the
focus is to capture the advance of the frontline, those territories that were fully conquered in
1936 are considered to not harbor a frontline in 1937. On the right hand side of map 2 is a
map that highlights the NUTS 2 regions that harbored a frontline. In this case, those
respondents who claimed to reside in Extremadura, Asturias, Cantabria, Castilla La Mancha,
Madrid, País Vasco, Aragón, and Andalucía during 1937 are attributed one year of exposure.
Map 2. Spanish Civil War Frontlines in 1937

Source: Thomas (1961)
In map 3, the shaded area has expanded considerably from 1937 to 1938. Barely any
territories remained Republican by 1938. The adjacent map to Thomas’s map represents the
territories which harbored a frontline. Those respondents that claimed to reside in
Extremadura, Andalucía, Castilla La Mancha, Madrid, or Aragón during 1938 are attributed
one year of war exposure.

9

Map 3. Spanish Civil War Frontlines in 1938

Source: Thomas (1961)
Map 4 reveals the conquered areas before the Republican government decided to surrender.
The frontlines in 1939 were harbored by the regions of Andalucía, Extremadura, Madrid,
Castilla La Mancha, Valencia and Catalonia. Any respondent that resided in one of these
regions during 1939 is attributed one year of exposure. It is important to notice that these
years of exposure are cumulative. For example, Andalucía held a frontline throughout the
entirety of the Spanish Civil War. Hence, those individuals who reported living in Andalucía
during all four years, are attributed 4 years of exposure.
Map 4. Spanish Civil War Frontlines in 1939

Source: Thomas (1961)
Variables
In this section, I explain the variables I will use in my analysis. I begin by going into an
extended description of the variables. Additionally, I provide table 1, which summarizes the
variable descriptions in a short format. Furthermore, I provide detailed descriptive statistics
in table 2 by different birth cohorts.
Dependent variable: Occupation.
According to a wide array of studies in social stratification, occupation has proven to be an
10

increasingly preferred measure of socioeconomic status. Studies that rely on income or
earnings as main indicators of socioeconomic status tend to be biased on account of
misreporting, refusal, errors in recall, and poor stability of the measures through time (i.e.,
inflation). These problems are very notorious for both the high and low ends of the income
distribution, where there is high reluctance to report income and earnings (Torche 2015).
However, occupational status shows important advantages, especially when trying to gauge
socioeconomic status retrospectively. Respondents are less hesitant to respond, there are
fewer issues in terms of recall, and the measure is considerably more stable through time
(Hauser and Warren 1997). For these reasons, I will focus on occupation as an indicator of
socioeconomic status.
In SHARELIFE, there is a filter question in the work history module that asks whether the
respondent has ever done paid work or not –question RE005. For those respondents who
assure they have done paid work before, a battery of questions opens up and loops
accordingly to the work history of the individual. Question RE012 TITLE OF JOB asks,
“What was your job called? Please give an exact name or title.” The follow up question –
RE013 JOB DESCRIPTION – asks “What best describes your job as [{job title}]?”, and
provides the following occupational category list:
•
•
•
•
•
•
•
•
•

1. Legislator, senior official or manager
2. Professional
3. Technician or associate professional
4. Clerk
5. Service, shop or market sales worker
6. Skilled agricultural or fishery worker
7. Craft or related trades worker
8. Plant/machine operator or assembler
9. Elementary occupation8

SHARELIFE provides the year in which respondents took on each occupation. By relating
this information to the year of birth, it is possible to calculate at what age the respondent
occupied a certain job. Hence, in order to control for age effects, occupation has been coded
to be associated with respondent’s age. In this manner, occupational trajectories will be
compared across respondents at the same ages. I focus on occupational status at early stages
of their careers –i.e. job at age 25- and at later stages in their careers – i.e. job at age 45.
Additionally, occupational status has been recoded to fit a higher-number/higher-occupation
scheme to ease interpretation.
Dependent variable: Years of education.
In wave 2 of SHARE question DN041_ YEARS EDUCATION asks “How many years have
you been in full time education? “. This variable establishes a range from 0 to 25 possible
years of full time education. Given this question is only asked directly in wave 2 of SHARE,
values for respondents in wave 1 have been acquired through derived values from ISCED
categories provided in wave 1. For those respondents who were interviewed for the first time
in wave 3, information on this variable is unattainable9.
Independent variables: Birth cohorts
To test for cohort effects I separate the sample on the basis of birth year relative to historical
periods defined by the Spanish Civil War. These cohorts represent different intersections
between historical events surrounding the war and ages range (see tables 1 and 2).
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“Ages 15 +”: This dummy variable refers to those who transitioned to adulthood during the
Spanish Civil War and its corresponding postwar period. This cohort represents those who
potentially interrupted their years in higher education –which was uncommon at the time.
These cohorts were born before 1921.
“Ages 10-14”: This dummy variable refers to people who were children of ages 10 to 14
during the war and young adults during the postwar era. These cohorts experienced a war
torn social structure at a very young age, making them susceptible to alter their education
patterns. They were born between 1922 and 1926.
“Ages 5-9”: This variable is a dummy for those who were ages 5 to 9 during the war period.
Just like the previous group these cohorts were adolescents and young adults during the
postwar period. These cohorts were born between 1927 and 1931.
“Ages 0-4”: This dummy variable refers to those individuals who were babies during the war
period. They lived their childhood during the postwar era. This group was unlikely to see
breaks in education due to the war, given they were too young to access school. Hence, I will
use this group as a comparison group.
Independent variables: Frontline
As can be seen in the section above, the combination of external military data and
\SHARELIFE data allows to create a variable that measures how many years the respondent
resided in an area near a frontline. This variable ranges from no exposure to a maximum of 4
years of exposure to combat. In order to create this variable, I have focused on determining
respondent’s time intervals of each residence as well as the location of each of these
residences.
Independent variables: wealth controls
Books: Question CS008 NUMBER OF BOOKS WHEN TEN asks “Approximately how
many books were there in the place you lived in when you were 10? Do not count magazines,
newspapers, or your school books.” The range goes from 1 to 5, and each category represents
a subsequent range of books. As previous research has proven, this variable works as an
indicator of parent’s scholarly culture, as well as a wealth indicator (Evans et al. 2010).
Wealth: Question CS007 FEATURES OF ACCOMODATION WHEN TEN asks about the
household the respondent lived in in the following way “Did this accommodation have any of
the features on this card when you were aged 10?”. Subsequently, the interviewer provides a
list of features –e.g. Central heating, Fixed bath. Following previous literature, these features
are summed in a count variable that is used as an indicator of wealth (Kesternich et al. 2014).
Independent variables: urbanization control
Urban at age x: Question AC017 AREA OF RESIDENCE is looped alongside every
residence the respondent has had. It asks “How would you describe the area where this
residence was located?” and provides a list that can be interpreted as an ordinal scheme that
measures how proximate was the residence to the city. This scale goes from 1 – i.e. rural
area- to 5 –i.e. big city. Furthermore, given the residence variables are associated with a time
frame, it is possible to gauge at what age did the respondent reside in this area. This variable
is useful in controlling for what kind of labor market the respondent was exposed to at
different ages. If the residence was located in a rural area, it is more likely manual jobs
related to the agricultural sector were offered and vice versa.
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Independent Variables: Hardship controls2
Hunger
The general life module in SHARELIFE provides us with a series of questions related to
hardships in life. They come in a dichotomous yes/no format and provide a timeline
association with it, which allows us to tie these events to the Spanish Civil War (1936-1939).
For example, the variable GL014 PERIOD OF HUNGER asks” (Looking back on your life,)
was there a period during which you suffered from hunger? “Allowing for a Yes/No answer.
If “Yes”, the respondent is directed to variable GL015 WHEN HUNGER PERIOD
STARTED which asks “When did this period of hunger start?”. These variables will be used
as controls for spurious relationships between our variables of interest and occupation. For
this reason, the time interval set for these variables will be from 1936 to 1951. Although the
war ended in 1939, these variable are measured up to 1951 to account for the post-war
period. The number of respondents that claimed to have experienced any other hardship other
than hunger was simply too small. Hence, I have only focused on hunger as an indicator of
hardship.

Table 1. Brief Description of Variables
Name
Ages 15 + (Birth cohorts)

Brief Description
Dummy for people who lived through the war period when they were 15 or older. They were
born before 1921.

Ages 10 – 14 (Birth cohorts)

Dummy for people who lived through the war period when they were 10 to 14 years old. They
were born between 1922 and 1926.

Ages 5 – 9 (Birth cohorts)

Dummy for people who lived through the war period when they were 10 to 14 years old. They
were born between 1922 and 1926.

Ages 0 – 4 (Birth cohorts)

Dummy for people who lived through the war period when they were 0 to 4 years old. They
were born between 1932 and 1936.

Frontline

Number of years residing in the same region as a frontline between 1936 and 1939.

Books

Ordinal variable for number of books in the household at the age of 10 (Range 1-5, where 1 is
0-10 books and 5 is over 200 books).

Wealth

Ordinal variable for number of features in household at age 10 (Range 1-6).

Urban at age 15

How urban/rural was the residence the respondent resided in at age 15

Urban at age 25

(Range 1-5, where 1 is the most rural, and 5 is the most urban).
How urban/rural was the residence the respondent resided in at age 25
(Range 1-5, where 1 is the most rural, and 5 is the most urban).

Urban at age 45

How urban/rural was the residence the respondent resided in at age 45
(Range 1-5, where 1 is the most rural, and 5 is the most urban).

Occupation age 25

Occupation at age 25 (Range 1 – 9).

Occupation age 45

Occupation at age 45 (Range 1 – 9).

Years of education

Total years of full time education.
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Table 2. Descriptive Statistics by Birth Cohorts
Age 15+ (<1921)
(N = 29)
Variable

%

Ages 10 – 14 (1922-1926)
(N = 55)

Mean

SD

Urban at age 15

2.21

Urban at age 25

Mean

SD

0.17

2.51

2.34

0.19

Urban at age 45

2.59

Books
Wealth
Frontline
Hunger
Occupation age 25

Mean

SD

0.16

2.35

2.73

0.18

0.23

3.25

1.28

0.11

0.31
2.28

0.11
0.26

10.34%

%

Ages 5 – 9 (1927 – 1931)
(N = 101)

2.76

0.42

Occupation age 45
2.59
0.36
Years of
education
3.93
0.67
Note: Descriptive statistics for different birth cohorts.

(N = 127)
Mean

SD

0.11

2.43

0.10

2.42

0.11

2.72

0.12

0.20

2.63

0.11

2.90

0.12

1.65

0.14

1.41

0.08

1.50

0.08

0.78
2.18

0.15
0.18

0.58
2.35

0.10
0.14

0.74
2.32

0.09
0.13

9.09%

%

Ages 0 – 4 (1932 – 1936)

3.96%

%

3.94%

3.27

0.31

2.89

0.19

2.62

0.15

3.36

0.34

3.51

0.23

3.15

0.19

5.38

0.70

4.66

0.44

4.59

0.40
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Analytical Approach
In order to provide an easier association between the analytical approach and how I will
address each hypothesis, I provide table 3 as a summary of all hypotheses. Additionally, I
provide a path diagram that ties in all hypotheses and the different paths I will follow to test
them. I begin by estimating descriptive statistics for each outcome of interest and key
independent variables. Then I move to an estimation of a variety of regression models.

I begin by assessing hypothesis 1, which states residing near a frontline had an effect on
educational outcomes. I estimate negative binomial models for years of full-time education as
a dependent variable11. This hypothesis can be appreciated in the path diagram below. It is
represented by the direct line of Frontline on Years of education. I follow the next
specification:
Equation 1:
YYears of education = α+ β1Birth Cohorts + β2Frontline + β3 Urbanage 15 + β4 Wealth + β5 Books + β6Hunger
+ε

Where Y refers to the total years of education. Birth cohorts represents a set of dummy
variables that differentiates birth cohorts12. Frontline is the key independent variable that
measures duration of exposure to a war frontline. Urban is an index that controls for
urbanization of the region in which the respondents resided at age 15. Wealth is a parental
socioeconomic status control given by the number of amenities they had in their household at
age 10. Books is a variable that measures the number of books in the household, and controls
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for parental scholarly culture. Hunger is a dummy variable that measures whether the
respondent experienced periods of hunger before age 15. ε refers to a random error term
I then turn to hypotheses 2 and 3, which test for moderation of wealth and parental scholarly
culture on the effects of war on educational outcomes. In order to test hypotheses 2 and 3 I
use a similar specification to equation 1. However, the difference resides in the introduction
of two interaction terms, which I will do separately in order to avoid multicollinearity. The
first interaction term gauges the effects of wealth by groups of frontline exposure. The second
interaction term reflects the effects of number of books in the household at age 10 by groups
of frontline exposure.
Equation 2:
a) Y Years of education = α+ β1Birth cohorts + β2Frontline + β3Urbanj + β4 Wealth + β5
+

Wealth*Frontline

β5 Hungerj + ε

b) Y Years of education = α+ β1 Birth cohorts + β2Frontline + β3Urbanj + β4 Books + β5

Books*Frontline

+ β6 Hungerj + ε
The moderating effects are represented in the path diagram below by the lines that stem from
Books and Wealth. The direct effects of these variables on education are the straight lines that
go directly to Years of education. The moderating effects of these variables are the straight
lines that point to the line that goes from Frontline to Years of education.
For hypothesis 4, I test the direct effects of exposure to frontline on occupation at age 25 after
controlling for cohort effects, urbanization, wealth, parental scholarly culture, and hunger
before age 25. Equation 3 shows what the model for hypothesis 1 looks like.
Equation 3:
Y Occupation age25 = α+ β1 Birth cohorts + β2Frontline + β3Urbanage 25 + β4 Wealth +β5 Books + β6 Hungerj
+ε

For hypothesis 4, given the dependent variable is an ordinal variable, I will use an ordered
logistic regression and cross-validate it with ordinary least squares regression estimates.
Figure 4. Path Diagram for Analytical Approach.
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Hypothesis 5 suggests the effect of Frontline on Occupation at age 25 is mediated through
Years of education. In order to address this hypothesis, I estimate an ordered logistic
regression with occupation at age 25 as the dependent variable following a stepwise scheme.
First, I include the Birth cohort variables alongside the urban index. As hypothesis 6
suggests, it is possible the differentials in education and occupational outcomes are driven by
experiencing war during different life-stages. Hence, I introduce these variables first in order
to assess whether there are cohort differences or not. In the next step I include the Frontline
variable alongside whether the respondents suffered or not hunger periods before age 25. In
the next step I introduce Wealth and Books. In the following step I introduce Years of
education in order to test for mediation effects. If the effects of Frontline on occupational
outcomes is mediated by educational attainment, I expect the coefficient for Frontline will
decrease when I introduce Years of education. This mediating effect is represented in the path
diagram by the direct line that goes from Frontline to Years of education, and then to
Occupation at age 25.
In order to assess hypothesis 7, I estimate another ordered logistic regression with occupation
at age 45 as the dependent variable. The specification form follows the next equation:
Equation 4:
Y

Occupation age45 =

α+ β1Birth cohorts + β2Frontline + β3Urbanage45 + β4 Wealth + β5Books + β6Hungerj
+ β7Years of education + β8 Occupation age25 + ε
Occupation at age 25 serves as an indicator of the baseline of the occupational trajectory,
whereas occupation at age 45 serves as an indicator for late-career occupational attainment.
Similar to the model for hypothesis 5, this model follows a nested regression form in order to
control for spuriousness and weed out mediation effects. It follows the same steps, however;
as an additional step I include occupation at age 25. In line with hypothesis 7, I expect the
effects of the rest of the independent variables on occupation at age 45 decrease as soon as I
introduce occupation at age 25 in the model.
Given I am interested in extrapolating my results to the population, I will use the calibrated
individual weights SHARELIFE provides for the joint sample in wave 3. These weights were
obtained by adjusting factors to known population totals, which will allow me to make
inferential claims to the Spanish population (Börsch-Supan and Schröder 2011).
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Results
Hypothesis 1 establishes residing near a frontline is associated with lower educational
outcomes. This is the first step in providing empirical evidence of how war alters the
occupational attainment model. Table 4 shows negative binomial regression estimates for
years of education. The coefficient for the key independent variable Frontline shows that
residing near a combat area is in fact associated with reduced education. This is true even
after controlling for everything else. Therefore, in model 1 of table 4 I find confirmation of
hypothesis 1. Furthermore, there is evidence that the longer the exposure to a frontline the
lower the levels of educational outcomes. Hence, for every year of exposure to a frontline,
the rate of years of education is expected to decrease by a factor of 0.839, holding all else
constant. This is statistically significant at a p<0.05 level. This falls in line with previous
research which establishes war torn contexts hinder access to education (Akbulut-Yuksel
2009). Moreover, those individuals who claimed to have experienced hunger during the war
and post war period, are expected to have a rate 0.46 times lower for Years of education
compared to those who did not claim to have experienced hunger.
An additional interesting finding is that the Birth cohort variables are not statistically
significant. I have tested these variables under different specifications –e.g. linear, quadraticand the remain insignificant. This indicates there are not cohort effects. Wealth and the
number of books are statistically significant and have a positive effect on educational
outcomes as well. However, the size of the coefficient for number of books in the household
suggests it was the value parents placed in education that had a greater effect in educational
outcomes. Hence, for every unit increase in Books the incidence rate of years of education is
expected to increase by a factor of 1.3, holding all other variables constant.
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Table 4. Negative Binomial Regression Estimates for Years of Education (Incidence Rate Ratios)
Ages 15 + (born <=1921)

Ages 10-14 (born 1922 - 1926)

Ages 5-9 (born 1927- 1931)

Urban at age 15

Books

Wealth

Frontline

Hunger

Books x Frontline

(1)

(2)

(3)

1.022

0.96

0.977

(0.17)

(0.17)

(0.16)

1.032

1.002

1.062

(0.18)

(0.17)

(0.19)

1.176

1.168

1.178

(0.15)

(0.15)

(0.15)

1.114*

1.176***

1.116*

(0.05)

(0.05)

(0.05)

1.300***

1.179*

(0.07)

(0.12)

1.248***

1.192*

(0.07)

(0.10)

0.839***

0.752***

0.834**

(0.04)

(0.07)

(0.05)

0.460*

0.444*

0.453*

(0.15)

(0.15)

(0.14)

1.056
(0.04)

Wealth x Frontline

1.062
(0.04)

Notes: Standard Errors in Parenthesis; Incidence Rate Ratios; N(312); Reference group “Ages 0-4”
p<0.1, * p<0.05, ** p<0.01, *** p<0.001

In order to address hypothesis 2. Model 3 adds an interaction term between Frontline and
Wealth and it is statistically significant at a p<0.1 level. This interaction term suggests
Frontline had weaker effects on educational attainment for those who were wealthy. Hence,
as a main effect, for a unit increase in Frontline the incidence rate of years of education is
expected to decreases by a factor of 0.834, holding all else constant. However, when the
interaction term is accounted for, there is an additional increase in incidence rates of years of
by a factor of 1.062 for every unit increase in Wealth. This suggests that the higher the
wealth, the lower the effect of Frontline on years of education. This is better understood
when looking at figure 4, which shows the predicted years of education by frontline exposure
for different wealth groups. It shows how the predicted years of education by Frontline is
higher the higher the wealth. This suggests evidence for the “cushioning effect” –i.e. those
who were wealthy were able to weather being exposed to a frontline much better.
Additionally, the gap between the wealth groups narrows down as the exposure to a frontline
increases. This suggests the “cushioning effect” had stronger effects when exposure to a
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frontline was the least. Yet, when exposure to a frontline is at its peak, the gap in years of
education between different wealth groups is narrower.

Figure 5. Expected Years of Education by Exposure to a Frontline for Different Wealth
Groups.
Years of Education (Predicted Values)
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Hypothesis 3 suggests parents’ scholarly culture –measured as the number of books in the
household at age 10- had an even greater effect for those exposed to war on educational
attainment. In order to test this hypothesis, model 2 adds an interaction term that allows
testing for the moderating effect of Frontline on the number of books in the household at age
10 –i.e. Books. As can be seen in table 4 this interaction term is not statistically significant at
a p <0.05 level.
I turn to address hypothesis 4; which states frontline exposure had a negative effect on
occupational outcomes. Table 5 shows ordered logistic regression estimates for occupation at
age 25. In models 1 through 4 Frontline has a negative effect on the odds of being in a higher
occupational category versus a lower one, and is statistically significant at a p<0.05 level. In
models 1 through 4, for every unit increase in Frontline the expected odds of being in a
higher occupational category versus a lower one decreases by approximately 19.9%. This is
the case, even after controlling for how urban or rural the context of residence was, cohort
differentials, hunger periods, parental scholarly culture, and wealth. This suggests there is
evidence to support hypothesis 4.
Once the effect of war on educational attainment has been tested, we are in a position to test
hypothesis 5. This hypothesis states the effects of war on occupational attainment are
mediated by education. Table 5 shows ordered logistic regression estimates for occupation at
age 25. In model 4, I introduce Years of education which controls for the effect of Frontline.
In fact, the size of the Frontline coefficient is greatly reduced when Years of education is
included. As hypothesized, this provides evidence of a mediating relationship between
education and residing near a frontline. In line with the previous results, this mediating effect
suggests being exposed to combat resulted in lower educational outcomes, and in turn,
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hindered occupational attainment. Cohort differentials seem to be insignificant once, even
when all else is controlled for.
Table 5. Ordered logistic estimates for occupation at age 25 (Odds Ratios)

(1)
Ages 15 + (born <=1921)

Ages 10-14 (born 1922 - 1926)

Ages 5-9 (born 1927- 1931)

Urban at age 15

Frontline

Hunger

Wealth

Books

(2)

(3)

(4)

0.69

0.688

0.866

0.836

(0.34)

(0.34)

(0.42)

(0.42)

1.542

1.619

1.769

1.794

(0.49)

(0.51)

(0.59)

(0.59)

1.107

1.155

1.197

1.099

(0.28)

(0.28)

(0.31)

(0.29)

1.058

1.087

0.864

0.851

(0.08)

(0.09)

(0.08)

(0.07)

0.801**

0.782**

0.828*

(0.06)

(0.07)

(0.08)

1.06

1.069

1.505

(0.53)

(0.51)

(0.74)

1.392*

1.183

(0.18)

(0.15)

1.905***

1.709***

(0.27)

(0.26)

Years of Education

1.124***
(0.04)

Notes: Standard Errors in Parenthesis; Odds Ratios; N(312); Reference group “Ages 0-4”
p<0.1, * p<0.05, ** p<0.01, *** p<0.001

As in previous models, I find wealth plays a role in the occupational occupational. However,
it is the value the respondents’ parents placed on education, alongside the means to provide it,
which played a crucial role in respondents’ occupational attainment process. Proof of this is
the differentials in coefficient size for Books and for Wealth in model 4. In model 1, for every
unit increase in the categorical variable Books, the odds of being in a higher occupational
category versus a lower one increases by 90.5%. In model 5, Years of education controls for
the effect of Wealth, and slightly reduces the coefficient size of Books. The fact that
education mediates the effect of wealth falls in line with the traditional status attainment
model (Blau and Duncan 1967).
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I turn to test hypothesis 7, which states occupation at age 25 acts as a baseline and affects
occupation at age 45. In other words, occupation at age 25 mediates the effect of Frontline on
occupation at age 45. Table 6 shows ordered logistic regression estimates for occupation at
age 45. The objective of this model is to test whether the effects of residing near a frontline
on early stages of the occupational career persist through time. Model 2 and 3 shows a
negative effect of Frontline on the probability of being in a high occupation versus a low one,
and it is significant at a p<0.05 level. However, in model 4, Years of education controls for
Frontline rendering it statistically insignificant. Furthermore, in models 4 and 5, I control for
hunger, wealth, and education. I find very similar results to the previous attainment model.

Table 6. Ordered logistic estimates for occupation at age 45 (Odds Ratios)
Ages 15 + (born <=1921)

Ages 10-14 (born 1922 - 1926)

Ages 5-9 (born 1927- 1931)

Urban at age 45

(1)

(2)

(3)

(4)

(5)

0.531

0.531

0.651

0.633

0.645

(0.22)

(0.23)

(0.28)

(0.27)

(0.21)

0.895

0.907

1.014

1.022

0.7

(0.32)

(0.32)

(0.34)

(0.33)

(0.20)

1.301

1.363

1.454

1.391

1.285

(0.32)

(0.33)

(0.37)

(0.36)

(0.30)

1.174*

0.973

0.97

1.006

(0.09)

(0.09)

(0.08)

(0.08)

0.825*

0.808*

0.84

0.885

(0.07)

(0.07)

(0.08)

(0.07)

1.175

1.154

1.491

1.281

(0.93)

(0.84)

(1.04)

(0.71)

2.077***

1.887***

1.458**

(0.30)

(0.27)

(0.19)

1.319*

1.159

1.072

-0.153

(0.14)

(0.09)

1.097**

1.029

(0.03)

(0.02)

1.147
(0.09)

Frontline

Hunger

Books

Wealth

Years of Education

Occupation at age 25

2.798***
(0.40)

Notes: Standard Errors in Parenthesis; Odds Ratios; N(312); Reference group “Ages 0-4”
p<0.1, * p<0.05, ** p<0.01, *** p<0.001
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The size of the coefficient indicates it is a strong predictor of occupational outcomes at age
45. Hence, for every unit in increase in Occupation at age 25 the odds of being in a higher
occupational category versus a lower one increases by 179.8 %, holding all else constant.
Furthermore, it is statistically significant at a p<0.001 level. These results suggest baseline
differentials in occupational attainment have important effects on the occupational attainment
process that persist through time. In order to provide a clearer interpretation of the results I
have computed the predicted probabilities of attaining an occupational category at age 45
according to their occupational category at age 25. They can be seen in figure 7.These
predicted probabilities have been estimated by recoding the occupation variables from a 9
category scale to a 3 category scale in order to provide easier understanding3. Overall I find
low probabilities of mobility among occupation groups, which speaks to the persistent effects
through time of baseline occupations. However, those who had a Mid occupation at age 25
shower lower probabilities of staying in a Mid job at age 45, indicating higher mobility for
this group. For those who had a low occupation at age 25, the predicted probabilities of
having a Low occupation at age 45 is above 0.7. Whereas the predicted probabilities of
having a High job for this group is 0.01. Conversely, the predicted probability of being in a
High job at age 45 for those who had a High job at age 25 is of 0.77.
Figure 6. Predicted Probabilities for Occupation at Age 45 by Occupation at
Age 25
0.9

Predicted probabilities

0.8
0.7
0.6
0.5
0.4
0.3
0.2
0.1
0
1.Low (age 25)
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These results suggest baselines are essential in occupational outcomes, especially for low and
high jobs, which show very clear patterns of rigid reproduction.

3

I have followed methods previous research has used to recode this variable (Mazzonna 2011).
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Conclusions
This paper examines the effects of the Spanish Civil War on occupational outcomes for
civilian men. The study focuses on the effects of living in the context of war and postwar on
educational outcomes, and how this plays out in respondent’s occupational attainment.
Furthermore, the paper studies how different wealth backgrounds are associated with
educational and occupational differentials during the war and postwar periods.
The current analysis provides an expansion to the literature on war, specifically to the civilian
side of the story. While previous research on military service has found exposure to war may
have positive effects in the long run through educational gains, I find this is the opposite for
civilians. Those who were exposed to a frontline show substantially lower levels of
education, and my findings suggest these differences had important effects that persisted
throughout the occupational attainment process. These differentials in education played an
essential role in respondents’ first occupations. Lower educational attainment translated into
lower occupations at early ages. These first steps into the labor market took on the form of
cumulative disadvantage, creating divergent trajectories throughout their life course. This
finding falls well along the lines of the traditional Matthew Effect.
Wealth and parents’ scholarly culture are determinant in the educational process for these
cohorts. Yet, the importance of wealth seems ever more central for those individuals that
were exposed to a frontline. The destruction that came along with the Spanish Civil War
made education a luxury, and forced individuals to react abandoning education. Material
resources had a cushioning effect against such adversities. Parents’ who were wealthy were
able to delay their children’s abandonment of education. This created important differentials
in educational attainment that would translate into their diverging occupational trajectories.
That being said, there are important limitations to the study. First of all, the dataset does not
provide an item that relates the respondent to direct exposure to a frontline. As a proxy, I use
the respondents’ region of residence and cross-reference it with military data. Furthermore,
this geographic unit shows substantial variation in terms of size. Some regions –e.g. La
Rioja- are relatively small, whereas other regions –e.g. Andalucía- are much larger. This may
affect the reliability of data capturing exposure to a frontline.
Another important limitation to this study are the selection effects. SHARELIFE only
captures respondents who were aged 50+ in Spain and alive in 2009. It is possible those
individuals that fled Spain during the war and the dictatorship are less likely to be in the
sample. But more importantly, it is likely those individuals who were exposed the most to
frontlines and hardship during the war and postwar did not survive until 2009. Hence, it is
possible those individuals that comprise the SHARELIFE sample today, are those who were
less exposed to hardship and frontlines. Hence, if such selection were to be true, I believe the
effects I find in this study would be understated.
Overall, this study shows how the Spanish Civil War altered the social structure by creating a
context of deprivation. This war torn context created important differentials in baselines in
education, which took on a cumulative advantage pattern that rendered consistent inequality
patterns in occupational attainment throughout the life course. This overall pattern suggests
the Spanish Civil War made the wealthy “wealthier” and the poor “poorer”.
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End Notes
1. In figure 2, the average years of education for cohort born before 1916 in the
SHARELIFE sample is particularly low. This is because of the small number of
observations for those cohorts. This presents itself as a potential limitation on
account of selection effects. Those born before 1916 are not in the sample on
account of mortality.
2. It is important to note that the average years for education for the SHARELIFE
sample are not years of education measured at age 24, they are measured at the
time of the interview –i.e. in their late life. Conversely, the Municipal Patron data
provided by Carreras & Tafunel measures years of education at age 24. This can
be a problem in terms of comparability, however; despite this issue, the both
sources of data reveal a similar pattern.
3. The increasing weight of objective economic difficulties is not the only element
that may precipitate a premature entry into the labor market. Previous studies
show that during prolonged periods of economic hardships, life long goals and
career expectations lose weight when it comes to life planning and decision
making (Elder 1974). The importance of “making ends meet” heavily conditions
individual’s decision making. Objective economic difficulties are accompanied by
negative subjective perceptions on the returns of pursuing a career and investing
in full-time education. These reasons may also precipitate the entry into the
labor market. However, the possibilities SHARELIFE renders for testing
subjective perceptions is very limited. For this reason, the study will focus only
on objective economic deprivation.
4. The target population of SHARE includes respondents from 19 European countries

(and Israel) that are at least 50 years old at the moment the interview was taken, and
speak the official language of the country the interview is taking place in. It’s
important to mention this includes individuals living in institutions for elderly, but not
those in prisons and similar institutions.
5. INE refers to the “Instituto Nacional de Estadistica” or Spanish National Statistics
Institute. It is a Spanish agency in charge of carrying out the census, alongside several
other publicly funded studies. The IMSERSO is a Spanish agency in charge of
elaborating and funding social services programs towards the elderly.
6. It is important to note that Islas Baleares and Islas Canarias are not shaded in any of

Thomas’ (1961) maps. However, a close look at the maps of Villa and Baraja (2007)
show that these territories were conquered during 1936.
7. This job classification is coded according to the International Standard Classification
of Occupations 88 (ISCO-88) coding scheme. This coding scheme classifies jobs into
occupational groups according to the similarity in the skill level and the skill
specialization of the tasks and duties performed. The skill level concept used for
ISCO-88 is defined as a function of the complexity and range of the tasks and duties
involved. It uses the educational categories and levels of the International Standard
Classification of Education adopted in 1976 (ISCED-76) as an approximation to the
skill level of jobs. On the other hand, the skill specialization reflects: type of
knowledge applied, tools and equipment used, materials worked on, or with, and the
nature of the goods and services produced (Greenwood 2004).
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8. Other hardship variables have been accounted for in sensitivity analysis. However, given
the extreme small proportion of people claiming to have gone through any other
hardship, I have decided to not include them in the final analysis.
9. I initially estimated a Poisson regression model that can be seen in table X of the
appendix. However, due to a significant test for over-dispersion I have chosen negative
binomial regression estimates for they are considered to be a more accurate estimation
(Long and Freese 2005). I have modeled ordinary least squares regression estimates as
well. Both the Poisson and the OLS provide similar results to the negative binomial
model.
10. This specification did not pass the proportional odds assumption tests. The

literature says it is common amongst researchers to overlook this assumption
(Long 1997). However, I have estimated partial proportional odds models which
allow to relax the assumption for some of the variables. I provide these models in
tables 6 A and 6 B of the appendix. The results I obtain are very similar,
indicating the robustness of the findings regardless of the breach of the
proportional odds assumption.
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Appendix
Additional Tables and Figures

Figure 1 A. GDP per capita for Spain (1920 - 1946)
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Source: Maddison 2011.
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A. Correlation matrix for variables of interest.
Occupation Occupation Urban
age 25
age 45
at age
25
n age 25
1.00
n age 45
0.70
1.00
25
0.20
0.16
1.00

45
15
ducation

0.18
0.22
0.46
-0.18
0.47
0.39

0.14
0.18
0.44
-0.16
0.45
0.34

0.70
0.73
0.30
-0.13
0.36
0.32

Urban
at age
45

1.00
0.60
0.23
0.00
0.31
0.24

Urban
at age
15

1.00
0.30
-0.06
0.32
0.37

Years of
education

1.00
-0.34
0.45
0.49

Frontline

1.00
-0.09
-0.26

Books

1.00
0.51

Wealth

1.00

Table 2 A. Poisson regression estimates for years of education (Incidence Rate Ratios)
(1)
Ages 15 + (born <=1921)

1.033
(0.15)

Ages 10-14 (born 1922 - 1926)

1.02
(0.15)

Ages 5-9 (born 1927- 1931)

1.13
(0.12)

Urban at age 15

1.114*
(0.05)

Books

1.300***
(0.05)

Wealth

1.248***
(0.06)

Frontline

0.839***
(0.03)

Hunger

0.517*
(0.17)

Notes: Standard Errors in Parenthesis; Incidence Rate Ratios; N(312); Reference group “Ages
0-4”
p<0.1, * p<0.05, ** p<0.01, *** p<0.001

Table 3 A. Over-dispersion tests for Poisson regression estimates
Deviance goodness-of-fit

=

6247678

Prob > chi2(303)

=

0

Pearson goodness-of-fit

=

5455581

Prob > chi2(303)

=

0
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Table 4 A. Ordered logistic estimates for occupation at age 25 – recoded (Odds
Ratios)
(1)
(2)
(3)
(4)
Ages 15 + (born <=1921)

Ages 10-14 (born 1922 - 1926)

Ages 5-9 (born 1927- 1931)

Urban at age 15

Frontline

0.639

0.656

0.899

0.845

(0.31)

(0.33)

(0.44)

(0.42)

1.19

1.238

1.381

1.346

(0.39)

(0.41)

(0.49)

(0.47)

1.022

1.055

1.135

1.034

(0.27)

(0.28)

(0.31)

(0.29)

1.087

1.117

0.834

0.816

(0.10)

(0.11)

(0.09)

(0.09)

0.834*

0.825*

0.871

(0.07)

(0.07)

(0.08)

0.857

0.962

1.306

(0.49)

(0.53)

(0.69)

1.611**

1.371

(0.27)

(0.23)

1.921***

1.690**

(0.34)

(0.31)

Hunger

Wealth

Books

Years of Education

1.123**
(0.04)

Notes: Standard Errors in Parenthesis; Incidence Rate Ratios; N(312)
p<0.1, * p<0.05, ** p<0.01, *** p<0.001
Occupation scale: 1. Low, 2.Mid, 3.High
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Table 5 A. Partial proportional odds estimates for occupation at age 25 (Odds ratios)
1_Low
Ages 15 + (born <=1921)

(1)
0.499
(0.236)

(2)
0.506
(0.248)

(3)
0.651
(0.309)

(4)
0.628
(0.304)

Ages 10-14 (born 1922 - 1926)

0.796
(0.275)

0.8
(0.270)

0.916
(0.313)

0.906
(0.300)

Ages 5-9 (born 1927- 1931)

1.409
(0.370)

1.455
(0.383)

1.58
(0.434)

1.529
(0.424)

Urban at age 15

1.079
(0.097)

1.1
(0.100)

0.896
(0.094)

0.889
(0.094)

Frontline

0.829*
(0.070)

0.801*
(0.071)

0.832*
(0.076)

Hunger

0.598
(0.361)

0.589
(0.349)

0.759
(0.458)

2.057***
(0.365)

1.821***
(0.322)

1.515*
(0.246)

1.349
(0.218)

Books

Wealth

Years of education
(1)

(2)

(3)

1.096**
(0.037)
(4)

Ages 15 + (born <=1921)

0.499
(0.236)

0.506
(0.248)

0.651
(0.309)

0.628
(0.304)

Ages 10-14 (born 1922 - 1926)

0.796
(0.275)

0.8
(0.270)

0.916
(0.313)

0.906
(0.300)

Ages 5-9 (born 1927- 1931)

1.409
(0.370)

1.455
(0.383)

1.58
(0.434)

1.529
(0.424)

1.478***
(0.154)

1.535***
(0.166)

1.222
(0.162)

1.21
(0.153)

Frontline

0.829*
(0.070)

0.801*
(0.071)

0.832*
(0.076)

Hunger

2.24
(1.195)

2.482
(1.279)

3.246
(1.688)

2.057***
(0.365)

1.821***
(0.322)

1.515*
(0.246)

1.349
(0.218)

2_Mid

Urban at age 15

Books

Wealth

Years of education

1.096**
(0.037)

Notes: Standard Errors in Parenthesis; Odds Ratios; N(312)
p<0.1, * p<0.05, ** p<0.01, *** p<0.001
Occupation scale: 1. Low, 2.Mid, 3.High
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Table 6 A. Partial proportional odds estimates for occupation at age 45 (Odds ratios)
Low
(1)
(2)
(3)
(4)
Ages 15 + (born <=1921)

Ages 10-14 (born 1922 - 1926)

Ages 5-9 (born 1927- 1931)

Urban at age 15

(5)

0.499

0.506

0.651

0.628

0.613

(0.236)

(0.248)

(0.309)

(0.304)

(0.262)

0.796

0.8

0.916

0.906

0.669

(0.275)

(0.270)

(0.313)

(0.300)

(0.281)

1.409

1.455

1.58

1.529

1.661

(0.370)

(0.383)

(0.434)

(0.424)

(0.554)

1.079

1.1

0.896

0.889

1.045

(0.097)

(0.100)

(0.094)

(0.094)

(0.138)

0.829*

0.801*

0.832*

0.909

(0.070)

(0.071)

(0.076)

(0.101)

0.598

0.589

0.759

0.616

(0.361)

(0.349)

(0.458)

(0.404)

2.057***

1.821***

1.629**

(0.365)

(0.322)

(0.307)

1.515*

1.349

1.245

(0.246)

(0.218)

(0.187)

1.096**

1.048

(0.037)

(0.035)

Frontline

Hunger

Books

Wealth

Years of education

29.32***
(11.610)
Notes: Standard Errors in Parenthesis; Odds Ratios; N(312)
p<0.1, * p<0.05, ** p<0.01, *** p<0.001
Occupation scale: 1. Low, 2.Mid, 3.High
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Table 6B. Partial proportional odds estimates for occupation at age 45 (Odds ratios)
2. Mid
(1)
(2)
(3)
(4)
Ages 15 + (born <=1921)

Ages 10-14 (born 1922 - 1926)

Ages 5-9 (born 1927- 1931)

Urban at age 15

(5)

0.499

0.506

0.651

0.628

0.613

(0.236)

(0.248)

(0.309)

(0.304)

(0.262)

0.796

0.8

0.916

0.906

0.669

(0.275)

(0.270)

(0.313)

(0.300)

(0.281)

1.409

1.455

1.58

1.529

1.661

(0.370)

(0.383)

(0.434)

(0.424)

(0.554)

1.478***

1.535***

1.222

1.21

1.045

(0.154)

(0.166)

(0.162)

(0.153)

(0.138)

0.829*

0.801*

0.832*

0.909

(0.070)

(0.071)

(0.076)

(0.101)

2.24

2.482

3.246

4.683

(1.195)

(1.279)

(1.688)

(2.865)

2.057***

1.821***

1.629**

(0.365)

(0.322)

(0.307)

1.515*

1.349

1.245

(0.246)

(0.218)

(0.187)

1.096**

1.048

(0.037)

(0.035)

Frontline

Hunger

Books

Wealth

Years of education

7.421***
(3.141)
Notes: Standard Errors in Parenthesis; Odds Ratios; N(312)
p<0.1, * p<0.05, ** p<0.01, *** p<0.001
Occupation scale: 1. Low, 2.Mid, 3.High

36

Residence Coding and Frontline Exposure.
Time interval of the residences
Determining time intervals of residences begins with the dummy variable AC004
RESIDENCE WHEN BORN, which asks “I'd like to ask you about the residence you lived in
when you were born. Did you live there for more than six months?” If the respondent
answers “Yes”, the following question will be AC006 –which will be addressed further in the
appendix. If the respondent answers “No”, it leads him/her to the dummy variable AC005
SHORT TERM LIVING “Did you move straight into your next residence and stay there for
6 months or more?“ Regardless of whether the respondent answers “Yes” or “No”, the
following question is Ac006.
Once the first long-term residence is captured in the survey, the respondent is asked question
AC006 “When did you start living in [the first/the next] residence that you lived in for six
months or more?” This provides us with the year in which the respondent began to live at this
residence. Additionally, question AC021 STOPPED LIVING AT RESIDENCE asks “In
which year did you stop living in this residence ([{name of residence}], which you [lived in
when you were born/started living at in FL_livingin])?” Consequently, variable AC021
provides the end date for the respondent’s residence. Hence, the combination of these
variables –AC006 and AC021- allows determining the different time intervals of the
residences the respondent lived in. Figure 1 provides a concise flow chart on the variable
patterns:
Figure 1. Flow-chart of time interval for residences in SHARELIFE
AC004 RESIDENCE WHEN BORN
Did you live there for more than six months?

If#"Yes"

AC006 START LIVING AT RESIDENCE
When did you start living in [the first/the next] residence
that you lived in for six months or more?

If#"No"

AC005 SHORT TERM LIVING
Did you move straight into your next residence
and stay there for 6 months or more?

"Yes/No"

AC021 STOPPED LIVING AT RESIDENCE
In*which*year*did*you*stop*living*in*this*residence*([{name*of*
residence}],*which*you*[lived*in*when*you*were*born/started*living*
at*in*FL_livingin])?

Locations of the residences
In order to establish where the respondent’s different residences were located, the
SHARELIFE survey begins with question AC013 WAS RESIDENCE IN CURRENT
COUNTRY. This question asks “Was this residence within the current boundaries of the
[current country the survey is taking place in]?”. If the respondent answered “No”, he is
asked to provide the country –considering current boundaries- in which this residence was
located with question AC014 COUNTRY OF RESIDENCE (NOT CURRENT). Once the
respondent provides the country in which the respondent’s residence is established,
SHARELIFE continues with question AC015 REGION OF RESIDENCE (NOT
CURRENT). This question asks “In what region was this residence in?”. Figure 2 provides a
concise flow chart of the variable patterns:
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Figure 2. Flow-chart for the location of residences in SHARELIFE
AC013 WAS RESIDENCE IN CURRENT COUNTRY
“Was this residence within the current boundaries of
the [current country the survey is taking place in]?”.
If#"Yes"
If#"No"

AC015 REGION OF RESIDENCE (NOT CURRENT).
“In what region was this residence in?”.

AC014 COUNTRY OF RESIDENCE (NOT CURRENT)
"Which country, considering current boundaries, was this
residence in?"

Hence, with the combination of the variables above it is possible to track every respondent’s
residence in time and location.
Combining SHARELIFE data with military data
Using historical and military data (Thomas 2001), it is possible to determine whether a
respondent resided in a war area at a certain point in time. Such variable measures how many
years an individual resided in a region in which there was combat, ranging from no exposure
to up to 4 years of exposure. The methodology for creating this variable is explained in the
following example:
Map 1 provides an example of the historical data used to track the advances of the battles
through time. The shaded area shows the advance of the nationalists, and the thick black line
signals the frontline of every year. The arrows indicate notorious incursions of the nationalist
army into republican territory. Additionally, map 2 provides a current map of the regions of
Spain, which coincide with SHARELIFE coding. In this example I focus on the region –i.e.
autonomous community- of Catilla y Leon, which is circled in map 2. Given the
advancement of the nationalist has already overrun that region, as the shaded area in map 1
shows, I have assigned those respondents who lived in Castilla y Leon during 1936 one year
of Combat exposure.
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Map1. Spanish Civil War Frontline in August 1936

Map2. Current map of Spain
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